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Abstract 
In this longitudinal action design research study, 

researchers accompanied a small service provider in 
the hospitality sector navigating AI-driven transfor-
mation. Over five distinct phases, the company progres-
sively integrated AI tools – from sentiment analysis to 
generative language models – into its core processes, 
reshaping workflows and its business model. Drawing 
on the framework of dynamic capabilities, the study il-
lustrates how the organization’s abilities to transform 
its business model enabled it to apply new technology 
while maintaining service quality. The paper abstracts 
the insights into five design principles for implementing 
GenAI in customer feedback management, emphasizing 
hybrid human-AI collaboration, robust quality control, 
and modular service structures. 
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1. Introduction  

Service companies are increasingly exploring the 
use of Generative Artificial Intelligence (GenAI) to en-
hance productivity and customer interaction (Davenport 
et al., 2024). The rise of natural language processing 
(NLP) technologies and later GenAI seems to offer the 
potential for changing from human authoring to auto-
matic authoring of text. But how can those service pro-
viders transform their business models to take advantage 
of such capabilities? How can they sense problems and 
opportunities the technologies present? How can they 
adapt the technologies to their needs while maintaining 
the quality of their services? We asked ourselves these 
questions when we accompanied GuestVoice during a 
five-year journey of transformation in an Action Design 
Research (ADR) project.  

GuestVoice manages its clients’ online customer 
feedback, a task that presents considerable challenges, 
particularly for small and medium-sized firms. These 
enterprises frequently lack the resources and knowledge 
to deal with the growing volume and complexity of 
online reviews, which can result in lost opportunities to 

improve customer satisfaction and loyalty. Therefore, 
they seek help from customer feedback management 
(CFM) providers such as GuestVoice, seeking to main-
tain a positive online reputation. CFM providers facili-
tate the collection, analysis, and response to customer 
reviews on platforms including TripAdvisor, Yelp, 
Google Maps, and social media (Katsiuba et al., 2022). 
CFM providers only handle tracking and responding to 
customer feedback: it is up to clients to use the feedback 
to guide improvements in service.  

Our research provides a rare longitudinal perspec-
tive, offering insights into how the design of NLP tech-
nologies has reshaped GuestVoice’s operations, 
decision-making processes, and, as a result, its overall 
business model. Through engagement with various 
stakeholders, managers, response authors, and clients, 
we capture how language technologies transitioned 
from a supportive tool to a core strategic asset in the 
company’s offerings. GuestVoice’s transformation un-
folded across five distinct phases, progressing from a 
purely human-driven workflow to a hybrid assisted sys-
tem and ultimately to a differentiated GenAI-human tri-
age model. These developments highlight how GenAI 
integration can be not merely a technological upgrade 
but a driver for a fundamental shift in business logic.  

A key factor in this evolution was the company’s 
capacity to recombine GenAI-driven tools (e.g., senti-
ment analysis, difficulty scoring, and automated re-
sponse generation) to unlock new business 
opportunities. These findings contribute to a broader un-
derstanding of how to reshape business models with 
GenAI, demonstrating that successful GenAI integra-
tion is not merely about efficiency gains but about the 
reconfiguration of value creation, service delivery, and 
competitive differentiation. This research also responds 
to the amounting number of studies indicating wide-
spread failures to organizational implementation of AI 
projects (Cooper, 2024; Dolata et al., 2022; Dolata & 
Crowston, 2023; Westenberger et al., 2022) by suggest-
ing that establishing dynamic capabilities might be a 
central success factor.   

We abstract insights from the case into a set of so-
cio-technical design principles (Gregor et al., 2020) to 
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inform the application of GenAI tools. Those principles 
can guide service providers who use GenAI tools in 
online marketing, starting with specifics of content gen-
eration (Indicator and Profile-Driven Generation), work 
organization (Dual-Use Analytics, Quality Criteria), co-
ordination with clients (Accountability and Control), up 
to creation of a service offering (Modular Business 
Model). Given the growing role for online marketing 
and, specifically, CFM, companies (and others) can ben-
efit from insightful and actionable guidance.  

2. Related Work 

2.1 Innovating with AI and GenAI 

A key aspect of an action design research study is 
the application of theory to make sense of the actions 
and situation of the organizational partner. In our study, 
understanding how firms adapt to technological innova-
tion, especially in the context of disruptive advances 
such as GenAI, required a framework that considers 
both the recognition of opportunities and organizational 
change over time. The concept of dynamic capabilities 
(Teece, 2007) offers such a lens. Dynamic capabilities 
refer to an organization’s ability to sense new opportu-
nities, seize them through strategic action, and transform 
internal structures to sustain competitiveness in chang-
ing environments. In the context of emerging technolo-
gies like AI, these capabilities are particularly critical: 
organizations must not only recognize the potential of 
new tools but also reconfigure resources, routines, and 
relationships to leverage them effectively. While dy-
namic capabilities are widely cited in digital innovation 
research (Ellström et al., 2021; Mele et al., 2023), em-
pirical illustrations of how they unfold over time, espe-
cially in longitudinal GenAI cases, remain scarce 
(Jorzik et al., 2024; Truong & Papagiannidis, 2022). 

