Proceedings of the 59th Hawaii International Conference on System Sciences | 2026

Rethinking Retail Location Decisions:
Industry insights into decision-making practice

Tony Hernandez & Joseph Aversa
Toronto Metropolitan University
thernand@torontomu.ca

Abstract

Retail location decision-making is facing growing
challenges as consumer behavior becomes more
complex and dynamic. This paper draws on ten in-depth
interviews with location decision-makers at major
Canadian retail and service firms. While traditional
decision-making practices continue to dominate, there
is an increasing interest in leveraging spatial big data
and applying data science and geospatial artificial
intelligence (GeoAl). Yet, many organizations remain
cautious, often relying on institutional knowledge or
rebranding existing tools rather than wholly embracing
innovation. Experimentation with data science and
GeoAl is taking place. However, its effective integration
will require strong leaders and better collaboration
between data science teams and decision-makers to
align analytical models with experiential judgment.
Nevertheless, the shift from legacy decision-making
toward more adaptive data science and GeoAl-informed
strategies is underway. This transition marks a strategic
inflection point, with the success of new approaches
depending on how well firms overcome inertia and
foster innovative decision cultures.

1. Introduction

Retail location decision-making (RLDM) is a well-
established area of applied business geography with a
long legacy of geographers, economists, marketers, and
urban planners (among other disciplines) bridging
theory with practice [1-2]. Seminal works by academics
(and academic practitioners) such as Applebaum,
Burgess, Christaller, Cox, Haig, Hotelling, Huff, Losch,
Nelson, and Reilly have provided a foundation of
theories that relate to urban form and function,
locational dynamics of commercial activity, and
consumer behavior [3]. While RLDM draws on long-
standing theories, contemporary studies of RLDM have
tended to focus on corporate retailers with extensive
store networks [4]. Given the increasing levels of
corporate concentration in the retail sector, with a
smaller number of retailers controlling a larger share of
the market, it is amongst these firms that location
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decisions can have the most profound effect on success
or failure [5].

Several aspects of retail locations have significant
implications for the retail firm, particularly in relation to
the level of investment, which in turn affects the degree
of decisional risk. First and foremost, location decisions
are often high-cost, a fact that is documented in a review
of any major retailer’s annual report or through
mainstream business news media. Location decisions
are a highly visible part of a retailer’s strategy [6].
Success and failure are equally visible, for example, in
the opening or closure of stores, which signal the vitality
of the retail business not only to market analysts and
investors but ultimately to the end consumer.

The physical bricks-and-mortar of location decisions
typically mean that they are: (1) a form of ground
capital, not easily moved or transferred; (2) a long-term
contractual risk in either the form of freehold ownership
or lengthy leasehold agreements; and, as a result (3)
subject to investment inertia, with location decisions
seen as major commitments [7-8]. As a result, RLDM
has been a critical element of a retailer’s strategy [9-10].

It is also worth noting that in recent years, the
complexity of RLDM has increased significantly in
parallel with shifts in customer behavior, which have led
to the adoption of both physical (offline) and virtual
(online) spaces. The so-called ‘phygital’ (physical and
digital) era has left retailers needing to blend online and
offline to create seamless experiences for their
customers. Retailers are now needing to transform their
physical store locations to meet the needs of their online
(digital) channels. There has been growing pressure to
create ‘experiences’ for shoppers, with retailers
innovating with new store concepts and integrating
technology in-store to service the experiential needs of
their customers. At the very core of RLDM, retailers are
assessing the value of their locational footprint, for
example, by looking at ways to rightsize or downsize
their store networks to address the thorny question of
how much physical space is needed in the phygital
world.

Numerous studies over the last few decades have
focused on RLDM from both organizational and
technological perspectives [11-14]. These studies have
focused on the growing use of data [15-16] (most
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recently spatial big data[17-19]) technology [20]
(especially geospatial technology [21-23]) and
techniques [24-27] (from simple analogue methods to
spatial interaction models) within RLDM. A common
theme has been the balance between decision-makers’
grounded experience and the associated management of
institutional knowledge versus data and technological
change [28-29]. For example, the adoption,
development and use of Geographical Information
System (GIS) technologies from the 1990s or the
integration of spatial big data and associated cloud-
based analytics from the 2010s. With the rapid
developments taking place in data infrastructures,
computing power, and techniques (especially data
science, Al, and GeoAl), there is an ongoing need to
assess how these are being integrated within RLDM and
real-world practice. This paper reports on findings from
a study of RLDM amongst major retail and service firms
operating in Canada. The study aims not only to
examine current practice but also to explore the
evolution in the availability, adoption, use, and
development of data, technology, and techniques within
RLDM.

