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Abstract 

Responsible Artificial Intelligence (RAI) has 
emerged as a central concept to guide the development 
and use of artificial intelligence in government, yet its 
institutional implementation remains insufficiently 
understood. This study conducts a systematic literature 
review of 24 peer-reviewed articles to synthesize how 
organizational and governance structures enable or 
hinder the responsible implementation of AI in 
government. The findings reveal that while 
transparency, accountability, and legality are widely 
invoked as guiding principles, their realization depends 
on institutional capacity, organizational commitment, 
and the presence of formal governance mechanisms. 
The study contributes by consolidating fragmented 
evidence on RAI in government into a structured 
synthesis of organizational and governance 
determinants. Beyond mapping existing studies, it 
develops a conceptual framing that highlights how 
normative principles, organizational capacities, and 
governance mechanisms interact to shape 
implementation, and reveals the symbolic orientation of 
many current governance practices as a key challenge 
for moving toward actionable accountability.  

 
Keywords: Responsible Artificial Intelligence, 
government, Artificial Intelligence implementation, 
institutional theory, multi-level governance 

1. Introduction  

The rapid adoption of Artificial Intelligence (AI) in 
government promises efficiency and better services but 
raises concerns over transparency, accountability, and 
trust. International frameworks such as the OECD AI 
Principles (OECD, 2019) and the EU AI Act (European 
Union, 2024) emphasize the need for RAI, which is 
characterized by systems that  are lawful, ethical, and 
robust. 

The implementation of  RAI in government settings 
holds a uniquely critical role due to the state's legal and 
ethical obligations towards its citizens. While private 

companies are increasingly bound by emerging 
regulations such as the EU AI Act (European Union, 
2024), their compliance often centers on risk 
management, market accountability, and consumer 
protection. RAI in government requires accountable, 
lawful, and inclusive processes, especially when 
algorithmic decisions affect fundamental rights, or 
access to public services (Busuioc, 2021). 

While technical and ethical aspects of RAI are well 
studied (Floridi et al., 2020; Hagendorff, 2020; 
Mökander & Floridi, 2021), little is known about the 
organizational and governance structures that determine 
whether such principles are realized. Empirical and 
conceptual insights on how institutional settings shape 
the operationalization of RAI principles are fragmented 
across disciplines and cases (Mikalef et al., 2022).  

To address this gap, this study conducts a PRISMA 
2020 guided systematic literature review (SLR). The 
review is guided by the following research question: 

Which organizational and governance 
structures enable or hinder the responsible 
implementation of AI in government? 

The term government refers to public 
administrations and agencies at national, regional, and 
local level with statutory responsibilities. Governance 
structures denote rules, roles, and oversight 
arrangements that direct and control AI-related 
decisions across levels, while organizational structures 
describe intra-organizational arrangements within a 
single agency. RAI is understood in this study as an 
umbrella concept encompassing normative principles, 
such as transparency, accountability, and fairness. We 
therefore include both: studies explicitly using the RAI 
label and those that addressing these principles through 
organizational and governance mechanisms. 

By consolidating existing evidence, this study 
contributes (1) a structured overview of organizational 
and governance structures that enable or hinder RAI in 
government, and (2) a conceptual framework that 
distinguishes between symbolic and actionable 
governance. The results aim to support both academic 

Proceedings of the 59th Hawaii International Conference on System Sciences | 2026

Page 2043
URI: https://hdl.handle.net/10125/111643
978-0-9981331-9-5
(CC BY-NC-ND 4.0)



inquiry and institutional capacity-building for RAI in 
government. 

2. Theoretical background 

The responsible implementation of AI in 
government entails aligning technological deployment 
with normative principles such as accountability, 
transparency, non-discrimination, and human oversight. 
While widely endorsed (OECD, 2019; European Union, 
2024), their translation into organizational practice 
remains under-theorized. This section first outlines the 
normative grounding of RAI and then introduces three 
complementary theoretical perspectives to frame the 
institutional and structural conditions under which RAI 
in government can be realized. AI is defined here as “the 
ability of a system to identify, interpret, make 
inferences, and learn from data to achieve 
predetermined organizational and societal goals” 
(Mikalef & Gupta, 2021).  