Another facilitator of business model innovation is 
the notion of modularity (Voss & Hsuan, 2009). Modu-
larization means bundling strongly-coupled components 
into modules and linking the resulting loosely-con-
nected modules via well-defined interfaces. Modulari-
zation of a service process facilitates innovation by 
allowing experimentation with one component while in-
sulating the others from the changes. Modularity also 
supports customization of services by assembling a set 
of modules appropriate for a particular customer.  

There has been ample research on how AI enables 
new business models (Jorzik et al., 2024; Truong & 
Papagiannidis, 2022). Currently, the ongoing shift to 
GenAI enables the automation of creative and commu-
nicative processes, opening up new strategic possibili-
ties for business model innovation (Kanbach et al., 
2024). GenAI can transform how organizations create 
and deliver value, often resulting in the development of 

AI-centric business models in which AI becomes the 
core of the value proposition, rather than merely a sup-
porting tool. However, use of GenAI raises new chal-
lenges, such as quality control, brand coherence, thus 
requiring hybrid approaches that combine AI capabili-
ties with human oversight to check that the provided re-
sponse is appropriate (Crowston & Bolici, 2025). 
Further, to mitigate the risks of the use of AI systems it 
is necessary to align control and accountability, that is, 
determining who is accountability for a system’s out-
comes, and ensuring that that person can steer the out-
puts appropriately. These decisions are critical as 
“control enables and accountability motivates stake-
holders to achieve desired and avoid undesired out-
comes using AI” (Grote et al., 2024). 

At present, knowledge of GenAI-enabled business 
model innovation is still scarce. Thus, the case of 
GuestVoice is particularly interesting, as it covers a 
longer period than GenAI existed and is rooted in prior 
language technologies. 

2.2 GenAI in Customer Feedback Management 

CFM plays a vital role in shaping customer satis-
faction and brand perception, particularly in service-ori-
ented sectors like hospitality (Lui et al., 2018; Zhao et 
al., 2020). Previous studies revealed the benefits of ear-
lier-stage NLP in enhancing the efficiency, consistency, 
and personalization of responses (Katsiuba et al., 2023). 
It can assist in identifying the key aspects of a review 
and generating grammatically correct text, but human 
oversight remained essential for ensuring that responses 
align with brand tone, address guest concerns appropri-
ately, and avoid reputational risk. The rapid emergence 
of GenAI raised expectations and concerns regarding its 
ability to automate and disrupt existing business pro-
cesses. While some predict an abrupt shift toward full 
automation, others see the need for incremental adapta-
tion and strategic integration (Dumas et al., 2023). A 
longitudinal view on how those adaptations happen is 
lacking so far.  

3. Research Context: The ReplAI Project  

The study examines GuestVoice, a Swiss CFM pro-
vider founded in 2017. Specializing in hospitality busi-
nesses, particularly multi-location restaurants and 
hotels, GuestVoice helps clients collect, analyze, and re-
spond to online reviews to improve their reputation and 
customer satisfaction. A well-crafted response not only 
addresses customer concerns but also enhances the es-
tablishment’s reputation and engagement.  

Initially, the company relied solely on professional 
human authors to craft personalized responses. As AI 
technology evolved, new possibilities for automating 
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aspects of this process emerged. GuestVoice was con-
fronted with critical decisions about how to integrate au-
tomation into its workflow without compromising 
service quality. In response, the company launched the 
ReplAI project (2020–2022), aimed at exploring AI-
assisted response generation. Supported by Swiss Inno-
vation Agency Innosuisse the project brought together a 
multidisciplinary team: alongside GuestVoice, it in-
cluded two academic partners with expertise in compu-
tational linguistics (CL) and Information Systems (IS), 
as well as a dedicated IT development company. The 
project was structured around several development 
phases during which a suite of tools was designed, 
tested, and gradually integrated into GuestVoice’s core 
business processes. Although the project initially fo-
cused on enhancing human authorship, the iterative de-
velopment and organizational learning contributed to 
fundamental shifts in the company’s operations and 
business model.  

4. Methodology 

In this study, three of the four authors accompanied 
GuestVoice over six years offering a longitudinal view 
of how the technology infrastructure, business processes 
and business model of GuestVoice evolved through the 
integration of AI technologies. From 2020-2023 we em-
ployed Action Design Research (Sein et al., 2011). The 
University’s computer linguistic group built the NLP 
system, while the authors developed the tools and col-
laborated with GuestVoice on organizational develop-
ment. After January 2023, the company continued on its 
own and we studied their development applying princi-
ples of design archeology (Chandra Kruse et al., 2019) 
for the artefact knowledge and case study research (Yin, 
2009) for the organizational knowledge.  

The focus of this paper is on the transformation of 
both business processes and the business model, high-
lighting how technological developments and manage-
rial decisions intersect over time. In contrast to the 
approach of Sein et al. (2011), we derived design prin-
ciples – the theory engrained in the artefact – from em-
pirical data (Gregor & Hevner, 2013). In doing so, we 
used dynamic capability theory (Teece, 2007) as a lens 
to make sense of GuestVoice's activities (..). By adopt-
ing a long-term perspective, we capture not only the 
emergence and implementation of new technological 
capabilities but also their gradual adaptation, organiza-
tional embedding, and cumulative impact on value cre-
ation. 

