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Abstract

Conversational agents (CAs) are emerging as
valuable information system artifacts with the
potential to drive sustainability practices within
corporate  environments. Despite the growing
significance of corporate sustainability the systematic
integration of CAs in this domain remains largely
unexplored. Addressing this gap, our study employs a
design science research approach to explore how CAs
can be designed to support sustainable corporate
behavior through the lens of the Fogg behavior model.
Using a pre-study, literature review, and a series of
interviews, we derive meta-requirements, design
principles, and a conceptual framework to guide the
development of sustainability-oriented chatbots. Our
findings contribute to information systems research by
advancing knowledge on socio-technical system
design and IS-enabled sustainable practices. By
providing prescriptive insights, we highlight how
chatbots can shape employee behavior, reinforcing
their potential as enablers of corporate sustainability.

Keywords:  Conversational — agent, corporate
sustainability, chatbot system, design science.

1. Introduction

First introduced in the 1960s, the concept of
conversational agents (CA) has ever since been subject
to ongoing research (Gnewuch et al., 2017; Janssen et
al., 2020; Maedche et al., 2019). This development is
propelled by the emergence and integration of
artificial intelligence (AI) technologies in digital
assistance (Wang et al., 2022). The co-occurrence of
such technologies affects our daily interactions as well
as our professional and personal lives (Adamopoulou
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& Moussiades, 2020; Janssen et al., 2020). For
instance, CAs like Alexa, Siri, or Cortana are designed
to support users in a myriad of daily tasks, ranging
from calendar management and information retrieval
to facilitating shopping on virtual marketplaces
(Gnewuch et al., 2017; Jain et al., 2018; Janssen et al.,
2020). Their utility extends beyond personal use to
corporate settings due to their potential to enhance
productivity and curtail service costs (Adam et al.,
2021; Adamopoulou & Moussiades, 2020; Reshmi &
Balakrishnan, 2018). A promising application area of
CAs is the integration into the sustainability actions of
companies (Dolgui et al., 2021; Rusch et al., 2021).
The field of application is mainly untapped, although
the significance of sustainability is extensively
documented, and its demand continues to surge
(Gurcan et al., 2023; White et al., 2019). The
realization of sustainable development hinges on the
dedication of individuals and organizations alike, with
companies positioned as influential drivers of such
change (Elliot, 2011; Tussyadiah & Miller, 2019).
Nevertheless, such changes demand practical
implementation approaches. One emerging CA that
may serve as a pragmatic solution is chatbots. In a
business context, different use cases include, inter alia,
customer service, sales, and marketing, yet they also
have the potential to support climate-friendly
employee behavior and operations (Hillebrand &
Johannsen, 2021). The use of chatbots in a corporate
context to assist employees is auspicious, as
employees' behavior can positively or negatively
influence the achievement of corporate goals, also
with regard to sustainability (Gabcanova, 2011;
Morschheuser et al., 2022; Zhenjing et al., 2022).
Despite sporadic instances of chatbots supporting
sustainability, there is a lack of a systematic approach
in the current research landscape that provides sound
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design knowledge about how such chatbots need to be
designed for use in a corporate sustainability (CS)
context (Chaves & Gerosa, 2020; Dolgui et al., 2021;
Rusch et al., 2021; Wache et al., 2022). The call for
continuous research on the design of such chatbots is
prevalent (Feine et al., 2020; Folstad et al., 2019). In
response to those calls, our study aims to elicit the
design principles (DPs) and implications of such
chatbots. Thus, the research question (RQ) driving this
inquiry is: RQ: How should a chatbot be designed to
support corporate sustainability?

For this purpose, we adopt the design science
research (DSR) approach according to Hevner et al.
(2004) in line with Peffers et al. (2008) to answer the
research question. By that, our study contributes to
sustainability and information systems (IS) research
by advancing the scholarly discussion on
understanding and analyzing human behavior in a CS
context and highlighting the role of IS as enablers of
sustainable practices. It also extends the cumulative
knowledge of socio-technical system design by
offering prescriptive knowledge on designing CAs to
trigger specific behavior patterns. In the following, we
present the theoretical basis, research design, and
findings in the form of our meta-requirements (MRs),
DPs, and framework for such a chatbot.