2.1. Normative grounding: Principles of 
Responsible AI 

RAI is grounded in widely acknowledged 
principles including transparency, accountability, 
fairness, human oversight, and legitimacy (Floridi et al., 
2020; European Union, 2024; Jobin et al., 2019). These 
principles serve as a moral compass, but responsibility 
is treated here as a multi-dimensional construct that 
requires institutional and procedural operationalization. 
Unlike private firms, where RAI is often framed through 
risk management, governments must align these 
principles with democratic accountability and 
constitutional mandates (Wischmeyer, 2020; Veale & 
Zuiderveen Borgesius, 2021). 

2.2. Theoretical Perspectives on Organizational 
and Governance Dynamics 

To systematically analyze how organizational and 
governance structures shape the implementation of 
these principles, we draw on a combination of three 
theoretical lenses: First, the concept of multi-level 
governance (MLG) (Hooghe & Marks, 2001) provides 
a framework to understand the interaction of 
supranational, national, and organizational levels in 
shaping AI policies and practices. MLG helps to explain 
how responsibilities are shared between actors such as 
the OECD (OECD AI Principles) or EU (e.g., AI Act), 
national ministries, and local public organizations, often 
through task-specific, flexible structures (in the concept 
of MLG called Type II governance). While enabling 
innovation and coordination, this layered structure also 

creates risks of fragmentation and accountability gaps 
(Mökander & Floridi, 2021). MLG thus offers a useful 
lens to analyze how norms, roles, and responsibilities 
for RAI are negotiated across levels of government.  

Second, institutional theory (Scott, 2008) allows 
us to examine how regulative, normative, and cultural-
cognitive elements within organizations influence the 
adoption and enactment of RAI practices. Organizations 
adopt RAI measures not only due to formal rules but 
also to align with legitimacy expectations and societal 
norms (Meyer & Rowan, 1977). However, institutional 
pressures can also lead to symbolic compliance or 
decoupling, limiting substantive change. 

Third, insights from the field of Responsible 
Innovation (Stilgoe et al., 2013) and emerging RAI 
governance frameworks (Mökander & Floridi, 2021) 
help to bridge normative commitments with practical 
governance mechanisms, highlighting the importance of 
reflexivity, inclusiveness, and anticipation in 
sociotechnical systems. Recent RAI frameworks build 
on these principles to design mechanisms that translate 
ethical commitments into practice (Morley et al., 2023; 
Mökander & Floridi, 2021). Key elements include 
stakeholder participation, ethical impact assessments, 
and continuous monitoring. These frameworks provide 
normative grounding for what counts as "responsible" 
and guide the development of institutional and 
procedural safeguards in public AI systems 

Together, these theoretical perspectives provide the 
analytical foundation to examine how principles, 
governance mechanisms, and organizational capacities 
enable or hinder RAI in government. 

3. Methodology 

3.1. Research Objective and Review Question 

This study systematically reviews the scholarly 
literature on organizational and governance structures 
that enable or hinder the responsible implementation of 
AI in government. The analysis distinguishes between 
two structural layers: (1) governance structures as 
system-level arrangements across or between levels of 
government, and (2) organizational structures as 
intra-agency capacities and readiness conditions. The 
guding research question is: Which organizational and 
governance structures enable or hinder the responsible 
implementation of AI in government? For 
terminological consistency, government is used as the 
primary term in reporting and synthesis, in line with the 
scope defined in the introduction. 

To answer the research question, studies were 
coded and synthesized along four analytical dimensions: 
(1) Normative grounding and theoretical framing, 
(2) Governance structures and mechanisms, (3) 
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Organizational readiness, and (4) Implementation 
and evaluation. These dimensions cut across both 
governance and organizational layers, allowing for a 
systematic synthesis of how responsibility is 
conceptualized and operationalized in government AI 
use. 

3.2. Search Strategy 

The search covered four major databases (Scopus, 
Web of Science, ACM Digital Library, SpringerLink) 
and was conducted in March and April 2025. The search 
string combined keywords for AI, government, 
responsibility, and implementation, applying Boolean 
logic and truncation: 

● ("artificial intelligence" OR "AI") AND  
● ("public sector" OR government OR "public 

administration") AND  
● (responsible OR ethical OR trustworthy OR 

accountability) AND 
● (implementation OR adoption) 
To capture adjacent terminology, the broader term 

public sector was included, though all reporting 
consistently uses government as defined above. Results 
were limited to English-language peer-reviewed articles 
and conference papers  (2018–2026). 