The ReplAI project followed an iterative cycle of 
design, implementation, evaluation, and refinement of 
AI-supported tools in a real-world setting. Across five 
iterations, the project began by identifying practical 
challenges in CFM, developed AI-enhanced solutions, 

and evaluated their impact through stakeholder engage-
ment. Finally, it refined the solutions based on empirical 
insights. These evaluations guided refinements and ulti-
mately informed broader design principles for integrat-
ing GenAI into CFM. Each iteration aimed to ensure 
both theoretical grounding and practical relevance.  

Consistent with ADR, each cycle included problem 
formulation, artifact building, intervention and evalua-
tion, reflection, and formalized learning (leading to pub-
lications). The GuestVoice CEO led the articulation of 
business problems and participated in shaping the busi-
ness model, strategy, and processes. Information sys-
tems (IS) researchers collected requirements from 
employees and coordinated development with computa-
tional linguists (CL), master students (in projects and 
theses), and integrated them into the platform by an IT 
development company. In the last phase, the IT com-
pany took over the role of the CL.  

Each iteration was then evaluated by the IS through 
interviews with GuestVoice staff (e.g., authors, admin-
istrators) and clients (restaurants and hotels), examining 
usability, business impact, and workflow integration. 
These interviews enabled insights into the technological 
and strategic implications of AI adoption. Each iteration 
concluded with data analysis and reflection.  

In total, 33 interviews were transcribed and ana-
lyzed following Saldana’s (2021) coding methodology. 
We applied a two-stage coding process: Initial coding 
captured emergent concepts, while subsequent cycles 
refined the codes and grouped them into broader the-
matic categories. The focus varied across phases – from 
workflow and process design in the early stages, to tool 
evaluation and usability in the middle, and human-AI 
collaboration and business model transformation in later 
phases. Interviews were complemented by analysis of 
project artifacts (e.g., development notes, usage data, 
screen recordings) and field observations to build a nu-
anced understanding of organizational adaptation. 

5. Towards Customer Feedback Manage-
ment with GenAI 

5.1 Design Iterations 

GuestVoice's transformation can be divided into 
five distinct phases (see Figure 1). The Manual Re-
sponse Writing phase covers the business processes and 
business model before the ADR project. Each later 
phase contains a design iteration with technological ad-
vancements or corresponding business model adapta-
tions. These phases illustrate the gradual yet profound 
changes that language technologies brought to the com-
pany’s workflow, pricing structures, and strategy. 
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Phase 1: Manual Response Writing. GuestVoice ini-
tially built its value proposition around collecting, ana-
lyzing, and providing professional, human-written 
responses to online customer reviews. The company’s 
process was structured around a sequence of well-de-
fined processes to support clients in managing their 
online reputation. 

Review Collection: GuestVoice collected customer 
reviews from multiple online platforms and calculated 
an aggregated reputation score to provide clients with a 
holistic view of their online performance. 

Assignment to Authors: Managers assigned reviews 
to human authors based on predefined criteria such as 
review difficulty, author availability, language profi-
ciency, and client-specific communication guidelines. 
The difficulty of a review is assessed based on the length 
and complexity of the review text, the presence of mixed 
or contradictory sentiments, the specificity and number 
of issues raised (e.g., service complaints, facility prob-
lems, food quality remarks), the emotional tone (e.g., 
highly negative or sensitive reviews), and the clarity of 
the customer’s feedback.  

Response Drafting and Sentiment Analysis: Within 
48 hours, human authors drafted replies aligned with the 
client’s brand voice. Authors reviewed review content, 
previous guest feedback, and venue information, identi-
fying key sentiments. They performed both creative and 
analytical tasks to ensure completeness and tone. At the 
end, the authors conducted an initial quality check be-
fore submitting the response for further review. 

Quality Control and Client Approval: A second 
layer of quality control was performed by administra-
tors, who reviewed responses for compliance with client 
guidelines and provided feedback if necessary. Once a 
response met GuestVoice’s quality standards, it was for-
warded to the client. Clients retained full control, ap-
proving or requesting changes before publication.  

Performance Monitoring: Clients received basic 
analytics and sentiment summaries to help improve ser-
vices and communication strategies. 

A defining feature of this service was that the final 
responsibility for publishing responses always remained 
with the client. Clients retained full control over their 
communication strategy, deciding whether to use, edit, 
or reject the drafted responses. This approach allowed 
businesses to benefit from professional support while 
ensuring their brand voice and customer interaction re-
mained authentic. Specifically, this prevented overly ge-
neric answers from being published and assured that 
profile-specific information and information that identi-
fies the client remains up-to-date: at latest when control-
ling an answer, the client would notice the necessity to 
review the information with GuestVoice. 

GuestVoice’s business model was built on a hybrid 
pricing structure, combining a subscription-based model 
with a pay-per-response system. Clients subscribed to 
GuestVoice’s services for access to review management 
tools, analytics, and support in crafting responses. In ad-
dition, they were charged per response, ensuring a scal-
able and flexible approach tailored to their individual 
needs. A key differentiator in the market was the high 
quality and individualization of responses, crafted man-
ually by professional authors.  