2. Related work

2.1. Corporate sustainability

The fundamental idea behind sustainability
involves avoiding the production or consumption of
resources beyond their capacity for regeneration while
also considering future needs (Eckhardt, 2020; World
Commission on  Environment  Development
Brundtland, Gro Harlem, 1991). In a holistic approach
based on the triple bottom line model (TBL),
ecological as well as social and economic components
of sustainability must be considered (Elkington,
1999). In this work, we focus mainly on the ecological
aspect of sustainability. To fulfill crucial sustainability
goals, numerous substantial measures and legally
enforceable agreements have been instituted at both
the national and international levels, including
initiatives like the Sustainable Development Goals
(SDGs) and the Paris Agreement (United Nations,
2015; United Nations / Framework Convention on
Climate Change, United Nations, 2015). Companies
play a crucial role as stakeholders in the attainment of
sustainability objectives (Chen et al., 2021; George &
Schillebeeckx, 2022; United Nations, Department of
Economic & Affairs, 2020). In the realm of corporate
sustainability (CS), these overarching sustainability
principles find practical application within a corporate

context. The prevailing approach to CS entails “[...]
meeting the needs of a firm’s direct and indirect
stakeholders (such as shareholders, employees,
clients, pressure groups, communities, etc.), without
compromising its ability to meet the needs of future
stakeholders as well.” (Dyllick & Hockerts, 2002,
p-131). A company can act sustainably by
implementing measures, such as actions towards
resource efficiency, energy savings, or responsible
treatment of employees throughout the whole supply
chain (Chernikova et al, 2020; Umarusman &
Haciveliogullari, 2021; Volpato et al., 2019). For
instance, resource efficiency is an approach that
involves the prudent utilization of a company's
essential resources, such as water, energy, and raw
materials, resulting in ecological sustainability
(Chernikova et al., 2020; Huysman et al., 2015).
Employees are an essential part of the company as they
are the operating and implementing force, with their
behavior influencing the company goals and overall
constitution, also in terms of the company’s
sustainability — performance (Gabcanova, 2011;
Morschheuser et al., 2022; Zhenjing et al., 2022).
Factors determining such sustainable behavior are the
intention to behave sustainably, the employees'
attitude toward sustainability, as well as their
motivation and overall ability to act sustainably (Feng
et al., 2024; Liilfs & Hahn, 2014; Sabbir & Taufique,
2021). In our study, we focus on the employee as the
performer of corporate tasks that, in turn, are supposed
to contribute to CS, as mentioned in the examples
above. The employee is also the intended user of the
artifact to be designed in our research.

2.2. Conversational agents

CA, also known as chatbots, refers to intelligent
systems capable of processing and reacting to users’
input prompts using natural language (Cameron et al.,
2017; Gnewuch et al., 2017; Tavanpour et al., 2019).
Previously, CAs could merely simulate naive
responses based on matching a user’s input against a
set of stored patterns (Cameron et al., 2017; Gnewuch
et al., 2017). In essence, they were mainly designed to
pass the Turing test (Abu Shawar & Atwell, 2007;
Gnewuch et al,, 2017; Shah et al., 2016). Their
capabilities have vastly evolved in recent years owing
to advances in Al, particularly natural language
processing and machine learning (Berg, 2015;
Gnewuch et al., 2017; Knijnenburg & Willemsen,
2016). Yet, ensuring a smooth user experience in such
settings can be challenging (Stein et al., 2024; van der
Goot et al., 2021). A growing body of research on
customer service chatbots highlights that user
satisfaction is primarily influenced by factors such as
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the chatbot’s effectiveness in resolving user issues, the
relevance of its responses, and the conciseness and
clarity of its output in relation to the given prompt
(Kvale et al., 2021; Stein et al., 2024; van der Goot et
al., 2021). In contrast, mistakes and limited
functionality can quickly diminish satisfaction levels
(Stein et al., 2024; van der Goot et al., 2021).
Additionally, studies on CAs in organizational settings
suggest that the adoption of CAs is influenced by
individual user traits, particularly their level of
technological proficiency (Gkinko & Elbanna, 2023;
Stein et al., 2024). Likewise, the effectiveness of CAs
is also dependent on the specific use case and intended
purpose (Hillebrand & Johannsen, 2021). CAs have
found applications in various sectors, including e-
government, education, and healthcare (Chung &
Park, 2019; Cortés-Cediel et al., 2023; Pérez et al.,
2020). Additionally, chatbot systems are gaining
attention for their potential to enhance internal
organizational processes (Stein et al., 2024;
Tavanpour et al., 2019). Yet, the research on such IS
has not availed itself of the recent sustainability
movement in the corporate context. Despite a few
notable exceptions, design science in IS research has
largely neglected the use of IS artifacts for advancing
CS goals (Hillebrand & Johannsen, 2021). In the
following, we refer to a chatbot system when referring
to the overall IS-based system and to a chatbot when
referring to it through a user's lens.