3.3. Eligibility Criteria 

Inclusion was limited to peer-reviewed journals and 
conference articiles published in English between 2018 
and 2026, focusing on government organizations 
(national, regional, local). Eligible studies addressed 
responsibilty, ethics, or governance in the context of AI 
implementation. Excluded were gray literature, non-
English publications, purely technical work, and studies 
focusing exclusively on private sector, military, or non-
governmental cases unless tied to statutory public 
authority.  

3.4. Screening and Selection 

The initial database searches yielded n=682 records. 
After duplicate removal, screening of titles and 
abstracts, and full texts assessments against the 
eligibility criteria, 24 studies were included in the final 
synthesis (see Table 2). The process followed PRISMA 
2020 guidelines, ensuring transparency in selection and 
exclusion decisions, and is summarized in Figure 1.  

 

 
 

Figure 1. Study selection, assessment, and 
inclusion. 

 
 
The studies included in the review synthesis are 

presented in Table 2.  
 

Table 2. Overview of included studies. 
 

Reference Study Objective 
Bao et al., 
(2025) 

Public trust formulation across 
different AI applications in government 

De Almeida et 
al., (2021) 

Incorporation of AI guidelines in 
government  

Gasco-
Hernandez & 
Valle-Cruz, 
(2025) 

Benefits, opportunities, challenges and 
risks associated with AI in government 
organizations  

Haesevoets et 
al., (2025) 

Willingness to implement and to accept 
AI in government (originally labeled as 
“public administration”) 

Henan, (2020) Technological and governance 
innovations to improve government 
services using AI (orignally framed as 
“public services”) 

James & 
Whelan, 
(2022) 

Ethical AI in theory and practise of the 
Australian government social services 

Karamanou et 
al., (2023) 

Deployment of AI in government 
organizations (originally framed as 
“public administration”) 

Li & Yang, 
(2021) 

Implementation of RAI in the Chinese 
government 
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Madan & 
Ashok, (2023) 

AI tensions from AI implementation in 
government organizations (originally 
framed as “public administration”) 

Majrashi, 
(2024) 

Adaption of AI in government 
(originally framed as “public sector”) 

Medaglia, 
(2021) 

Overview about policy initiatives 
across the world in relation to AI in 
government 

Mergel et al., 
(2023) 

Implementation of AI in government 
contexts (original title uses “public 
sector”) 

Mikalef et al., 
(2022) 

Determinants of AI capabilities in 
European government agencies 

Neuman et al., 
(2024) 

AI adaption in government (originally 
framed as “public organizations”) 

Panda et al., 
(2025) 

Trends in AI research on government 
organizations (originally labeled as 
“public sector”) 

Popa, (2025) Analysis of the Dutch AI regulation in 
government agencies (originally 
framed as “public sector”) 

Straub et al., 
(2023) 

Analyses of AI-based systems for 
government  

Valle-Cruz et 
al., (2020) 

Policy-Cycle framework for AI in 
government and public administration 

Valle-Cruz et 
al., (2019) 

Review of current trends of AI in 
government 

Van Noordt et 
al., (2023) 

Analysis of national AI strategies in 
Europe 

Van Noordt & 
Tangi, (2023) 

AI capability and public value creation 
within government administrations 
(originally framed as “public 
administrations”) 

Van Noordt & 
Misuraca, 
(2022) 

Case study about AI use in European 
government organizations 

Wirtz et al., 
(2022) 

AI risks and guidelines framework for 
governments (originally referred to as 
“public sector”)  

Zuiderwijk et 
al., (2021) 

Review and research agenda about the 
use of AI in government 

3.5. Data Extraction and Synthesis 

A structured coding framework was developed to 
extract and synthesize relevant data. The data extraction 
matrix included 20 categories, clustered into five 
domains (1) bibliometric and methodological 
characteristic, (2) normative grounding, (3) governance 
structures and mechanisms, (4) organizational 
readiness, and (5) implementation and evaluation. 
Concepts spanning multiple domains (e.g., stakeholder 
engagement) were coded separatly at normative, 
governance, and organizational levels to ensure 
analytical clarity. The coding also distinguished 
between studies explicitly referencing RAI and those 
addressing core principles (e.g., transparency, 
accountability, fairness) without the label.  