At this stage, technology played a minimal role, pri-
marily supporting workflow, review assignments, and 
communication between clients and writers. Yet, it set 
the stage for future AI-driven innovations that would 
later transform both the process and the business model. 

Phase 2: Assisted Responses. The early stages of the 
ReplAI project were shaped by a forward-looking lead-
ership team and a flat, tech-friendly organizational cul-
ture at GuestVoice. This openness to experimentation 
enabled quick strategic decisions, including a collabora-
tion with academic and technical partners through an ex-
ternally funded project. These conditions fostered the 

 
Figure 1. GuestVoice’s transformation journey, incl. core developments and characteristics of each phase 

Human 
Responses 

(2017-2020)

• Completely human effort 
- Reviews are analyzed 
and handled by human 
contributors.

• Resource intensive -
Limited scalability due to 
high labor demand

• High Customization -
Responses are tailored to 
the brand

Assisted 
Responses 

(2020-2022)

• Initial AI Assistance – AI 
aids in analyzing 
reviews: sentiment 
analysis, content 
analysis, difficulty score, 
quality score, quality 
checker

• Efficiency Gains –
Support of human 
authors through 
contextual insights: 
platform redesign, 
prioritization of 
information

Drafted 
Responses

(Jun. 2022- Jan. 2023)

• AI Writing Support – AI 
aids in drafting responses

• Dedicated Language 
Model – developed in
ReplAI Project for 
Response generaion

• Efficiency Gains –
Combination of human 
and AI-supported 
responses

• Smart Assigner -
intelligent review 
assigner

Automated 
Responses

(2023-2024)

• Advanced AI Models –
Integrated OpenAI and 
Llama for improved 
responses

• New Analytics – Added 
sentiment analysis and 
quality ratings for 
consistency

• Options for human or AI-
generated responses

Beyond 
Responses

(2024-now)

• Triage System – Options 
for human, template-
based, or AI-generated 
responses

• Intelligent reporting on 
published reviews and 
online image.
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company’s dynamic capabilities, particularly its ability 
to sense and operationalize emerging technologies. 

In the first phase of the ReplAI project, the focus 
shifted towards enhancing human authors’ efficiency 
and response quality through AI-driven support tools. 
Rather than replacing human expertise, NLP-based 
tools streamlined workflows, optimized decision-mak-
ing, and improved consistency in response writing: 

Sentiment and Content Analysis: A tool automati-
cally extracted relevant aspects from reviews that 
needed to be addressed (e.g., food, service), using clas-
sifiers custom trained on annotated data. 

Venue Information Integration: This tool catego-
rized and structured relevant venue details (e.g., food of-
ferings, ambiance, service quality) and provided 
contextualized recommendations to authors for infor-
mation to include in the response. This component re-
used the sentiment analysis results to prioritize venue 
information: only aspects mentioned in the review were 
provided. This adaptation significantly improved focus 
and usability in the front-end interface. 

Difficulty Score: This tool was not initially planned 
but emerged organically from internal discussions and 
newly available data. Managers frequently questioned 
whether a review was “difficult” to respond to. By com-
bining the output from the sentiment and content analy-
sis engine with metadata such as review length, rating, 
language, platform, and venue type, GuestVoice was 
able to quantify review difficulty on a 1-to-3 scale. Orig-
inally designed to support administrators in task alloca-
tion, the score later became a valuable tool for guiding 
author assignments and performance monitoring. 

Quality Score and Quality Checker: To improve re-
sponse quality and provide immediate feedback to au-
thors, a Quality Checker tool assessed draft responses 
based on criteria established with GuestVoice adminis-
trators. The quality score – ranging from 0 to 100 – was 
calculated based on five main categories (grammar, lan-
guage, structure, content, and greetings/farewells) and 
22 sub-characteristics (e.g., punctuation errors, respon-
siveness to sentiment, clarity). The authors received a 
summary evaluation with detailed feedback on areas for 
improvement. A minimum score of 85 was set for fin-
ished responses to ensure high quality. This nudged the 
authors to consider important criteria when editing an 
answer and turned the intuition of what a good response 
is into a quantifiable measure. While subtle aspects 
stayed subject to authors’ creativity, major criteria were 
explicitly and transparently presented to them thanks to 
the rule-based rather than model-based approach.  

While the business model remained unchanged (cli-
ents still paid per response and approved each draft), AI 
tools significantly streamlined internal workflows. This 
phase highlighted AI’s role as a supportive technology 
that enhanced human performance without undermining 

service quality or personalization. It also laid the foun-
dation for more advanced automation in later phases. 

Phase 3: Drafted Responses. In this phase, GuestVoice 
expanded its use of AI by introducing automated re-
sponse drafting, aiming to reduce manual workload. In 
June 2022, a customized response generator was devel-
oped, following sequence-to-sequence learning princi-
ples (Kew et al., 2020; Sutskever et al., 2014). The 
model was based on mBART (Lewis et al., 2020; Liu et 
al., 2020) and trained on 22,464 high-quality, human-
vetted responses from professional writers, ensuring 
alignment with GuestVoice’s standards and client ex-
pectations. To make the resulting Dedicated Language 
model (DLM) more context-aware, structured metadata, 
such as star ratings, business type, and venue name, was 
prepended as special tokens to the input text. 

