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Abstract

One of the most influential technological
Innovations in recent years is ChatGPT, an LLMs-
enabled chatbot that can quickly respond to a wide
variety of prompts with human-Iike text in various
contexts, ranging from marketing and customer
service to education and healthcare. Much research
has explored how ChatGPT affected users’
engagement with online Q&A communities such as
Stack Overflow. However, it is unclear how
ChatGPT may influence people’s engagement with
online  advice  communities (e.g., online
communities for users to get advice on relationships,
career development, health...). Therefore, we
conducted an analysis of secondary data, and we
plan to conduct another analysis of secondary data
and a lab experiment to explore the impact of
ChatGPT on people’s engagement with online
advice communities and why. This study
contributes to the literature on the impact of Al on
online advice communities and social interactions
and enhances our understanding of the social
Implications of AL

Keywords: ChatGPT, online advice communities,
Reddit, user behavior.

1. Introduction

One of the most important technological
advancements in recent years is the development of
natural language processing (NLP) and the Large
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Language Models (LLMs) (Wei et al., 2022). LLMs
are trained on large amounts of text data and are able
to generate human-like text, answer questions, and
complete other language-related tasks with high
accuracy (Kasneci et al., 2023). Although LLMs and
LLMs-based chatbots such as Open AIl’s ChatGPT!,
are relatively new technologies, and many people
including Al experts are still skeptical about their
capabilities and potential risks?, ChatGPT is becoming
more and more popular among the public as it can
respond to a wide variety of prompts in various
different contexts in a sophisticated and nuanced way
(Eloundou et al., 2023).

For instance, students in the United States have
used ChatGPT to assist with their assignments and
exams, for answering questions and for essay writing.?
The Japanese government has adopted ChatGPT for
administrative tasks, such as composing draft
responses to parliamentary queries.* Many people
also voluntarily use ChatGPT to obtain general life
advice (Efendi¢ et al., 2024) and even for mental
therapy instead of seeing therapists.’ Meanwhile,
mental health service providers have adopted GPT-
based Al to generate responses to questions posted by
users. Koko®, a non-profit online peer support
platform, found that compared to responses generated
by other human users, the responses generated by
GPT-based Al models were rated better in quality by
the users who asked for advice or help.’

Much research has explored how ChatGPT’s
adoption and usage may influence users’ engagement
with online Q&A communities (Shan & Qiu, 2023).
For example, researchers found that the launch of
ChatGPT significantly reduced the number of
questions (Xue et al., 2023) and the number of answers
(Sanatizadeh et al., 2023) posted on Stack Overflow?,

5 https://www.bloomberg.com/news/articles/2023-04-18/ai-
therapy-becomes-new-use-case-for-chatgpt
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the most popular online Q&A community for
programmers. It is well acknowledged that ChatGPT
is adept at programming (Eloundou et al., 2023).
Therefore, it is not surprising that programmers and
engineers turn to ChatGPT for immediate coding help
instead of Stack Overflow. Many programmers also
shared that they reduced the usage of Stack Overflow
after the introduction of ChatGPT.>!?

However, it is unclear how ChatGPT may
influence people’s engagement with other types of
online communities, such as online advice
communities (e.g., online communities for people to
get advice on relationships, career development,
weight management...). ChatGPT may be superior to
online advice communities in its accessibility, privacy,
and reduced social anxiety. In terms of accessibility,
ChatGPT can provide immediate response (i.c.,
advice) on a wide range of topics for free 24/7, while
it takes time for users to get feedback on online advice
communities. A recent study also finds that ChatGPT-
generated advice was perceived as more balanced,
complete, empathetic, helpful, and better than the
advice provided by professional advice columnists
(Howe et al., 2023).