Each study was coded using binary, nominal, and 
ordinal variables. The author performed the main 
coding, supported by an external research assistant to 
ensure coding consistency. Coding was conducted 
manually and calibrated through an initial pilot phase 
with six studies. Intercoder reliability was tested using 
Krippendorff’s alpha on a random 25% subsample, 
resulting in a=0.78, which exceeds the recommended 
threshold of 0.70. Discrepancies were resolved 
iteratively.  

The extraction matrix was implemented in Excel, 
supporting both descriptive statistics and qualitative 
content analysis. Findings are reported through 
narrative synthesis and descriptive visualizations (e.g., 
tables, matrices), structured along the four analytical 
dimensions to highlight conceptual trends, 
implementation patterns, and gaps, with particular 
attention to how responsibility is operationalized and 
linked to organizational or structural conditions. 

4. Results 

Based on the systematic analysis of n=24 peer-reviewed 
studies, this review reveals a multifaceted yet 
fragmented landscape of how organizational and 
governance structures shape the RAI implementation in 
government. The findings are structured along the 
above-mentioned four analytical dimensions:                      
(1) Normative grounding and theoretical framing, which 
provides the broader context, (2) Governance structures 
and mechanisms, (3) Organizational readiness, and (4) 
Implementation and evaluation. While normative 
grounding illustrates the principles underpinning 
responsibility, the synthesis emphasizes governance 
mechanisms, organizational readiness, and evaluation 
practices as the key structural determinants of RAI in 
government. These dimensions illustrate how 
institutional and organizational arrangements shape the 
operationalization of responsibility in practice.  

4.1 Normative grounding and Theoretical 
framing 

To identify how responsibility is conceptualized in 
the literature, the studies were coded for definitions, 
normative references, and conceptual elements related 
to RAI. Studies were included in the analysis as part of 
the RAI discourse insofar as they address organizational 
and governance conditions relevant to responsibility, 
even if they do not use the term RAI explicitly. This led 
to the identification of six recurring thematic 
dimensions. 

A substantial share of the literature (18 out of 24 
relevant studies) employs theoretical frameworks –  
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indicating a high degree of conceptual maturity. Yet, 
only those studies that deal with RAI governance, but 
do not relate to government (and are not included in the 
identified studies), have clear RAI definitions (e.g., 
Freiman, 2023; Papagiannidis et al., 2025; Batool et al., 
2025). All studies on RAI in government only define the 
term RAI implicitly or not at all. RAI in 
government refers to the ethical, transparent, 
accountable, and effective use of AI technologies by 
government entities to enhance public services and 
governance while mitigating risks and addressing 
societal concerns. The following key components of 
RAI in government are identified in the review: 

(1) Ethics and Accountability: AI systems must be 
designed and implemented with a strong ethical 
foundation, ensuring fairness, transparency, and 
accountability in decision-making processes (De 
Almeida et al., 2021; Gasco-Hernandez & Valle-Cruz, 
2025; Henman, 2020; James & Whelan, 2022; Li & 
Yang, 2021; Mergel et al., 2024; Mikalef et al., 2022; 
Neuman et al., 2024). Governments must establish clear 
policies and regulatory frameworks to govern AI use, 
addressing issues such as bias, discrimination, and 
privacy (De Almeida et al., 2021; Gascó-Hernández & 
Valle-Cruz, 2025; Henman, 2020; Straub et al., 2023).  

(2) Transparency and Explainability: AI systems 
should be transparent, allowing stakeholders to 
understand how decisions are made and ensuring that 
AI-driven processes are explainable (Gascó-Hernández 
& Valle-Cruz, 2025; Henman, 2020; Neumann et al., 
2024; Popa, 2025; Straub et al., 2023; Valle-Cruz, et al., 
2020; van Noordt et al., 2023).  