Despite efforts to fine-tune the model, its practical 
success was limited. While it was able to generate gram-
matically coherent responses, several key challenges 
emerged, particularly hallucinations, i.e., instances 
where the model invented or incorrectly stated infor-
mation. For example, it sometimes confused different 
service offerings or incorrectly referred to aspects ab-
sent from the original review. These hallucinations pri-
marily stemmed from two limitations: First, the model 
was trained on a relatively small and specialized dataset, 
which restricted its exposure to the full variety of real-
world customer feedback scenarios. Second, the model 
had limited access to contextual metadata during gener-
ation. In cases where a business operated multiple loca-
tions, the model often confused attributes between 
venues, leading to factual inconsistencies. As a result, 
while syntactically polished, the generated outputs 
sometimes lacked the necessary factual grounding and 
contextual precision required for high-quality review re-
sponses. To mitigate these issues, professional authors 
reviewed and refined AI-generated drafts to correct er-
rors, improve fluency, and ensure alignment with the 
client’s communication strategy. GuestVoice employees 
were encouraged to use AI-generated drafts as a starting 
point rather than a final output. 

A key enhancement in this phase was the imple-
mentation of Smart Assigner, an AI-powered system de-
signed to optimize the review assignment process. By 
reusing the Difficulty Score, Smart Assigner exempli-
fies another case of combinatorial innovation. The tool 
leveraged multiple data inputs (including review diffi-
culty, author availability, language skills, and prior ex-
perience) to recommend author assignments. While 
administrators retained final decision-making authority, 
Smart Assigner reduced the manual burden and en-
hanced efficiency. 

The reuse of the Difficulty Score extended beyond 
assignment optimization. Over time, GuestVoice began 

Page 5308



using the difficulty data to track and evaluate author ex-
perience levels, enabling a more informed, long-term 
understanding of how individual authors developed 
their skills. By quantifying which types of reviews an 
author handled over time, GuestVoice could monitor 
performance and build tailored development paths, fur-
ther underscoring how a single internal tool evolved into 
a versatile, multi-use resource. 

While this phase introduced substantial process in-
novation, the business model remained unchanged. Cli-
ents still paid per response, and human oversight 
continued to play a central role in quality assurance. Fi-
nal responsibility for approving and publishing re-
sponses remained with clients. Overall, this phase 
marked a shift: the DLM showed what automation could 
achieve, and what it couldn’t, setting the stage for a tran-
sition to more powerful LLM-based tools. 

Phase 4: Automated Response. The emergence of 
GenAI LLMs marked a turning point in GuestVoice’s 
transformation. The public release of ChatGPT in late 
2022 brought widespread awareness of AI’s capabilities 
but also introduced new challenges, particularly as cli-
ents began exploring free tools themselves. As CEO of 
GuestVoice reflected: “ChatGPT changed everything, 
as it brought widespread recognition to the power of AI 
while also introducing new challenges due to increased 
competition from free AI tools.” (Interview, CEO, 2024) 

In response, GuestVoice broadened its technologi-
cal foundation, integrating multiple AI models to en-
hance flexibility, quality, and performance. OpenAI’s 
GPT models were used for highly personalized, linguis-
tically rich responses, while Meta’s Llama models han-
dled more standardized texts efficiently. This modular 
approach allowed GuestVoice to tailor its AI strategy 
based on review complexity, client preferences, and 
computational cost. As GuestVoice CEO emphasized: 
“…technology partnerships are critical for staying 
ahead in the industry.” (Interview, 2024) 

This advancement enabled a shift in the company’s 
service model. Clients could now choose between: 
• Fully human-written responses, crafted by profes-

sional writers for clients who prioritized high-
touch, personalized communication. 

• AI-generated responses, produced by LLMs, offer-
ing a faster and more cost-effective alternative, 
though they compromise quality and necessitate ad-
ditional managerial oversight, an example of an au-
tomation-augmentation paradox (Raisch & 
Krakowski, 2021).  
By openly communicating with clients about the 

role of AI in response generation, GuestVoice ensured 
trust and transparency in its evolving service offerings. 
This strategic shift empowered customers, allowing 
them to align their review response strategy with their 

budget, communication style, and service priorities. The 
ability to scale response generation through AI signifi-
cantly enhanced GuestVoice’s value proposition, ena-
bling businesses to handle large volumes of reviews 
efficiently while maintaining brand consistency. As 
GuestVoice CEO noted: “AI-generated responses allow 
us to handle large volumes without compromising qual-
ity.” (Interview, CEO, 2024) 

The introduction of AI-driven response models 
marked a decisive shift in the company’s revenue strat-
egy. While the overall payment structure – pay per pre-
formulated response – remained intact, GuestVoice in-
troduced differentiated pricing: clients paid a lower rate 
for AI-generated responses compared to fully human-
written ones. More than just a tool, AI had become a 
central driver of GuestVoice’s business model innova-
tion, laying the groundwork for further hybrid services 
and data-driven decision-making. 