In addition, discussing personal issues online can
be privacy-sensitive. Although the anonymity feature
of online communities helps alleviate the concern
(Tanis, 2008), it may not prevent users from feeling
embarrassed and stressed (Tanis, 2008). Researchers
find that users are likely to experience feelings of
shame or fear of losing privacy when seeking social
support via online groups (Braithwaite et al., 1999).
On the contrary, talking about personal issues with a
chatbot can be more relaxing, as users need not worry
about receiving negative judgment or experiencing
feelings of social anxiety (Dunn et al., 2007; Jiang et
al., 2020). In other words, ChatGPT can provide
advice in a human-like way without inducing people’s
privacy concerns or feelings of embarrassment. Thus,
users may prefer ChatGPT to online advice
communities. For example, previous research finds
that users are more likely to seek advice from LLMs
on more sensitive, personal, private, and even
embarrassing issues, such as things about people’s
sexual identity, insecurities, and shortcomings (Wester
et al., 2024).

However, ChatGPT is a general-purpose LLM
and is not specially trained for offering advice
(Howard et al., 2023), so it may make incorrect or
potentially harmful statements (Oviedo-Trespalacios
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et al., 2023). For example, a Belgian man committed
suicide after a chatbot “encouraged” him to sacrifice
his life to stop climate change.!! Under such
circumstances, it may be risky for people to ask
ChatGPT for advice.

In addition, online advice communities allow
people to get advice from peer users on various topics.
Among all personal issues, those related to health and
wellness are particularly perceived to be private and
sensitive. For example, for users of online health
communities, the disclosure of personal health
information represents privacy loss (Connolly et al.,
2023). Therefore, users who need advice on issues
related to health and wellness may be more likely to
prefer ChatGPT to online advice communities because
ChatGPT seems more private. A recent study finds
that users looking for health-related advice perceive
LLMs to be more interactive and responsive than
classic advice providers such as search engines
(Birkun & Gautam, 2023).

Therefore, this study aims to fill the research gap
and explore three significant and previously
unexamined questions: (1) Will ChatGPT influence
people’s engagement with online advice communities?
(2) If yes, how does the effect differ between health-
related communities and others? (3) If yes, why?

To answer our research questions, we conducted
an analysis of community-level secondary data from
Reddit, and we plan to conduct an analysis of user-
level secondary data, and a lab experiment. In Study 1,
we aim to investigate whether ChatGPT may influence
users’ engagement with online advice communities.
We plan to focus on Reddit, one of the largest online
communities and take the release of ChatGPT as a
natural experiment to analyse how users’ activities on
Reddit advice communities changed after the release
of ChatGPT on November 30, 2023, and how the
pattern may differ for health-related communities on
Reddit and those health-unrelated communities. To
validate the observations from Reddit, in Study 2, we
plan to conduct another secondary data analysis of
individual user’s usage of an online advice community
similar to Reddit. We will analyse their usage
behavior, before and after the release of ChatGPT, in
terms of total number of visits per day, total number of
posts per day, and total number of replies per day,
within one month before and after the release of
ChatGPT. We expect the findings in Study 1 to be
consistent with the findings in Study 2. In Study 3, we
aim to provide solid insights into why people may shift

10
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from online advice communities to ChatGPT for
advice by conducting a controlled lab experiment. We
draw on the literature on users’ engagement with
online (health) communities (Connolly et al., 2023)
and measure participants’ perceived information
credibility, perceived support (e.g., informational
support, emotional support, esteem support, and
network support), and perceived responsiveness of
online advice communities and ChatGPT respectively.

Advice-seeking and advice-offering activities are
important parts of people’s social interactions and
such social interactions play an important role in
people’s mental health (Manczak et al., 2019).
Theoretically, this study contributes to the literature on
the social implications of Al, and in particular on the
impact of Al on online advice communities and social
interactions. Practically, considering the increasing
adoption of Al in many aspects of society, our finding
suggests that Al can lead to unintended consequences
on people’s social behaviors and interpersonal
interactions. More studies should be done to explore
the psychological and social impacts of ChatGPT and
other Al before they are widely implemented and
adopted.

The rest of the paper is organized as follows. In
the next section, we will review previous studies about
online advice communities, user engagement with
online (advice) communities, and users perceptions of
LLMs-generated advice. Next, we develop hypotheses
about how ChatGPT may influence users’
participation in online advice communities. Then, we
describe the designs of our preliminary secondary data
analysis, planned in-depth individual-level secondary
data analysis, and lab experiment. In the last section,
we conclude by discussing limitations, future research
directions and potential contributions to research and
practice.