(3) Public Trust and Acceptance: Building public 
trust is crucial, which requires governments to be open 
about AI applications and their impacts on citizens (Bao 
et al., 2025; De Almeida et al., 2021; Haesevoets et al., 
2025; Gascó-Hernández & Valle-Cruz, 2025; Henman, 
2020; Majrashi, 2024; Medaglia et al., 2021; Popa, 
2025; Wirtz et al., 2022). Addressing ethical concerns 
and ensuring that AI systems do not erode human 
strategic capacity is essential for maintaining public 
confidence (Gascó-Hernández & Valle-Cruz, 2025). 

(4) Stakeholder Engagement and Public Values: 
Effective AI governance requires broad inclusion of 
diverse public values and active stakeholder 
participation. This is crucial for addressing governance 
challenges and ensuring that AI systems align with 
public interests (Chen et al., 2023). The literature 
underscores the importance of integrating public values 
into AI governance. This includes ensuring 
transparency, accountability, and collaboration to 
address the ethical and societal implications of AI 
(Madan & Ashok, 2023; Popa, 2025; van Noordt, 
2023;). 

(5) Regulatory and Legal Frameworks: 
Governments must develop and enforce legal 
frameworks that ensure AI systems comply with 
existing laws and ethical standards (Henman, 2020; 
Gascó-Hernández & Valle-Cruz, 2025; Straub et al., 
2023). This includes creating standards for data privacy, 
algorithmic bias, and ensuring that AI systems are used 
responsibly (Panda et al., 2025).  

(6) Efficiency and Innovation: AI can significantly 
improve the efficiency of public administration by 
automating routine tasks, enhancing decision-making, 
and optimizing resource allocation (James & Whelan,  
2022; Madan & Ashok, 2023; Neuman et al., 2024; 
Valle-Cruz et al., 2020; Van Noordt & Misuraca, 2022; 
Van Noordt & Tangi, 2023; Wirtz et al., 2022). 
Governments should leverage AI to innovate public 
services while being mindful of the potential risks and 
ethical implications (Li & Yang, 2021). 

This suggests that, despite the normative richness 
of the discourse, the lack of precise, shared definitions 
hampers operationalization, comparability, and 
practical implementation. Responsibility often remains 
a rhetorical or aspirational term rather than a precisely 
defined and actionable concept. 

4.2 Governance Structures and Mechanisms 

Governance structures – the formal and informal 
rules, roles, and oversight arrangements that direct and 
control AI-related decision-making across and between 
levels of government – play a pivotal role in enabling 
RAI implementation. Individual studies illustrate this by 
showing how governance arrangements shape ethical 
concerns, whether through hierarchical mandates, cross-
agency coordination, or procedural review bodies (e.g., 
Misuraca & van Noordt, 2020). Others highlight, 
governance mechanisms such as national standards, 
ethics boards, impact assessments, and stakeholder 
councils as safeguards to promote accountability and 
legitimacy (e.g., Nemitz, 2018). These system-level 
governance structures (Section 4.2) are analytically 
separated from organizational structures within single 
agencies (Section 4.3). 

Based on the review, the following patterns of 
governance structures and mechanisms were identified 
across the included studies: RAI governance is 
addressed predominantly at the national level (n=9), 
followed by governance arrangements located at the 
organizational level (n=6), by multi-level (n=5), and 
supranational (n=2) approaches, with only two studies 
not specifying the level of analysis. The most frequently 
mentioned mechanisms are standards (n=8), followed 
by ethics boards (n=4),  impact assessments (n=2), and 
audits (n=2) – which often operate at the organizational 
level but can function as governance mechanisms when 
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externally mandated. Notably, eight studies do not 
mention any concrete governance mechanisms. 

Stakeholder involvement is discussed in most 
studies (n=14), but primarly in normative terms, 
typically as a principle of legitimacy and accountability. 
Few studies specify concrete mechanisms such as 
advisory boards, ethics conucils, or mandated 
consultations, and even fewer provide evidence of how 
such mechanisms affect implementation. Eight studies 
do not mention stakeholder participation at all. Detailed 
operationalizations of participatory formats are largely 
absent.  