2. Methodology

The research employed a two-stage approach,
combining quantitative and qualitative methods. First,
an online survey was conducted among 250 location
decision-makers from Canada’s leading retail and
service firms. The survey had a 25.6% response rate,
yielding 64 valid responses (see Aversa et al. [30] for
full methodological details). The survey results
provided an initial overview of how firms were
approaching analytical tools in location decision-
making, highlighting three recurring areas of concern:
(1) varying levels of awareness and use of advanced
analytical techniques, with many firms still relying
heavily on experiential or “intuitive” approaches; (2)
perceived barriers to adoption, including cost, data
availability, and internal analytical capacity; and (3)
divergent views on the appropriate balance between
quantitative evidence and managerial judgment in
strategic decision.

The semi-structured interviews were conducted
virtually to provide maximum flexibility for
respondents. The interviews were recorded with the
interviewee’s permission and then transcribed manually
to ensure accuracy. The interview questions covered
three key themes. Once transcribed, the data were
analyzed manually through a systematic coding process.
An initial round of open coding was conducted to
identify recurring ideas and concepts, followed by axial
coding to organize these into broader categories and

relationships. To enhance rigor, the coding framework
was developed by two analysts and refined through
repeated readings of the transcripts, with constant
comparison across interviews to ensure consistency and
to capture nuances in the data.

The interview questions covered three key themes:

1. Decision context and experience — to establish
the nature and extent of location decision-
making at the interviewee’s firm and their level
of expertise (current firm and within the
industry).

2. Location planning — a set of questions related
to the data, techniques and technology used
within the interviewee’s firm. These questions
probed into the data capacity and infrastructure
in place to support location decision-making.

3. Decision culture — these questions explored the
interviewee’s mindset and skill sets related to
decision support, as well as their views on the
overarching decision culture in place at the
firm.

Table 1. Profile of Interview Sample

Industry

Job Title .
Experience

Sector

Senior Vice
President, Real
Estate

Senior Vice
General President, Real
Merchandise Estate

Senior Market
Analyst, Real
Estate & Market
Development

20+ yrs

11-20 yrs

<=10 yrs

Hobby Vice President 20+ yrs

Senior Vice
President, Real
Estate

Senior Director,
Network Strategy
& Planning
Director, Data,
Analytics &
Research
Director, Market
Development
Vice President,
Development
Retail Spatial
Analytics

Entertainment 20+ yrs

Financial Service 11-20 yrs

Commercial Real

Estate <=10yrs

20+ yrs

Food Service
11-20 yrs

Spatial
Consultant

20+ yrs
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Interview participants were informed of the purpose of
the study, the voluntary nature of their participation, and
the assurance of confidentiality. Consent was obtained
before each interview, including explicit permission to
record the conversation. Ethical approval for the study
was granted by the Research Ethics Board (REB) at
Toronto Metropolitan University, ensuring compliance
with established standards for research involving human

participants.

3. Key Findings by Theme

The findings are organized according to the semi-
structured questions that were asked. Note that the
questions related to the decision context and the
experience of the interviewees are not included to
maintain confidentiality. Therefore, the findings focus
on data, techniques, technology, and decision culture.

3.1. Data

There has been a widespread growth in data volume,
variety and velocity in recent years within RLDM. This
was echoed in the interviews with the following quotes
capturing the sentiment that, in general, the availability
of data is not an issue:

there is a ton of internal data
Financial Services

we utilize data to make decisions to be constantly on the
attack
Food Service

we have more data than what we thought... oh we
already have that... we have more than enough data
General Merchandise

we have our big data insights team... everyone has
access to a lot more data
Food Service

The use of cloud data storage was also raised as an issue,
as some interviewees were challenged due to holding
some data on local servers and other data on cloud-based
servers, as well as associated corporate data lakes.

not all of our data is available on the cloud, really
dependent on the data sets you are pulling
Entertainment