2. Literature review

2.1. Online advice communities

Online communities are becoming increasingly
important in people’s daily lives, as they allow
members to connect, share information and
experiences, and exchange social support (Erfani &
Abedin, 2016). Online communities can be used to
seek advice, and offer advice on various topics, such
as health and career development (Rueger et al., 2021).
Users engage with online advice communities because
of its anonymity, access to multiple (experts’) advice,
and just-in-time advice (Tomprou et al., 2019).

12 https://www.semrush.com/website/reddit.com/overview/

In particular, using health-related communities
can effectively improve people’s psychological and
physical well-being (Erfani & Abedin, 2016). Features
such as anonymity, text-based discussion, and the
possibility of networking can increase users’
engagement in those online communities (Tanis,
2008).

Being one of the largest and most important
online advice communities, Reddit has received much
attention from academia. Reddit is the ninth-most-
visited website in the world and the fourth-most-
visited website in the United States (as of July 2023).1
On Reddit, users can join various topic-specific, user-
created communities (i.e., “subreddits”) as members,
post content, and comment on/reply to content posted
by other peer users (Burtch et al., 2022). Subreddits
span a wide range of topics, such as finance (Agrawal
et al., 2022), medicine (Weber et al., 2022), and etc.
Some studies have explored users’ advice-seeking
behavior on Reddit, but these studies usually take a
technical approach to detect whether or not sentences
in posts contain advice (Govindarajan et al., 2020),
assess users’ mental illnesses and suicide-related
ideations (Gaur et al., 2021) and how such data can be
used to provide actionable information to clinicians
and therapists (Gaur et al., 2018).

2.2. User engagement with online advice
communities

Users’ engagement with online communities is
determined by a variety of factors, including user-
oriented factors (e.g., goals, needs, abilities...) and
online community-oriented factors (Zou, 2015). This
study aims to explore how ChatGPT may influence
users’ engagement with online advice communities,
namely, whether and why users may switch from
online communities to ChatGPT for advice. Therefore,
we focus on the online community-oriented factors.

First, perceived reciprocity, defined as an
expectation that other community members will
reciprocate the help they receive from others in the
future, ensuring mutual assistance and users’
continuing  contributions to the community,
significantly influences users’ engagement (Wasko &
Faraj, 2005). Perceived reciprocity is determined by
the response speed, value, and frequency (Casalo et
al.,  2013).  Therefore, some  researchers
interchangeably used the term  “perceived
responsiveness” (Lin & Lee, 2006). For example,
Sheng (2019) examined customers' engagement in
online review communities and found that perceived
responsiveness (i.e., response speed, volume, and
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length) positively influences community members'
behavior.

Second, perceived information credibility, the
believability and trustworthiness of the information
provided in online communities, is positively related
to users’ participation (Hajli et al., 2015). Therefore,
online communities take strategies such as providing
user profiles and encouraging individuals to rate the
information generated by others to establish trust in
the community, to improve perceived information
credibility, and thus attract more users to engage
(Smith et al., 2005). Last, perceived community
support, a multidimensional construct consisting of
factors such as informational support, emotional
support, esteem support, and network support, can also
promote users’ activities (Mattson & Hall, 2011).

With regard to online health (advice)
communities (OHC), information credibility matters
because participants seek credible information to help
them cope with the uncertainty associated with the
illness they are trying to overcome, and incorrect
information regarding aspects of a disease or its
management could have a profound negative impact
on health (Hajli et al, 2015). Community
responsiveness means that the user can get timely
responses to her requests from other community
members (Zhao et al., 2013), indicating that the
community members have the competence to provide
speedy and informed guidance, are willing to do so,
and are interested in the needs of the community
(Connolly et al., 2023).

