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Abstract 
This mini-track focuses on the paradigm of machines as 
teammates and artificial collaborators with humans. 
Understanding such technological developments is 
essential to anticipate their implications for 
individuals, teams, organizations, and society.  In this 
eighth iteration at the Conference on System Sciences 
(HICSS), nine papers were selected that investigate 
various phenomena, such as trust, creativity, adoption 
resistance as well as design implications for such 
intelligent, autonomous systems.   
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1. Introduction  

 As generative AI (GAI) technologies, such as 
ChatGPT, become integral to human task completion, 
the dynamics of human-AI collaboration raise new 
questions about how these systems should be designed 
to optimize user trust, drive creativity, boost 
productivity, or foster adoption (La Scala et al., 2025; 
Schwabe et al., 2025).  

As machine learning (ML) models are 
increasingly integrated into work settings, 
understanding how humans interact with these 
systems, particularly in terms of trust and 
transparency, is crucial for optimizing outcomes. One 
key challenge is the "black box" nature of many ML 
models, which often do not clearly communicate their 
reasoning or confidence in decisions. Recent 
advancements, such as calibrated classification 
models (CCMs), aim to address this issue by providing 
confidence estimates for their outputs, helping users 
gauge the reliability of the system in real-time (Harris 
et al., 2025). 

As AI continues to evolve, these technologies 
have become increasingly capable of acting as 

autonomous team members, allowing embodied AI the 
capability to collaborate with humans in various tasks 
(Liang et al., 2025; e.g., Zheng et al., 2025). Human-
AI collaboration introduces new dynamics into 
traditional teamwork, and trust becomes a critical 
factor in determining the success of such partnerships 
(Cheng et al., 2025; Ju et al., 2025; Oberhofer, 2025). 
If demands towards human-AI collaborations remain 
unmet, resistance towards AI teammates rises leading 
to the discontinuance of those technologies and 
potentially forgone opportunities to utilize machine 
teammates as meaningful collaborators (Wells et al., 
2025).  

This mini-track’s mission is to enable the 
dissemination of original research that can help 
advance the understanding of human-AI collaboration 
with intelligent systems.  This allows us to anticipate 
better the consequences that collaboration with 
intelligent teammates has on individuals, 
organizations, and society. 

2. Mini-track Papers 

This year we received many promising papers 
from which nine are featured in our mini-track: 
 

This study “Investigating the Effects of 
Classification Model Error Type on Trust-relevant” 
investigates how different types of errors made by 
CCMs—specifically, whether errors occur within or 
outside the model’s trained categories—impact users' 
trust and task performance. By exploring the nuances 
of how users respond to varying confidence levels and 
error types, this research offers insights into how 
machine learning models can better support human 
decision-making. 
 

This systematic literature review “Artificial 
trailblazing: How Human-AI Collaboration 

Proceedings of the 58th Hawaii International Conference on System Sciences | 2025

Page 299
URI: https://hdl.handle.net/10125/108872
978-0-9981331-8-8
(CC BY-NC-ND 4.0)



Transforms Organizational Innovation Practices” 
suggests a framework that synthesizes research to 
understand how human-AI collaboration augments 
innovation practice or allows for new innovation 
practice to emerge along four innovation phases.    
 

The paper, “I Trust You So You are Part of Our 
Team: The Influence of Group Trust and Trust in 
Social Robots on In-Group Perception” shows how 
trust within a human group and trust in a social robot 
influence the robot’s perception as an in-group team 
member. The findings suggest that fostering group 
trust can indirectly facilitate the integration of social 
robots into human teams by influencing the affective 
processes underlying in-group perception. 
 

The study “Resistance to Generative AI: 
Investigating the Drivers of Non-Use” finds that, 
amongst others, fear of reduced creativity, mitigated 
human connection, and reduced output quality are 
reasons why users choose to discontinue using 
generative AI. 
 

The study “Fostering Innovation with Generative 
AI: A Study on Human-AI Collaborative Ideation and 
User Anonymity” explores the differences between 
human-human and human-AI teams during idea 
generation and idea evaluation. Findings indicate that 
AI-generated ideas are more novel than ideas 
generated by humans, but that idea set novelty 
between human-AI teams does not differ from idea set 
novelty in human-human teams.  
 

The study, “The Task Matters: The Effect of 
Perceived Similarity to AI on Intention to Use in 
Different Task Types,” investigated the influence of 
perceived similarity between users and AI on their 
willingness to adopt AI across creative, intellectual, 
planning, and decision-making tasks. The study 
findings provide practical implications for tailoring AI 
systems to specific task types. 
 

The findings of the study “MindMeld: 
Collaborating with AI Agents on Ad Design” show that 
human-AI teams produced more and created higher 
quality ad designs than human-human teams. 
Moreover, humans trusted their partner more and 
interacted more when collaborating with an AI 
teammate than with a human teammate.  
 

Following a DSR-methodology, the authors of 
the article “AI-ThinkLets for Brainstorming” 
investigate the design principles of an LLM-enabled 
AI teammate adopting the role of an ideator during 
facilitated brainstorming. The evaluation results show 

that human-AI teams were more productive than 
human-human teams but that AI-generated ideas were 
not considered highly relevant.  

 
The paper “Understanding the Effects of 

Expectation Disconfirmation on Trusting Intention in 
Human-AI Teams” explores how trust in human-AI 
teams develops and fluctuates when expectations of AI 
teammates are either met or unmet during 
brainstorming. The findings show that not only 
negative disconfirmation but also positive 
disconfirmation (incongruency of expectations) of 
trusting beliefs decreases trusting intention toward the 
AI teammate. 

 
3. Moving forward 

In moving forward, we believe that the new 
knowledge gained offers several contributions. 

The new evidence shows that human-AI teams 
have performance gains over human-human teams in 
the innovation context (Ju et al., 2025; Schwabe et al., 
2025), which suggests that human-AI teams are here-
to-stay. But can such performance gains be 
generalized to other work contexts as well? 

The new evidence points towards the importance 
of considering emergent team dynamics (Cheng et al., 
2025; Oberhofer, 2025), where it will become 
paramount to consider not only multiple human team 
members but also multiple AI team members (La 
Scala et al., 2025).  
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