A few of the interviewees did, however, caution that the
availability of data can mask the challenge of how to use
the data effectively and that vendors and consultants

often oversold the merits of data solutions they were
selling, as two interviewees noted:

it’s not an issue of getting data... it’s an issue of whether
or not people are using the right tools and analyses to
solve problems

Entertainment

the consultants will always tell you they have this stuff,
and when you dig around, it is not as rich as you'd
hoped it could be

Financial Services

3.1.1. Customer Journeys. A theme that resonated
across the interviews was the growing need and
expectation to conduct analysis and support decisions
from the perspective of providing insights into customer
journeys. As two of the Food Services interviewees
noted:

it’s all about understanding the connectivity and the
path to journey
Food Service

trying to drive an understanding of how our customer
sees us
Food Service

The complexity of tracking path-to-purchase behaviours
and the circular nature of customer journeys were
viewed as additional challenges. Communicating how
spatial analysis can help understand the connectivity of
touchpoints along the journey was seen as a challenge
in some cases, as reflected by one interviewee:

1 think geography primarily underlies the majority of the
problems you're trying to solve... and it’s not always
recognized

Entertainment

3.1.2. Mobile Data. The burgeoning spatial big data
marketplace was seen as a double-edged sword, with
transformative opportunities on the one hand:

mobile data is better than anything we had in the old
days... it has been transformative
Spatial Consultant

And on the other hand, mobile big data was seen as
being challenged with a series of deep-rooted concerns
about privacy, the difficulties in conducting meaningful
time series analysis and the inherent bias in the data:
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the biggest limitation to that stuff [mobile data] is
privacy... at the end of the day, you don’t want to know
there is a phone in there, you want to know whose phone
it is

Entertainment

for over time, we don’t really look into mobile data
Food Service

As one interview noted, if you already have an extensive
in-house customer database, the need for additional
mobile data, given the above concerns, is limited:

mobile data... if anything we might move away from it...
we already have a decent (customer) database
General Merchandise

3.2. Techniques

RLDM offers a wide range of techniques to support
informed  decision-making. From  fundamental
comparative methods, such as analogues and checklists,
to more sophisticated data science-based methods,
including machine learning and real-time demand
forecasting. There was a general perspective that, while
the traditional, less data-intensive methods and
established technologies (such as GIS) were still used:

experience is more for existing stores
Food Service

GIS is one of many tools we use to make locational
decisions, a very important one we wouldn’t be without
Financial Services

for sales forecasting, it is just regression right now
General Merchandise

we do a lot of post-auditing for projects we have done,
then see if any of our proposed projects are similar
General Merchandise

There were growing pressures to adopt new techniques
that would leverage the rapid growth in the data
available within the firm from both internal and external
sources:

we rely heavily on trade area analysis, customer
database, sales forecasting and machine learning is
starting...

Food Service

we are trying to refine the art so that we can project
better
Food Service

The balance between the ‘art’ and ‘science’ of RLDM
was a common theme amongst the interviewees. As one
interviewee noted, the complexity and fluidity of
consumer behavior are beyond a single-modelled
answer:

you could have IBM’s latest prototype Al and you just
can account for the fact that someone’s [behavior] at a
particular time and day is predicated on a zillion
different things, so you just can’t model that
Entertainment

3.3. Technology

There were concerns raised that many of the new
technology-driven  solutions  were  essentially
approaches that have been either previously proven and
in use or simply over-hyped:

data science is dressing of methods that we’ve been
using for years it’s a bit like with big data, you know
people talk big data...we were using big data before...
it just did not have a name

Entertainment

The thing with Al is people who run the regression
model that they call it Al, it’s a basic stats model...
rebadged a lot of things we 've done for years
Commercial Real Estate

every consulting firm has their all-in-one package... you
hear them out, and they are not selling you anything you
do not already know

Financial Services

we like to think we can do everything with AI machine
learning... everybody here has been doing this for
decades, so they all know what makes a good site and
what makes a marginal site

Food Service

3.4. Decision Culture

The interviews revealed a growing tension between
established decision-makers and new teams focused on
data science and AI. There was a fair degree of
skepticism as to the merits of the new breed of data
models and methods. And an across-the-board
perspective that you cannot extricate experience from
RLDM:
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we have tried to acquire greater sophistication, but it
doesn’t really work... it didn’t yield anything that was
actionable

General Merchandise

1 think we’re a data driven organization, so we use the
data first and then we want to make sure that that data
matches up with what our intuition is... there’s always
going to be something, experience, I don’t know if you
could build it into the models I've seen