These results underscore system-level governance 
as a cornerstone of RAI in government – primarily 
conceptualized as a layered system spanning various 
jurisdictional levels. The frequent emphasis on 
standards reflects a desire for formalized accountability. 
However, many governance mechanisms remain 
abstract, and participatory formats are rarely 
operationalized, posing challenges for practical 
implementation and accountability. 

4.3 Organizational Readiness  

The notion of organizational readiness – the extent 
to which an institution possesses the capabilities, 
resources, and leadership to adopt innovations (Weiner, 
2009) – has been extended to AI-specific contexts (Uren 
& Edwards, 2023). Recent studies highlight the 
importance of institutional capacity for RAI, 
particularly regarding internal data governance 
practices, ethical awareness, and adaptive learning 
(Mikalef et al., 2022; Popa, 2025). 

Yet, a systematic understanding of which 
organizational arrangements support or hinder the 
responsible implementation of AI in government 
remains limited. This review addresses this gap by 
synthesizing empirical insights across disciplines and 
contexts. Based on the review several critical barriers to 
RAI implementation were identified: cultural resistance 
(n=18), lack of technical and ethical competencies 
(n=17), legal constraints (n=14), and data quality issues 
(n=11). Conversely, key enablers include: institutional 
support (n=17), strategic alignment (n=15), and 
dedicated funding (n=15) (for the identification of both 
barriers and key enablers studies may appear in more 
than one category). Organizational instruments such as 
training programs, change initiatives or leadership 
development were not systematically reported. 

These findings suggest that organizational 
readiness is a non-trivial prerequisite for RAI adoption. 
Institutional commitment, strategic alignment, and 
dedicated funding appear to be essential drivers, while 
operational change strategies remain underexplored. 
This points to a significant research and implementation 

gap regarding capacity-building and change 
management within government organizations.  

4.4 Implementation and Evaluation 

While normative principles and governance 
mechanisms are essential, their real-world relevance 
ultimately hinges on successful implementation and 
systematic evaluation. In the context of RAI, 
implementation refers not only to the technical 
deployment of AI systems but also to the institutional 
embedding of ethical, legal, and social safeguards 
(Neumann et al., 2024). Popa (2025) argues on the 
example of the Dutch perspective in AÌ governance, that 
good AI governance practices need to fit the context into 
which it is developed. Evaluation, in turn, serves as a 
critical feedback mechanism to assess whether AI 
systems perform in alignment with these safeguards and 
societal expectations (Valle-Cruz et al., 2019; Popa, 
2025). However, evidence on how RAI principles 
translate into practice – and how their outcomes are 
assessed – remains fragmented and limited. 

The review identified limited but heterogeneous 
evidence on how implementation and evaluation of RAI 
are addressed on government contexts. The following 
synthesis presents the main patterns observed across the 
included studies: 19 studies explicitly report on 
implementation phases – ranging from planning (n=7) 
and pilot deployments (n=2) to full-scale deployment 
(n=10). Reported outcomes are sparse: nine studies 
describe partial success, one study mentions failure, and 
the other studies provide no outcome assessment. 
Evaluation criteria are equally fragmented, including 
ethical alignment (n=18), effectiveness (n=15), legal 
compliance (n=8), and user satisfaction (n=4) (studies 
may appear in more than one category); more than half 
of the studies do not report any criteria. 

These results suggest that the empirical grounding 
of RAI remains limited. Even when implementation is 
discussed, success and impact are rarely defined or 
measured. Evaluation approaches lack consistency and 
operational clarity, underscoring the urgent need for 
robust, context-sensitive assessment frameworks for 
“responsibility” in real-world AI systems. 
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5. Discussion 

The most important results are shown in the 
following table together with the respective effects:  
 

Table 3. From findings to theory: mapping 
review insights on RAI in government. 

 
Finding Example 

from 
reviewed 
studies 

Theoretical 
lens 

Normative 
fragmentation 
and stakholder 
rhetoric: ethical 
principles are 
invoked, but 
rarely 
institutionalized
; stakeholder 
engagement is 
mentioned, but 
without 
operationalizati
on. 

Valle-Cruz 
et al. (2020) 
identify 
participation 
as a guiding 
principle, yet 
provide no 
evidence of 
systematic 
involvement 
mechanism. 