Phase 5: Beyond Responses. Despite initial concerns 
that AI might replace human writers, clients continued 
to value GuestVoice’s expertise and oversight. Many 
hotels and restaurants still prefer human review to en-
sure brand consistency and nuanced communication. 

A pivotal development was the repurposing of the 
Difficulty Score. It gained external relevance when cli-
ents began using it to shape their response strategies. 
This led to the introduction of a triage-based response 
system, matching review complexity with appropriate 
levels of automation: 
• Simple reviews were handled through standardized, 

low-effort responses  
• Moderately complex reviews combined AI-

generated drafts with human refinement. 
• Highly sensitive reviews remained exclusively hu-

man-authored. 
This model replaced a one-size-fits-all service with 

tiered response options, allowing businesses to tailor 
service levels to their needs and budgets. It also in-
creased service flexibility. In addition to this triage 
model, this phase saw the emergence of intelligent re-
porting tools. GuestVoice began offering data-driven 
feedback on published reviews and overall online repu-
tation trends. These tools strengthened GuestVoice’s po-
sition as not just a content provider but a strategic 
partner in customer feedback. 

Ultimately, this phase redefined GuestVoice’s 
identity. AI was no longer simply a tool for operational 
efficiency – it became a strategic enabler, informing 
product differentiation, service customization, and cli-
ent decision-making. GuestVoice transformed from a 
traditional content service provider into a flexible, AI-
powered decision-support platform. This evolution re-
flects not only the maturity of the technology but also 
the organization’s dynamic capabilities and sustained 
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willingness to experiment, adapt, and recombine re-
sources for long-term growth. Additionally, the modular 
nature of the company’s business model allowed for the 
successive integration of various clients’ needs.  

5.2 Transitioning to GenAI 

 The GuestVoice case study offers a rare longitudi-
nal perspective on how AI integration can reshape busi-
ness processes and evolve business models over time. 
Rather than a single disruptive event, the transformation 
occurred through a series of changes, each building on 
the capabilities and lessons of the previous phase. This 
iterative process reflects a continuous interplay between 
technology, management decisions, and evolving mar-
ket needs. GuestVoice’s journey illustrates how a small 
company operating in a dynamic technological environ-
ment adapted not by reacting to external pressures but 
by proactively experimenting, learning, and gradually 
reconfiguring its resources. The case highlights a 
broader insight into GenAI integration: the most trans-
formative innovations stem not from the technology 
alone, but from how organizations choose to engage 
with and integrate it into their structures and services. 

From the beginning, GuestVoice did not pursue au-
tomation for its own sake. Their guiding question was 
not “How can we automate?” but rather “What can tech-
nology do for us?” This mindset shaped the develop-
ment and use of AI across all five phases. Technological 
tools were introduced not as endpoints, but as enablers 
– tested, iteratively improved, and recombined to create 
new forms of value. What began as support for human 
authors eventually led to new service levels, pricing 
models, and client-oriented features. 

Table 1 synthesizes GuestVoice’s development as a 
journey applying the three dynamic capabilities of Sens-
ing, Seizing, and Transforming: uncovering problems 
and opportunities, seizing opportunities applying tech-
nical design, and transforming the business model. It il-
lustrates that each phase builds on the previous one and 
shows how the company’s approach to value creation 
and delivery evolved with the increasing use of GenAI. 
Rather than introducing AI as a one-time disruptive so-
lution, the company pursued an experimental and itera-
tive integration process. Tools were introduced 
gradually, adapted to real-world needs of the company 
and its clients, and extended across internal workflows. 
For instance, tailored tools such as the Difficulty Score 
and Smart Assigner were develop and the business logic 
adjusted as technologies and client expectations 
evolved. Over time, the company transitioned from the 
standardized per-response model to a flexible service of-
fering that allowed clients to choose between fully 

GenAI-generated, GenAI-assisted, or human-written re-
sponses. These changes were not abrupt pivots but the 
result of a layered transformation strategy.  

The shift from fully manual writing to AI-supported 
workflows underscores AI’s role in augmenting human 
expertise rather than replacing it. This progression was 
possible only because GuestVoice had embedded an ex-
perimental and adaptive mindset into its organizational 
culture. Each AI capability – sentiment analysis, diffi-
culty estimation, response generation – was developed 
in response to emerging challenges and then iteratively 
refined, layered on top of the previous one, forming a 
cumulative transformation path.  

Another key insight from the case is the ability to 
creatively recombine existing technologies and internal 
knowledge to unlock new forms of value. Rather than 
pursuing entirely new technologies, GuestVoice repur-
posed internal resources in unexpected and strategic 
ways enabled by their modular design. A particularly re-
vealing case is the creative recombination of the Diffi-
culty Score. It became a highly flexible component that 
could be adapted to multiple uses: supporting adminis-
trators in task assignment, tracking author development, 
and enabling client-side triage strategies. Its modularity 
– stemming from its clear quantitative structure, its rel-
evance to both operational and strategic decisions, and 
its ability to bridge internal workflows and customer-
facing services – made it especially amenable to recom-
bination. Rather than inventing new tools for each 
emerging need, GuestVoice was able to reuse and rein-
terpret the Difficulty Score, demonstrating how robust, 
well-designed assets can serve as anchors for broader 
innovation over time.  