When an individual is diagnosed with a disease,
she might search for advice on how to treat her
condition in an OHC (Yan & Tan, 2014).
Informational support refers to the salient information,
valuable advice, and informed guidance on the disease
and other related issues received by the user (Connolly
et al., 2023). Emotional support fills the affective
needs of the user, including expressions of empathy
and sympathy, encouragement and security, and care
and affection, indicating that the community is
positively intentioned and genuinely supportive of the
individual and her well-being (Yoo et al., 2014).
Esteem support includes online interactions that
reinforce the individual’s self-esteem and her belief in
her capacity to cope with her health condition
(Mattson & Hall, 2011). Finally, network support
demonstrates that the individual is a member of a
support network, which provides her with a sense of
belonging to the community and the ability to share
her experiences (Yan & Tan, 2014).

2.3 Users’ perceptions of LLM-generated
advice

Users are increasingly relying on LLMs and
LLMs-based chatbots such as ChatGPT to obtain
advice (Efendi¢ et al., 2024) on various topics, from
health to relationships, from climate change to career
development (Wester et al., 2024). Extant research
finds that LLM-generated content tends to be more
objective and neutral than human-generated content
(Guo et al., 2023). Therefore, LLM-generated advice
is also considered to be more impartial (Wester et al.,
2024). For example, users of Replika, a social
companion Al-based chatbot designed to converse
with users through open-ended dialogue report that
they particularly appreciate the non-judgmental tone
of Replika (Skjuve et al., 2021).

Previous research finds that users are more likely
to use LLM to get advice for more sensitive, personal,
private, and even embarrassing problems or questions,
for example, things about people’s sexual identity,
insecurities, and shortcomings, or personal issues they
don’t want their friends and families to know about
(Wester et al., 2024). Although users may be
concerned about LLMs’ data collection, ethical usage
of their data, and the possibility of models memorizing
sensitive data (Bender et al., 2021), LLMs are
perceived to be better or more private when compared
to online advice communities (Wester et al., 2024).

In addition, users report that for private and
sensitive questions and problems, LLM-generated
advice tends to be more pragmatic and useful than
human-generated advice, so users are more likely to
follow the advice provided by LLMs (Wester et al.,
2024). For instance, ChatGPT’s advice is perceived as
better than that of professional advice columnists (i.e.,
“agony aunt” advice columns) (Howe et al., 2023).
Specifically, for social dilemma questions (i.e.,
questions related to conflicts between personal beliefs,
relationships, and social expectations), ChatGPT’s
advice was perceived as more balanced, complete,
helpful, and better than the advice provided by
professional advice columnists, although 77% of
participants preferred that their own social dilemma
questions be answered by a human than by ChatGPT.

With regard to health-related advice, users
perceive LLMs to be more interactive and responsive
than classic advice providers such as search engines
(Birkun & Gautam, 2023). Users also expect LLM-
generated advice on health-related topics to be more
careful (Wester et al., 2024).
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3. Hypothesis development

ChatGPT can significantly influence individuals’
usage of online communities. For example, the usage
of Stack Overflow significantly decreased after the
release of ChatGPT (Sanatizadeh et al., 2023), because
programmers can get help from ChatGPT within
seconds when they have coding questions. Similarly,
ChatGPT can provide advice and support to users on a
wide range of topics within seconds, while it may take
hours for users to get a reply after posting their
questions on online advice communities. Under such
circumstances, users are likely to perceive a higher
level of responsiveness of ChatGPT than online advice
communities. LLM-generated advice is considered to
be more neutral and objective, more pragmatic and
useful than human-generated advice, so users are more
likely to follow the advice provided by LLMs (Wester
et al., 2024). This indicates that the perceived response
quality, perceived information credibility, and
perceived informational support, is higher for
ChatGPT than online advice communities.

However, previous research also suggests that
when Al shows human-like characteristics such as
empathy, users are likely to experience unpleasant
feelings (Ho & MacDorman, 2010) and even anxiety
(Appel et al., 2016). This indicates that users may
perceive lower emotional support and esteem support
of ChatGPT than online advice communities. Last,
network support demonstrates that users are members
of a support network, which providing them with a
sense of belonging to the community and the ability to
share their experiences (Yan & Tan, 2014). Online
advice communities enable users to interact with other
users in the same community and build social
networks (Tomprou et al., 2019), while ChatGPT
cannot. Therefore, the perceived network support of
ChatGPT is likely to be lower than that of online
advice communities.