2.3. Fogg behavior model for persuasive
design

To develop a chatbot that effectively facilitates a
target behavior, it is crucial to gain a comprehensive
understanding of the underlying mechanism when it
comes to behavior and behavior change persuasively,
especially when designing IS for sustainability
(Kimura & Nakajima, 2011; Mustaquim & Nystrom,
2014). The Fogg Behavior Model (FBM), developed
in 2009, offers a systematic view to support
researchers' and designers' understanding of behavior
and envisioned change toward a target behavior when
developing (persuasive) technology (Fogg, 2009).
While traditional theories like Behaviorism focus on
environmental reinforcement, and Social Cognitive
Theory emphasizes observation, the FBM is ideal for
CS because its clear motivation, ability, and trigger
framework simplifies understanding how to design for
specific, incremental behavioral changes by reducing
effort and leveraging opportune moments, making it
practical for complex, long-term sustainability
changes (Bandura, 1986; Skinner, 1953). Figure 1
outlines the general mechanism of the FBM. For a
target behavior to occur, it must concurrently fulfill

three factors: motivation, ability, and triggers (Fogg,
2009). Motivation to perform a particular task and the
ability to do so are as necessary as the enabling trigger
in the form of a prompt (Tsai et al., 2015). Motivation
for a specific behavior can range from low to high and
is influenced by factors targeting the dimensions of
pleasure and pain, hope and fear, as well as social
acceptance and rejection (Coker, 2017; DeWall et al.,
2008; Fogg, 2009; Leknes & Tracey, 2008; Siivonen
et al., 2024). Depending on the task and the person
performing it, motivation, as well as ability, may be
higher or lower, making the task more difficult or more
straightforward to achieve. Generally, the baseline for
both factors is not at the extreme high or low, meaning
a mediocre level of either motivation or ability that
needs to be triggered further (Fogg, 2009). The goal is
to reach a motivation-ability level above the activation
threshold (see Figure 1) to increase the likelihood of
the target behavior or achievement of the task. This
requires three different types of triggers. Spark
triggers are used to enhance motivation when users are
generally able to complete the task. It can be achieved
by showing users fear or hope by triggering videos or
texts, or using gamification elements like levels,
achievements, or leaderboards, which are proven to
increase users' motivation for IS use (Blohm &
Leimeister, 2013; Schobel et al., 2020; Thiebes et al.,
2014). To enhance the ability of a generally motivated
person to reach a target behavior, facilitator triggers
are used. When designed effectively, these insinuate to
the user that the task is easy to fulfill. Facilitators can
reach simplicity by addressing six elements: time,
money, physical effort, brain cycles, social deviance,
and (non-)routine.
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Figure 1. FBM, adaptation of Fogg (2009) and
Tsai et al. (2015)

The last trigger, the signal, is used when users
show sufficient levels of motivation and ability and
simply need to be reminded to fulfill the task. This is
comparable to waiting at a red traffic light: the ability
(car, driving license, etc.) and motivation (to drive
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further and not park the car at the traffic light) are
generally given, but the green light is needed to
proceed the task (Fogg, 2009).

To support CS, the employee's behavior is the
target of this study. Therefore, we divided them into
three user groups (UG) according to the corresponding
trigger types: the “motivated but struggling” who need
a facilitator trigger (UG 1), the “motivation seeker”
who needs a spark trigger (UG 2), and the “signal
receiver” who awaits a signal trigger (UG 3). As
mentioned earlier, the target behavior can emerge as a
task to be fulfilled (Fogg, 2009). This makes the model
very applicable to both the corporate and behavioral
context, as employees mostly encounter tasks in their
corporate work, and their fulfillment relies on the
employees' tasks supporting or counterproductive
behavior, also in terms of sustainable behavior (Fogg,
2009; Steininger, 2025; Tan & Sarif, 2024; Zhenjing
et al., 2022). In the following, we use the FBM to
structure the relevant knowledge from the current
literature and then derive meta-requirements (MR) and
associated DPs.!