Institutional 
decoupling: 
principles 
proliferate 
without 
corresponding 
structures to 
enact them ® 
conceptual 
fragmentation. 

Conceptual 
fragmentation 
of RAI: few 
studies 
explicitly 
employ RAI as 
an umbrella 
concept; most 
address isolated 
aspects without 
embedding them 
in a 
comprehensive 
framework. 

Van Noordt 
& Misuraca 
(2020) and 
Mergel et al. 
(2023) note 
that RAI is 
rarely 
treated as a 
coherent 
field in 
government 
research. 

Need for 
integrated 
framework: 
interrelation 
of principles, 
governance 
mechanism, 
and 
organizational 
capacities  ® 
symbolic vs. 
conceptual 
fragmentation. 

Symbolic 
governance 
mechanisms: 
standards, ethics 
boards, impact 
assessments, 
and audits are 
referenced, but 
rarely enforced 
or 
operationalized. 

Misuraca & 
van Noordt 
(2020) show 
that AI 
ethics 
guidelines 
are adopted 
by European 
governments
, but with 
little 
evidence of 
enforcement. 

Symbolic 
compliance/ 
decoupling: 
formal 
structures 
adopted for 
legitimacy 
rather than 
substantive 
change. 

Fragmentation 
across levels of 

Popa (2025) 
illustrates 

Multi-level 
governance 

government: 
RAI governance 
shows overlap 
and gaps across 
supranational, 
national, and 
organizational 
levels. 

how Dutch 
AI 
governance 
requires 
contextual 
implementa-
tion, but 
struggles 
with 
alignment to 
EU 
principles. 

theory: 
overlapping 
mandates and 
resource 
asymmetries 
hinder 
coherent 
implementa-
tion. 

5.1 RAI in Government: Between Normative 
Aspirations and Institutional Realities  

As summarized in Table 3 (row 1), the review 
shows that the dicourse on RAI in government remains 
largely normative. Principles such as transparency, 
fairness, and accountability are widely referenced, but 
their institutional embedding is limited, and stakeholder 
engagement is often invoked more as a rhetoric than as 
an operationalized practice. Importantly, the lack of 
explicit use of RAI as an umbrella concepts indicates 
conceptual fragmentation. Many studies address single 
aspects without embedding them in a comprehensive 
RAI framework. This fragmentation makes it 
challenging for organizational and governance 
structures to translate responsibility into practise. This 
reveals a persistent implementation gap between high-
level values and operational practice. While AI 
governance in the private sector often aligns with 
broader corporate risk management, government 
agencies must operate under the constraints of legal 
mandates, public accountability, and service equity. The 
results underline that effective RAI implementation 
requires both top-down governance and bottom-up 
organizational adaptation. 

5.2 RAI in Government as a Distinct Research 
Domain 

Table 3 (row 2) highlights that only few studies 
explicitly conceptualize RAI as a coherent field in 
government research, while most address isolated 
aspects such as trust or accountability. Responsibility is 
often treated as an umbrella term, lacking analytical 
precision and empirical operationalization. 
Conceptually, RAI in government can be understood as 
the interrelation of normative principles, organizational 
capacities, and governance mechanisms which jointly 
shape whether responsibility remains symbolic or 
becomes actionable. This relationship can be 
summarized as:  
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Principles ® Organizational Capacities ® 
Governance Mechanisms ® Symbolic vs. Actionable 
Implementation of RAI in Government.  

Such a framing could foster cumulative knowledge, 
support the development of tailored governance 
frameworks, and provide actionable insights for 
governments. 

5.3 Symbolic Governance and Implementation 
Gaps 

The review identifies two recurring patterns, shown 
in Table 3 (rows 3 and 4): governance mechanisms, such 
as standards or ethics boards are often symbolic, and 
implementation is fragmented across supranational, 
national, and organizational levels. Together, these 
findings point to legitimacy-seeking structures that lack 
substantive operationalization and to the challenges of 
multi-level governance.  