Taken together, because it is uncertain the relative
strength of the impacts of perceived responsiveness,
perceived information credibility, and perceived
support (i.e., informational, emotional, esteem, and
network support), we propose that ChatGPT will
impact users’ engagement in online advice
communities without proposing the direction of the
impact (i.e., positive or negative).

Privacy is one of the most important factor
influencing users’ decision to engage with online
communities (Tanis, 2008). Among all personal
issues, those related to health and wellness are
particularly perceived to be private and sensitive. For
example, users are likely to experience feelings of

'3 https://www.reddit.com/best/communities/1/

shame or fear of losing privacy when seeking social
support via online groups (Braithwaite et al., 1999).
Previous research finds that users are more likely to
use LLM to get advice for more sensitive, personal,
private problems or questions (Wester et al., 2024).
Users also perceive LLM-generated advice on health-
related topics to be more interactive and responsive
than classic advice providers such as search engines
(Birkun & Gautam, 2023). Therefore, we propose that
the impact of ChatGPT will differ for online advice
communities related to health and wellness and those
unrelated.

Therefore, we hypothesize:

Hypothesis 1: The perceived responsiveness,
perceived information credibility, and perceived
informational support of ChatGPT are higher than
those of online advice communities.

Hypothesis 2: The perceived emotional support,
perceived esteem support, and perceived network
support of ChatGPT are lower than those of online
advice communities.

Hypothesis 3: ChatGPT will impact users’
engagement with online advice communities.

Hypothesis 4: The impact of ChatGPT will differ
for online advice communities related to health and
wellness and those unrelated.

4. Research methodology

4.1. Study 1: secondary data analysis

In Study 1, we aim to investigate whether
ChatGPT may influence users’ engagement with
online advice communities. We plan to focus on
Reddit, one of the largest online communities, and
take the release of ChatGPT as a natural experiment to
analyse how wusers’ activities on Reddit advice
communities changed after the release of ChatGPT on
November 30, 2023.

As a preliminary analysis, we referred to the list
of Top 200 Communities on Reddit!* and found 17
subreddits intended for users to seek advice from and
offer advice to others on various topics, from general
issues to relationships, from fitness to mental health,
and from finance to career. Among the 17 subreddits,
7 are related to health and wellbeing. We collected the
total number of members by each day, the total number
of posts per day, and the total number of comments per
day, for each subreddit, from Subreddit Stats.!* We
focus on three months before the release of ChatGPT
(i.e., September 2022 to November 2022), and three
months after the release of ChatGPT (i.e., December
2022 to February 2023), as the treatment group. In