3. Research approach

Our study aims to design a chatbot system as an
IS artifact that supports employees in behaving more
sustainably within their corporate context. We follow
the DRS approach, according to Hevner et al. (2004) ,
in line with Peffers et al. (2008), as an overarching
methodology and a special focus on a rigorous
evaluation, according to Sonnenberg and vom Brocke
(2012). This approach combines a nominal research
process with a focus on developing system
requirements to address an organizational problem. It
includes six steps through an iterative process:
problem definition, solution objectives, design and
development, demonstration, evaluation, and
communication. To ensure the validity of our outcome
and the usefulness of our artifact, we structured our
building and evaluation process according to
Sonnenberg and vom Brocke (2012).

Our problem definition stems from a priorly
conducted literature review that was enriched with a
Delphi study (Diamond et al., 2014; Okoli, 2015;
Okoli & Pawlowski, 2004; Rowe & Wright, 2001;
Skinner et al., 2015). This served as input knowledge
to develop an understanding and awareness of the
problem (Schrade-Grytsenko et al., 2022; Schrade-
Grytsenko et al., 2025). Our solution space is rooted in
combining efforts to trigger a target behavior towards
more CS on the employee level through the use of a

! Please find a distinction of MR and DP assignments
here:

chatbot. We use the FBM as a conceptual background
to derive factors that trigger the envisioned target
behavior (Fogg, 2009). Drawing on that, we derived
MRs, DPs, and features (DFs) that inform the design
of a chatbot system that, in turn, acts as a trigger to
facilitate the target behavior. The literature on (the
design of) CA, CS, and FBM served as input
knowledge that informed the initial delineation of
MRs for the chatbot. In our second evaluation round,
we conducted six semi-structured qualitative
interviews with three target groups, similar to our
Delphi panel structure, to evaluate the MRs, DPs, and
the resulting framework. Table 1 summarizes the
interview participants' code assignments and
backgrounds.

Table 1. Information on evaluation interviews

Code Background of the interview partner

I Social sciences scholar and professor for
digitalization

12 Post-doc with extensive DSR experience

13 CTO with extensive corporate IT expertise

14 PhD student in IS with extensive DSR
experience

I5 CEO with extensive experience in corporate
environments

16 Junior software developer with experience in
chatbot development

We consulted with behavioral science and IS
researchers to assess the logical pathway and rigor of
the framework through a theoretical lens. Second, we
interviewed potential users from companies to
evaluate the effectiveness and usefulness of our
chatbot, which includes understanding the
performance and envisaged utility of our chatbot in the
real organizational context and supporting CS. The
interviews served to refine the set of MRs and DPs.
The abstracted DPs, combined with the trigger
dimensions, lay the groundwork for our framework for
a chatbot supporting employees' sustainable behavior
(CA-CS design framework). The interviews followed
up with the collection of feedback on our framework
in line with Sonnenberg and vom Brocke (2012).
Subsequently, we revised the framework based on the
input received and undertook further refinements to
craft the final design of the framework. This serves as
the basis for the prototype, the next step in our research
project. Finally, we communicate by disseminating
our preliminary results to the IS community.

https://doi.org/10.0.92.176/b2share.dce6fd58efe0446
c90b19920a54fbcle
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4. Designing a chatbot for corporate
sustainability

4.1. Meta-requirements

Initially, the chatbot system must maintain
principal functionalities. It requires a dialog system
embedding information using a generative encoder-
decoder module (Zhao et al., 2017). This is, on the one
hand, necessary for recognition of the users’ language
of sustainability and intent (MR1), on the other hand,
also for delivering an answer that matches the input
semantics to serve the objective of the conversation
(MR2) (Ghose & Barua, 2013; Salomonson et al.,
2013). Further, it should respond sensitively to the
specific sustainability concerns of the user (MR3) and
provide actionable prompts to users in a non-intrusive
manner, ensuring ease of execution and engagement
(MR4) (Gu et al., 2021; Hillebrand & Johannsen,
2021; Liu & Sundar, 2018). To enable relevant
workplace-specific contextualization of the chatbot
interaction, it should be connected to the target
organizational systems (MRS5) (Cho et al., 2024;
Kumar, 2024).