Entertainment

you know we’ve got a lot of data science people with
data science backgrounds and math backgrounds, but
they’re reliant on sort of institutional knowledge that
they don’t quite understand. But right now, based on the
level of maturity of the data science team, being a fairly
new team with fairly new leadership they re reliant on
sort of the rest of the company to support them
Entertainment

3.4.1. Inertia. There were many comments made by the
interviewees about an underlying reliance and falling
back on the ‘way of doing things’. The following quotes
capture the inertia:

corporate inertia... this is the way we've done it in the
past and we are going to keep doing it that way... it was
good enough for the last decision we made it’s good
enough for this decision

Spatial Consultant

at the end of the day, most of the time they keep on doing
what they are doing... they see the value... 80% of the
time they have their own way of doing things
Commercial Real Estate

some teams get pretty protective of their tools and
things... you know you best not be hoarding... it is a
good way to get into trouble around here right now for
sure

Financial Services

3.4.2. Intuition and gut feel. The theme of experience-
based decision-making and the gut feeling associated
with decision-making was a common thread across all
the interviews. These types of inputs are complicated to
integrate into a data science and Al framework:

there is always going to be an element of gut
General Merchandise

with intuition you always have someone emotionally
invested, whereas with data you can stand back
Food Service

you get as much information as you can, you feel as
good as you can about it, and you stick your neck out
General Merchandise

before we make a decision, we have to have that gut
reaction to it
Financial Services

3.4.3. Local knowledge. The physical and tactile nature
of RLDM was also reflected in the interviews. Nearly
all of the interviewees indicated that they spend time in
the field on store visits, ground-truthing the data and
forming and questioning their gut feelings. The need to
see the location, to drive the market, to visit competitor
stores and other own stores was seen as critical to
shaping the decision:

the CEO goes to the market to bless the store, bless the
market, bless the site. Then we are good to go
General Merchandise

youve got to go there and got to touch the dirt
Food services

our local knowledge of a particular site and that usually
carries a substantial weight
Entertainment

analysis first, confirmation with intuition, after that go
to see how the site feels
Food Service

we do a lot of site visits we do a lot of qualitative work
Financial Services

3.4.4. Institutional knowledge. The challenge of
quantifying decision-maker experience within models
and the management of institutional knowledge
appeared to validate the need for more experience-based
inputs as a safety valve to the decision-making process:

we are essentially meant to be the subject matter experts
on all things real estate and location based. So they ’re
reliant on us to provide the latest market conditions,
market updates, you know micro market updates, things
of that nature that would impact our decision making
short, medium and long term on a particular asset
Entertainment

are you asking the right question because sometimes
people think they’re solving something by asking a
particular question, but without that institutional
knowledge they may not be asking the right question
Entertainment
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3.4.5. Time-pressured. The considerable time
pressures placed on RLDM teams were evident in the
responses of the interviewees. With RLDM, it is not just
about opening and closing stores but also, for example,
deciding which stores to renovate, relocate, or
redevelop. As a result, it is typical for RLDM teams to
be faced with a substantial workload of locations to
review, analyze, visit, and report on. Such time
pressures served to limit the amount of analysis that
could be undertaken for each decision:

without going overboard... not getting into analysis
paralysis, we don’t have time for that
General Merchandise

[justifying investment in decision support] this is way
harder than I thought, because they don’t understand,
we’re running right now at full speed all the time and
there is no stopping. How do you coach them that’s what
I'm really struggling with at the moment... if they fully
understood they would invest more

Food Service

because we are doing so many stores, we need speed
General Merchandise

3.4.6. Deal maker vs. deal breaker. The divide
between being seen as the deal maker vs. deal breaker
was evident in the interviews. The pressure to produce
information that supports the °‘deal’ and provide
rationality for decisions that had already been intuitively
made is noticeable to varying degrees in the following
quotes:

so I'll give them the number, and they come back to me
with is it possible if we get X amount, is there any room
for us to do that

General Merchandise

like a massive deal... they don’t tell us to change the
number, but sometimes... make the story appealing...
remove data points that don’t make sense and put
something else

Commercial Real Estate

these guys make a deal on the golf course, right after a
couple of beers
Commercial Real Estate