' https://subredditstats.com
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addition, we also included data from September 2021
to February 2022 as the control group, to control any
seasonal factors that may influence people’s activities
in the subreddit communities. In other words, we
included data of 17 subreddits spanning 382 days. The
expected total number of observations is 17 X 382 =
6,494. Because data are missing for some subreddits
on some dates, the actual number of observations is
less than 6,494. Table 1 shows the summary statistics.
We used the release of ChatGPT on November 30,
2022, as a natural experiment to analyze how users’
activities on the 17 subreddit communities changed
after the release of ChatGPT. The similar
identification method has been adopted by previous
studies exploring the impact of ChatGPT on people’s
engagement with online Q&A communities
(Sanatizadeh et al., 2023; Xue et al.,, 2023). The
availability of the treatment group (i.e., September
2022 to February 2023) and the control group (i.e.,
September 2021 to February 2022) enables us to adopt
the difference-in-difference (DID) approach to
identify the effect of the ChatGPT release on people’s
engagement behavior. Our model specification is as
below, where i indexes a subreddit and t indexes time:
Yii = By + By X Treated;; + [, X Aftery +
Bs X Treated;; X After;, + 6; + Uy + &;; €]
The dependent variable Y, represents two types of
engagement activities: (1) Post;;, a proxy for advice-
seeking behavior; (2) Comment;;, a proxy for advice-
offering behavior. Based on the topics of subreddits,
we divide them into 2 categories: those related to
health and wellness, and those unrelated. In Model (1),
B is the DID identifier that captures the effect of the
ChatGPT release. §; represents subreddit fixed effects.
U, represents time fixed effects. g;; is the error term.
We use fixed effects regression to estimate Model (1).
Table 2 presents the estimation results. Column
(1) shows that, after the release of ChatGPT, the
average number of daily new posts per 10,000
members decreased by 0.227 (p<0.01). Column (3)
shows that, controlling the average number of daily
new posts per 1,000 members, after the release of
ChatGPT, the average number of daily new comments
per 10,000 members decreased by 1.006 (p<0.01).
Taken together, the release of ChatGPT was
associated with a significant reduction in subreddit
users’ advice-seeking and advice-offering activities.
Column (2) shows that, users’ posting behavior
significantly decreased after the release of ChatGPT,
and the drop is greater for subreddits related to health
and wellness. Similarly, Column (4) shows that, users’
commenting behavior dropped more for subreddits
related to health and wellness.
In summary, after the release of ChatGPT, users’
advice-seeking and advice-offering activities in

subreddits significantly decreased. In addition, the
drop is greater for health-related communities.

4.2. Study 2: secondary data analysis

To validate the observations in Study 1, in Study
2, we plan to conduct another in-depth analysis of
secondary data. We will scrape individual user-level
data from a major online advice community similar to
Reddit. The name of the online advice community is
not revealed due to confidentiality. The data spans
from one month before the release of ChatGPT to one
month after the release of ChatGPT (i.e., November 1,
2022, to December 31, 2022).

The data will cover all the activities of all users,
including their every visit to the community and
timestamp, posts and corresponding timestamps, and
replies and corresponding timestamps. Therefore, we
are able to build a dataset that shows users’ total
number of visits per day, total number of posts per day,
and total number of replies per day. By analysing the
content of the posts and replies, we can also identify
whether the post/reply is related to health and wellness
or not. Using a subreddit-day structure dataset, Study
1 explores how the release of ChatGPT impacts users’
activities at the aggregated subreddit level. Using a
user-day structure dataset, Study 2 will explore how
the release of ChatGPT impacts users’ activities at the
individual level.

We expect the findings from the secondary data in
Study 1 (i.e., Reddit) to be consistent with the findings
from the secondary data in Study 2. For example,
participants’ usage of the online advice community in
terms of total visits per day, total number of posts per
day, and total number of replies per day, may
significantly drop after the release of ChatGPT, and
the drop is stronger for health-related issues than for
health-unrelated ones.

4.3. Study 3: lab experiment

To provide solid insights into the reason why
people may shift from online advice communities to
ChatGPT for advice, we draw on the literature on
users’ engagement with online (health) advice
communities (Connolly et al., 2023). Therefore, in
Study 3, we plan to conduct a controlled lab
experiment. The lab experiment will adopt a 2
(question type: health-related vs. health-unrelated) x 2
(advice source: online advice community vs.
ChatGPT) between-subject design. Participants will
be randomly assigned to one of four conditions.
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Table 1. Summary Statistics