It should have a regularly updating repository of
sustainability data (MR6) so that output is
continuously adjusted in line with the latest
sustainability trends (Ed-douibi et al., 2021). The
chatbot should also adjust the user proficiency level on
sustainability and support the temporal knowledge
development of the user based on the continuity of the
conversation (MR7) (Jia, 2009). At the same time, it
should gradually add new knowledge to expand the
knowledge base (MR8) (Mazumder et al., 2018). It is
also necessary to regularly remind users to take action
through low-effort prompts (MR9), that is, concise,
jargon-free, in plain language (Todd & Benbasat,
1992). After a prompt, the bot could include a quick
feedback mechanism (MR10) asking whether the
action was taken or if the user found the suggestion
helpful (Yin et al., 2024). Additionally, the chatbot
system needs an analytics module (MRI11) to
normalize, aggregate, and analyze the data for
individual sustainability performance tracking (Ali et
al., 2023). To foster such performance, motivation,
and engagement, the chatbot system can incorporate
sustainability-related gamification elements (MR12),
such as levels, achievements, or leaderboards, which
are proven to increase users’ motivation of IS use (IS)
(Hidayatulloh et al., 2021; Schobel et al., 2020;
Thiebes et al., 2014; Blohm and Leimeister, 2013).
Moreover, it should provide an inclusive environment
and cater to users with special needs (e.g., reading
disability) (MR13) such that it supports multiple

interaction modes (Stanley et al., 2021). Lastly, to
foster trust and transparent interaction with the
chatbot, it is vital to provide the rationale behind the
recommendations (MR14) by showing positive
externalities of corporate sustainable behavior (Zhang
et al., 2023; Huynh, 2024).

4.2. Design principles

We synthesized the meta-requirements from the
literature and Delphi study and derived DPs, which we
evaluated in six interviews (I1-16). To develop DPs,
we recombined various requirements. The outcome
was then assigned to the FBM prompts to understand
how chatbot design serves behavioral triggers. DP1:
Semantic adaptivity. The chatbot system should
generally be able to recognize the user (I12), understand
the intent, and serve as a context-aware agent to ensure
the effectiveness of the conversation (Ghose and
Barua, 2013; Salomonson et al., 2013). DP2: Timely
and contextual notifications. It should include a
push-based notification module that sends context-
aware task signals to reengage users after inactivity
(Hillebrand and Johannsen, 2021; Gu et al., 2021).
Yet, it should also dynamically adjust the frequency of
such notifications to prevent exhaustion (I12; I5). DP3:
System integration. The chatbot system should be
tied to local operational systems like enterprise
resource planning (ERP) or customer relationship
management (CRM) to provide sustainability action
prompts relevant to the work context (Cho et al., 2024;
Kumar, 2024). Companies are tasked with questions
of conforming with data security and privacy in case
of such integration (I1; I3). DP4: Responsive
knowledge building. The chatbot system should be
able to track down the conversation history to adjust
the sustainability topics and their complexity level to
gradually increase their difficulty and provide back-
referential suggestions and reminders (16) (Jia, 2009;
Mazumder et al., 2018). This is to facilitate the process
of sustainability knowledge building. DPS: Action
facilitation and feedback. It should include low-
effort, simple-to-execute task signals and easily
digestible information on sustainability to facilitate
learning and motivate action-taking (Chang et al.,
2021). Users can also provide feedback on how helpful
the information and suggestions are, allowing for a
dual-learning effect with the chatbot tool (I12). DP6:
Analytics. To enable visual progress tracking with
sustainability actions in the workplace and the state of
knowledge, an analytics module with game-like
design components (I2; 16) is a valuable persuasion
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Figure 2. The framework of a CS-supporting chatbot

technique to foster user motivation for CS (Ravi, 2018;
Neumann et al., 2023). DP7: Motivational and
inclusive environment. Such gamification elements
contribute to forming a digital interaction environment
that promotes sustainable corporate behavior. On the
other hand, audio-visual, text-to-speech, or screen-
reading components are valuable in making that
environment inclusive, which may intersect with some
touchpoints of social sustainability (Phutane et al.,
2023). DP8: Trust and transparency. To maintain
transparency, the chatbot system must support
multiple Al-based reasoning models, providing
substantiation behind the generated content and
thereby building trust (Huynh, 2024).

4.3. Framework for a CS-supporting chatbot

Our proposed framework was both informed by
the aforementioned, evaluated design knowledge, and
the theoretical mechanisms of the FBM. By applying
this knowledge to the corporate context, which we
already clustered into three FBM-according UGs
among the employees, we structured the envisioned

chatbot support process in connection to the relevant
DPs and (inter)action mode. This resulted in our
framework, shown in Figure 2. UG 1 and 2 start their
task processes with a starting point, which is either “I
don’t know what to do, I need ability” (UGI1) or “I
know how, but I need motivation” (UG2).