Similarly, sentiment analysis was later reused to 
prioritize venue data for authors, improving relevance 
and reducing cognitive overload, to calculate the diffi-
culty score of the reviews and the quality of the re-
sponses. These examples show how GuestVoice 
integrated tools across functional boundaries, layering 
AI features to form a cohesive system that delivered 
more than the sum of its parts. Rather than implement-
ing GenAI tools in isolation, GuestVoice integrated 
them into a system that offered varying degrees of auto-
mation based on review complexity. This triage-based 
service architecture enabled differentiation of pricing 
and service levels. By implementing a new GenAI Re-
view Assistant, the company moves from being a pure 
service provider to offering AI-enhanced service bun-
dles, demonstrating how AI integration can trigger 
broader business model innovation. 

A further takeaway is the deliberate decision to re-
tain human oversight. Instead of fully automating re-
view responses, GuestVoice balanced GenAI efficiency 
with human intervention, ensuring service quality, 
brand consistency, and client trust. This hybrid approach  
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demonstrates that successful GenAI adoption is not 
about replacing human but about enhancing it in ways 
that drive sustainable business value. The case also 
shows that GenAI threatens to eat up companies if they 
do not continuously adapt their business model. 

6. Discussion 

Researchers and practitioners can learn two things 
from the GuestVoices design journey: (1) The phases 
show how to transition from a traditional company 
model to a GenAI company, and how tools were repur-
posed for emerging business models; (2) The final sys-
tem can serve as a blueprint for competing companies or 
businesses applying GenAI to their processes. 

The analysis of the ADR case, particularly the 
course of tool implementation and process transfor-
mation, serves as the empirical foundation for the five 
socio-technical design principles we formulate for CFM 
systems. Drawing on Gregor et al (2020), we present 
these design principles as transferable insights for simi-
lar socio-technical systems.  

Quality Criteria for Responses.  
Aim, implementer, and use: To support the scalable 

integration of GenAI in customer CFM workflows, or-
ganizations should define and implement transparent, 

measurable quality criteria. These create a shared 
benchmark for evaluating AI outputs, support explaina-
bility, and allow organizations to build trust with clients 
through consistent performance and transparency. 

Context: During the design, evaluation, and refine-
ment of (semi-) automated response systems. 

Mechanism: Establish quality metrics (e.g., gram-
mar, tone, completeness, alignment with client style) 
and embed them into automated quality-checking tools. 
Use these criteria for evaluating both GenAI-generated 
and human-authored responses, supporting training, 
feedback, and continuous improvement. 

Rationale: Empirical rationale: see phase “assisted 
responses.” Scientific rationale: An important step in us-
ing GenAI tools is evaluating the answers to be sure they 
are appropriate (Crowston & Bolici, 2025). Clearly de-
fined quality standards enable automation without com-
promising response quality, but there was no consensus 
on the definition of response quality in the literature on 
review management. As a result, this question is a criti-
cal one for users of GenAI technology to clarify for 
themselves before implementing solutions.  

Accountability and Control  
Aim, implementer, and use: The CFM-Service pro-

vider needs to define and align accountability and con-
trol, and agree with the clients on how to ensure 
response quality.  

Table 1:  Design in Action for Customer Review Management 
 

Problem/Opportunity  
(Sensing) 

Technical Design 
(Seizing) 

Business Model Design 
(Transforming) 

Manual 
Responses 

Recognized a service gap in small 
hospitality businesses lacking capac-
ity to manage online reviews profes-
sionally. Identified trust and quality 
as strategic differentiators. 

Develop a lightweight coordina-
tion platform to collect reviews 
and support manual workflows. 
Rely on human authors and admin 
assignment. 

Value proposition: high quality human-written 
content. Customer relationship: high-touch and 
personalized. Key Activities: Assignment of re-
views to authors, quality assurance. Revenue 
Model: Subscription + pay-per-response model 

Assisted 
Responses 

Perceived inefficiencies in assigning 
reviews, maintaining quality, and re-
porting sentiment. Recognized po-
tential of data to guide internal 
processes. 

Introduce Difficulty Score, Qual-
ity Checker, and Sentiment Anal-
ysis tools. Combine them in a 
redesigned interface to support 
authors. First signs of systematiz-
ing expertise. 

see above, plus key Activities: Support authors 
and work processes. 

Drafted 
Responses 

Aware of pressure to scale while 
maintaining quality. Identified repet-
itive reviews as a candidate for par-
tial automation. Questioned limits of 
custom-trained language models. 

Develop a Dedicated Language 
Model to pre-generate drafts. Inte-
grated review metadata (e.g. rat-
ing, venue type). Still required 
significant human revision. 

See above, plus key Activities: Draft responses. 

Automated 
Responses 

Sensed growing market awareness 
of public LLMs (e.g. ChatGPT). 
Recognized client interest in trans-
parency and flexibility. Faced pres-
sure to differentiate in a 
commoditizing AI landscape. 