The phenomenon of symbolic governance emerges 
when ethical structures are created without meaningful 
integration into decision-making processes. The result is 
a governance landscape shaped by performative ethics, 
in which legitimacy is claimed without structural 
change. Addressing this challenge requires not only new 
instruments but also shifts in administrative culture and 
capacity. These findings can also be interpreted through 
insights from institutional theory, which highlight how 
organizations often adopt formal structures 
symbolically to demonstrate legitimacy rather than to 
substantively change practices (Meyer & Rowan, 1977). 
Fragementation across supranational, national, and 
organizational level further illustrates the complexity of 
multi-level governance, where overlapping mandates 
and resource asymmetries hinder coherent 
implementation. Similarly, the frequent invocation but 
limited institutionalization of stakeholder engagement 
points to a gap between participatory rhetoric and actual 
capacity. This perspective reinforces the review´s 
central insight that much of current RAI governance 
remains symbolic, underscoring the need for 
institutional designs and organizational capacities that 
translate normative commitments into actionable 
accountability. 

5.4 Implications for Research and Practice 

As illustrated in Table 3 (rows 5 and 6), evaluation 
criteria for RAI remain underdeveloped and fragmented, 
and organizational readiness is frequently identified as 
a barrier to implementation. These gaps highlight the 
need for tailored governance instruments, 
multidimensional evaluation, and systematic capacity-

buidling to move from symbolic commitments to 
actionable responsibility. 

The review findings underscore several priorities 
for advancing RAI in government as a distinct research 
and practice field: (1) The analysis revealed, that while 
many studies refer to standards, ethics boards, impact 
assessments, or audits, these mechanisms often remain 
abstract or symbolic and are rarely adapted to the 
institutional logics of government. Future research 
should therefore move beyond “copy-paste” transfers 
from the private sector. Instruments must reflect the 
legal, organizational, and political specificities of 
governmental bodies (Zuiderwijk et al., 2021). (2) 
Integrated evaluation approaches: Only a minority of 
studies provided outcome assessments or 
operationalized evaluation criteria. Those which did,  
often focused narrowly on technical or procedural 
dimensions. This gap highlights the need for 
multidimensional tools that can capture not only 
technical performance but also procedural fairness, 
democratic legitimacy, and social impact (Wirtz et al., 
2022). (3) Reflexive, learning-oriented governance: The 
findings showed that stakeholder involvement is 
frequently mentioned but rarely operationalized, 
suggesting that current formats remain largely 
symbolic. Strengthening adaptive, participatory, and 
iterative approaches – such as policy labs, co-design 
processes, and impact assessments – would allow 
governments to institutionalize learning and 
continuously negotiate responsibility in practice (van 
Noordt & Misuraca, 2020). 

For practitioners, this implies a shift from symbolic 
references to responsibility toward actionable 
institutional formats. Embedding adaptive governance 
and robust evaluation within government organizations 
can create the structural capacities necessary to move 
from abstract commitments to the practical realization 
of RAI in government. 

5.5 Contribution and Limitations 

This review contributes to the emerging field of 
RAI in government by providing the first structured 
synthesis of organizational and governance 
determinants of implementation. The analysis shows 
that while transparency, accountability, and legality are 
widely invoked as guiding principles, their practical 
realization remains uneven, often constrained by limited 
organizational readiness, unclear governance 
mechanisms, and insufficient institutional capacity. 

A critical insight of this review is the symbolic 
orientation of many governance instruments. Ethic 
boards, and standards are frequently referenced, yet 
rarely operationalized in ways that provide enforceable 
accountability. This points to a disjunction between 
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discursive commitments to responsibility and the 
institutional capacities required for their realization.  

The study contributes (1) the first systematic 
synthesis of enablers and barriers to RAI in government, 
and (2) a conceptual framework that distinguishes 
between symbolic and actionable governance. This dual 
contribution supports cumulative research and guides 
institutional efforts to transform RAI from an 
aspirational discourse into a set of institutionalized 
practices capable of ensuring trustworthy and value-
oriented AI in government. 

However, the analysis is limited to peer-reviewed 
literature in English and may overlook important 
insights from gray literature and non-English contexts. 
Furthermore, the implementation depth of RAI 
mechanisms described in the literature is not empirically 
evaluated. Future research could use case studies and 
design science approaches to assess the practical 
relevance and effectiveness of proposed instruments. 
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