Variable Description Min | Median | Mean | Max Std.Dev. | Obs.
Post;, The total number of new posts per 10,000 0.001 | 0.676 2742 | 17.693 | 3.995 6,080
members on subreddit i on day ¢
Comment;; | The total number of new comments per 10,000 0.006 | 4.855 14.732 | 157.019 | 21.505 6,090
members on subreddit i on day ¢
Treated;; A dummy variable, 0 if the data was for the 0 0 0497 |1 0.500 6,154
control group (i.e., September 2021~Febraury
2022), and 1 if the data was for the treatment
group (i.e., September 2022~February 2023).
Aftery, A dummy variable. For the control group, 0 if the | 0 0 0497 |1 0.500 6,154
data was from September 2021 to November
2021, 1 if the data was from December 2021 to
February 2022. For the treatment group, 0 if the
data was from September 2022 to November
2022, 1 if the data was from December 2022 to
February 2023.
Health; A dummy variable, 0 if the subreddit is not related | 0 0 0.412 1 0.492 6,154
to health and wellness, 1 if the subreddit is related
to health and wellness, or else 0.
Table 2. The Analysis Results
Variable (1) Post;; (2) Post;; (3) Comment;; (4) Comment;,
Post;, 4.500%** 4.450%**
(0.302) (0.300)
Treated;; -0.275%** -0.176%** -2.550%** -3.004%**
(0.022) (0.011) (0.165) (0.150)
Aftery, 0.068 -0.127 0.672 0.004
(0.147) (0.143) (0.888) (0.883)
Treated;; X After;, -0.227*%* -0.129%** -1.006%** -0.137
(0.032) (0.020) (0.265) (0.205)
Treated;; X After;, X Health; -0.241*** -2.139%#*
(0.073) (0.592)
Treated;; X Health; -0.237*%* 1.069%**
(0.051) (0.369)
After;; X Health; 0.471%** 1.504%**
(0.053) (0.418)
Health; 13.19%** -48.80%**
(0.071) (3.995)
Subreddit FE YES YES YES YES
Time FE YES YES YES YES
Constant 13.56%** 0.340%** -48.55%** 0.476
(0.125) (0.101) (4.166) (0.659)
Observations 6,080 6,080 6,062 6,062
R-squared 0.976 0.977 0.948 0.948

Note: (1) Robust standard errors in parentheses; (2) *** p<0.01,

% p<0.05, * p<0.1.
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During the experiment, participants will first read
three pieces of health-related (or health-unrelated)
questions taken from an online advice community
(e.g., Reddit) and three advice responses taken from
that online advice community (e.g., Reddit) (or
generated by ChatGPT).

Next, they will complete a survey. To measure
their perceived responsiveness, participants will be
asked to rate to what extent they agreed with the three
statements: (1) The questions are quickly answered,
(2) The responses try to give advice to the question/
problem (on a 7-point Likert scale; adapted from
Connolly et al. (2023)).

To operationalize participants’  perceived
information credibility, they will be asked to indicate
to what extent they agree with the three statements: (1)
The advice responses provided are trustworthy, (2)
The suggestions are serious and convincing, and (3)
The arguments are consistent with what 1 already
knew about the subject or issue (on a 7-point Likert
scale; adapted from Hajli et al. (2015) and Connolly et
al. (2023)).

To operationalize perceived informational
support, participants will be asked to rate to what
extent they agree with the two statements: (1) The
responses give me information to help me deal with
the probleny/ issue, (2) The arguments are useful for
solving the problem/ issue (on a 7-point Likert scale;
adapted from Connolly et al. (2023)).

Next, participants will be asked to indicate their
perceived emotional support by rating to what extent
they agree with the two statements: (1) The responses
encourage me to face difficulties/ problems, (2) The
suggestions are supportive of my feelings about the
difficulty/ problem faced (on a 7-point Likert scale;
adapted from Connolly et al. (2023)).

In addition, participants will be asked to indicate
their perceived esteem support by rating to what extent
they agree with the two statements: (1) The responses
make positive comments about my ability to deal with
problems, and (2) The arguments generally agree with
how I handled problems (on a 7-point Likert scale;
adapted from Connolly et al. (2023)).

Finally, participants will be asked to indicate their
perceived network support by rating to what extent
they agree with the two statements: (1) I share
common values with the responses, (2) I share joys and
sorrows with the provider of the arguments (on a 7-
point Likert scale; adapted from Connolly et al.
(2023)).

To control for potential confounds, in the survey,
we will also collect participants’ demographic
information, such as age, gender, and prior experience
with online advice communities or ChatGPT. We will
control demographics in the analysis to account for

any individual differences that may affect people’s
perceptions of ChatGPT-generated advice and online
community-generated advice. We will also measure
participants’ familiarity with the topics of the
questions (health-related vs. non-health-related) used
in the experiment, and control topic familiarity in the
analysis, as topic familiarity may influence the
perceived information credibility or perceived
information support. Last, we will randomize the order
of questions (health-related vs. health-unrelated) and
source of advice (ChatGPT vs. online community) to
control for potential order effects.