3.4.7. Big Data. Data Science and Al/GeoAl. Many of
the interviewees provided details of new teams and
functions within their firms that focus on big data, data
science, and AI/GeoAl. There were concerns about how
these new approaches were being applied in a black-box

manner without the needed decisional context and
business experience. As one interviewee noted:

we’ve had many PhD data science mathematicians
come in and work their numbers, but then they can
produce something that just doesn’t really make any
sense and it’s because they don’t have any context or
experience by which to sort of fact check everything and
then, when you say like this is just not reasonable... it’s
hard for them to kind of grasp because they’re so
convinced about the process and the numbers
Entertainment

Such ‘if it ain’t broke, don’t fix it” sentiment was echoed
by another interviewee who works in a firm that was still
in the exploration of Al stage:

AlL. we have discussions on it, but we don’t really act...
the current approach we are using right now, it’s
already given us a positive result

General Merchandise

4. Discussion and Conclusion

The in-depth discussions provided the opportunity to
probe for answers and develop a better understanding of
the tensions in contemporary RLDM. The interviews
revealed nuances that could not be captured in an online
survey. It was very clear that advances in data,
techniques and technology were being explored and
leveraged to varying degrees. The interviewees
discussed the development of new teams that were
building decision-support capacity within their firms.
Data-driven approaches were gaining traction with the
pendulum swinging, as two interviewees noted:

we spend all this money on metrics because we have a
great return on investment... our franchisees believe in
the data we bring them

Food Service

we were using data to support the intuition, now we are
using intuition to support the data... that’s were the
pendulum has swung

Food Service

However, for change to take place, there needs to be
leadership in place that will drive the required changes
to processes and procedures (including ensuring the
right personnel are in place). Leadership needs to
recognize the value of investing in data-driven decision-
making. As the following three quotes capture, success
is not guaranteed:
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as leadership ages out you will see a swing. They would
rather go on intuition right, so they don’t know if they
can find the value... the sticker shock is real, how much
is it going to cost to tell me what I already know

Food Service

we have tried to acquire greater sophistication, but it
doesn’t really work... it didn’t yield anything that was
actionable

General Merchandise

1 look at the early work of the team I manage and we
were trying to get really sophisticated with it. But you
get to a certain point and it is kind of, you know there’s
an opportunity and it’s big enough, you just go at it
Financial Services

In summary, the interviews found:

e The increasing complexity of consumer
behavior is challenging the legacy of location
decision-making.

e A broader array of data and techniques is being
used to support location decisions than in the
past, e.g., the adoption of smartphone data, the
integration of data science, and the use of Al.

e Given the highly competitive and time-
sensitive nature of location decision-making,
there is reliance on tried-and-tested data
approaches, including site visits.

e There is evidence of  increasing
experimentation with data science and Al
Still, it needs new leadership to leverage the
potential, along with effective team
management, to ensure that the ‘art” and
‘science’ work together.

e  Underlying skepticism of data science and Al,
and rebadging of ‘old’ as ‘new’.

Given the rapidly changing nature of the AI market,
particularly in the GeoAl technology space, there is a
need for research to monitor changes in decision support
environments and to examine how the technology is
being adopted, utilized, and developed. Beyond
theoretical frameworks of technology adoption models
and organizational decision-making behaviors and
culture, there is value in applied research to provide
industry practitioners with actionable insights to help
navigate the fast-changing GeoAl environment. As this
research has highlighted, there is significant inertia to
the adoption of GeoAl. With this in mind, the authors

are involved in an international research project
currently underway, focusing on the integration of
GeoAl and associated agentic Al transformation within
RLDM. It is envisaged that as Al becomes more
pervasive  across  technology  platforms  and
organizational functions, it will be increasingly
integrated within RLDM. The challenge will be in
leveraging the potential of Al without disenfranchising
and decoupling the experience-based and institutional
knowledge of decision-makers.

This study has two key limitations. First, its focus on
Canadian retail and service firms may limit the
generalizability of the findings to other national or
sectoral contexts. The Canadian retail and service
sectors are highly concentrated, with a relatively small
number of firms controlling a large proportion of the
marketplace. Finally, because interview participants
were self-selected from the survey pool, there is a risk
of selection bias toward firms more engaged with
analytical tools. These limitations should be considered
when interpreting the findings, and they point to
opportunities for future research across broader contexts
and with larger, more diverse samples.
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