Integrate LLMs (e.g. LAMA) into 
workflow. Support AI-only, hu-
man-only, and hybrid options. In-
troduce internal triage logic 
(simple/ medium/complex).  

Value proposition: high quality content with as 
much human involvement as desired. Transitioned 
from uniform service to modular offering. Cus-
tomer relationship: high-touch and personalized or 
automated. Key Activities: Automated Workflow 
with triage of review assignment depending on cli-
ent subscription and difficulty. Revenue Model: 
Subscription + pay-per-response model with tiered 
pricing: AI-generated responses at lower cost.  

Beyond 
Responses 

Identified risk of AI parity; recog-
nized need to evolve value proposi-
tion. Started framing GuestVoice as 
a decision-support partner, not just a 
writing service. 

Repurpose Difficulty Score and 
QA tools to support client-facing 
triage and reporting. Integrate An-
alytics. Position platform as a site 
of strategic guidance. 

Shifted from writing-centric business to flexible 
platform model. Enabled scalable service combi-
nations. Data analytics and decision support 
emerged as key value layers. 
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Context: When setting up the response generation 
and publishing process. 

Mechanism: If GenAI were perfectly reliable, all 
parts of the review generation could be delegated to a 
digital agent. However, currently, GenAI is not suffi-
ciently reliable to provide appropriate responses to all 
comments according to quality criteria. Therefore, each 
response needs to be checked at least once by an ac-
countable human who has the ability and authority to 
correct it before it is published. Depending on the ser-
vice model, this can be the human author, the human 
quality management, or the client. 

Rationale: Empirical rationale: see phase “drafted 
responses.” Scientific rationale: Aligning accountability 
and control is key to GenAI delivery (Grote et al., 2024).  

Indicator and Profile-Driven Feedback Generation 
Aim, implementer, and use: To offer clients from 

the hospitality industry high quality responses, human 
and GenAI agents should use indicators (e.g., on com-
ment complexity) and marketing information when 
drafting their responses.  

Context: When drafting a response to a guest com-
ment. 

Mechanism: Calculate indicators such as the com-
plexity and sentiment of guest comments using language 
technologies. Apply these indicators when assigning the 
review to human or GenAI agents. Agents are then 
“prompted” to take those indicators into account when 
drafting the response. The prompts furthermore contain 
client marketing and client communication preferences. 

Rationale: Empirical rationale: see phase “auto-
mated responses”. Scientific rationale: Review Re-
sponses are professional marketing messages. They 
should be appropriate responses to past guests’ com-
ments and attract future ones. As noted, these responses 
play a vital role in shaping customer satisfaction and 
brand perception, particularly in service-oriented sec-
tors like hospitality (Lui et al., 2018; Zhao et al., 2020). 
Modular Business Model 

Aim, implementer, and use: To increase the value 
of service offerings, offer combinable services, e.g., on 
human or GenAI response generation, or on social me-
dia intelligence. 

Context: Marketing and organizing the companies’ 
offering. 

Mechanism: Organize your software, services, and 
organization in a modular manner (Voss & Hsuan, 
2009). Technical modularity of key activities like diffi-
culty assessment, quality assessment, or sentiment anal-
ysis enables modularization of key business model 
components. High-level software components are part 
of the key resources in a business model. They can be 

configured to offer different value propositions: effi-
ciency of response generation, quality of response gen-
eration, or customer insight (analytics).  

Rationale: Empirical rationale: see phase “beyond 
responses”. Scientific rationale: Modular services ena-
ble a “basis for service customization and customer 
choice, effective product development, and outsourc-
ing” (Voss & Hsuan, 2009). 

Dual-Use Analytics 
Aim, implementer, and use: To unlock additional 

value from existing tools, use internal indicators (e.g., 
difficulty score, sentiment trends) not only for workflow 
optimization but also as client-facing insights. 

Context: Data gathered during review processing. 
Mechanism: Aggregate and visualize scores over 

time to visualize where the challenges are, what their 
customers value, etc. 

Rationale: Empirical rationale: see phase “beyond 
responses”. Scientific rationale: Combinatorial use of 
assets deepens the strategic relevance of the CFM ser-
vice (Voss & Hsuan, 2009). 

7. Conclusion and Future Work 

The evolution of GuestVoice and its application of 
technology illustrates GenAI’s potential to support or-
ganizational processes while highlighting challenges in 
effective implementation without compromising qual-
ity. The paper’s empirical setting, the GuestVoice com-
pany that composes responses to customer feedback, 
provides broadly applicable design principles relevant 
to any organization considering GenAI. For instance, 
many journalistic organizations are concerned about 
GenAI’s potential to create news content, making the 
first two design principles particularly pertinent. Quality 
principles for news extend beyond readability to include 
factuality and fairness, aspects challenging automation. 
Reporters are accountable for their stories, implying 
they should control the final product. However, the de-
velopment of metrics may be useful. For instance, the 
AP has experimented with a system to assess potential 
stories for newsworthiness as an input to story assign-
ment. Similarly, organizations are experimenting with 
reusing stories in different media, an example of a mod-
ular business model, with implications for system sup-
port. The lessons from GuestVoice may thus present an 
inspiration for others facing similar opportunities. 
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