To ensure internal validity, before the end of the
survey, as a manipulation check, participants will be
asked to choose the source of the advice (i.e., ChatGPT
or online advice community) and select which
questions are health-related and which are health-
unrelated. We will also conduct pilot tests to ensure
the clarity of the materials and the effectiveness of the
manipulations before proceeding with the full
experiment.

We expect that users are likely to report higher
levels of perceived responsiveness, perceived
information credibility, and perceived informational
support of ChatGPT, but higher levels of perceived
emotional support, perceived esteem support, and
perceived network support of the online advice
community.

5. Conclusion

To understand how and why the release of
ChatGPT can influence people’s engagement with
online advice communities, we conducted a
preliminary analysis of Reddit data, and we plan to
conduct another in-depth analysis of individual-level
secondary data, and a lab experiment. Our preliminary
analysis of subreddit-level data shows that users’
advice-seeking behavior (i.e., daily new posts) and
advice-offering behavior (i.e., daily new comments)
significantly dropped after the release of ChatGPT,
and the drop is stronger for health-related subreddits
than health-unrelated ones.

Being one of the first studies exploring the effect
of Large Language Models (LLMs), specifically
ChatGPT, on people’s online advice-seeking and
offering behaviors, this work holds potential for
several academic contributions. First, this study
enhances our understanding of the behavioral impact
of LLMs. By investigating how ChatGPT influences
people’s  engagement within  online advice
communities, this research can offer insights into the
transformative potential of Al in reshaping online user
behavior. Second, this study contributes to the
literature on the broader societal impacts of Al, and in
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particular on the impact of Al on online advice
communities, social interactions, people’s mental
health and general wellbeing. Advice-seeking and
advice-offering are important parts of people’s social
interaction behavior and social interactions play an
important role in physical and mental health (Manczak
et al., 2019). Third, by grounding our third study on
users’ engagement with online advice communities
with a specific focus on ChatGPT as a novel source of
advice, our study can contribute to the broader
literature about users’ perceptions of LLMs-generated
advice.

Our findings offer key practical implications for
online advice communities and platform designers.
The significant drop in users’ engagement with online
advice communities after the release of ChatGPT
suggests that users may turn to ChatGPT for advice
instead of online advice communities. Platform
designers may emphasize the uniqueness of human-to-
human interaction and the stronger emotional support,
esteem support, and network support in online advice
communities to maintain their competitiveness. Or,
designers can consider the integration of LLMs into
platforms, for example, allowing users to use LLM-
based chatbots to get instant responses to simple
questions to maintain users’ interest in the platform.

Our study is not without limitations. In this study,
we focus on users’ engagement activities in terms of
the number of questions/posts and answers/comments
posted online. In addition to this, it is possible that
users may use ChatGPT to generate or refine content
before they post the questions and answers online. For
example, before posting a question on Reddit, a user
may use ChatGPT to help her frame the question. Or,
before commenting on a post on Reddit, a user may
use ChatGPT to refine her response. Therefore, to
bring our work to full fruition, we plan to conduct a
follow-up study, a qualitative analysis of the posts and
comments, to enhance our understanding of how the
usage of ChatGPT may influence the linguistic and
semantic features of content posted on online advice
communities like Reddit. For example, if many users
rely on ChatGPT to generate or refine questions and
answers for them, the variety in content can diminish,
leading to a reduction in linguistic diversity. Extant
research also finds that LLM-generated content tends
to be more objective and neutral than human-
generated content (Guo et al., 2023). This can lead to
reduced expressions of emotions and subjective
opinions and feelings in content.

In addition, in this study, we only explore the
differences between users’ preferences for ChatGPT
and online advice communities for health-related and
health-unrelated issues. In the future, we plan to
conduct another study to explore how other

community features, such as community norms, may
influence users’ shift to ChatGPT.
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