Through the initial conversation with the chatbot
(illustrated as a bidirectional arrow depicting a
conversation between the user and the chatbot), the
user receives an appropriate facilitator or spark output
(unidirectional output from the chatbot) in the form of
text, video, or other media (DP1). This is supposed to
support the more sustainable behavior of the
employee, who is now able to fulfill the task
accordingly. The fulfillment is accompanied by a
chatbot in conversation with the user (bidirectional
arrows), utilizing the DPs applicable according to the
trigger (DP3-8). The process ends with a successfully
fulfilled task in which the employee acted in alignment
with CS, demonstrating sustainable behavior.
Additionally, UG1 has gained a deeper understanding
of sustainability throughout the facilitating process,
which can be built upon and applied in future tasks.
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UG2, on the other hand, could be motivated and
inspired throughout the task by the spark outputs,
which, at best, build up motivation for future tasks.
UG 3 has a different starting point and a shorter overall
process. These users are not actively starting a task
process but receive a signal (DP2) from the chatbot
that initiates further action, e.g., “turn the light/your
computer/etc. off”. The task then continues, possibly
with a conversation with the chatbot (DP5) and a
successfully fulfilled task in alignment with CS. In the
following, we discuss the implications of our
framework and overall study outcome, as well as our
future work endeavors.

5. Discussion

The core premise of this DSR study is to craft an
IS artifact that guides the design of a CS chatbot
system and thereby contributes to the prescriptive
knowledge base. In this paper, we explore the design
of a conversational agent that supports corporate
sustainability behavior, utilizing the Delphi method as
a pre-study and literature review to understand the
nature of current challenges. By synthesizing the
findings with expert interviews, we constructed a
conceptual framework for a chatbot system. The
framework delineates the MRs and DPs of such a
system. These principles were mapped onto Fogg’s
behavioral mechanism to show how the chatbot can
facilitate sustainable actions through conversational
assistance. Overall, our findings point to the essence
of CS action facilitation through the lens of
conversational support (vom Brocke et al., 2013;
Gholami et al., 2016; Menkhoff and Gan, 2023;
Hillebrand and Johannsen, 2021). Despite growing
interest in green IS implementations, IS research
offers limited insights into the role of CAs in
promoting sustainable corporate behavior. While the
chatbot holds promise in encouraging sustainable
action, its deployment to production involves several
latent trade-offs that need to be balanced (vom Brocke
et al., 2013; Luthfi and Septiyanti, 2025). For instance,
organizations often rely on legacy infrastructures, and
any new system must align with established
workflows (Kelly et al., 1999; Cohesity Research,
2022). Interview insights further underscore this
concern: one expert (IS) emphasized that unless the
chatbot is seamlessly integrated into existing
workflows, employees may not perceive it as part of
their daily tasks, thereby limiting its impact. Another
central issue is that of personalization and privacy. To
enhance effectiveness, the chatbot should dynamically
adjust its responses based on users’ sustainability
orientation and prior knowledge (I2). However, this
level of customization introduces privacy concerns

(Gumusel, 2024; Belen Saglam et al., 2021). While
anonymization and compliance with General Data
Protection Regulation (GDPR) are essential, excessive
data obfuscation may render the chatbot less effective
in delivering personalized guidance (I4). There is also
a potential risk that over-reliance on chatbot
interactions might reduce interpersonal knowledge
exchange. This concern resonates with both prior work
(Lee et al., 2021) and practitioner perspectives, with
one interviewee (I5) cautioning that over-reliance on
chatbot-mediated interactions may hinder informal
knowledge sharing. These collateral effects, as trade-
offs of privacy versus customization and personal
employee versus chatbot contact, need to be
investigated in more detail in our further design
process. Finally, in light of customization and varying
preferences for engaging with a chatbot, the degree of
gamification must be determined (Santos et al., 2021;
Zhang et al., 2025). Interviewees expressed divergent
views on customization: while 12 highlighted its role
in persuasive design success, I1 cautioned against
resistance among certain user groups, illustrating
another design trade-off. Overall, the study contributes
to the IS literature by informing the design of a CA for
sustainability and helping shape one's perspective on
the role of such a zeitgeist IS artifact in CS efforts.
Practically, the framework provides brief initial
guidance on crafting a chatbot design that addresses
the triggering components toward the target
sustainable action.

6. Conclusion

This study explores the role of CAs as IS artifacts
in supporting CS actions. While chatbots have
traditionally been employed in some corporate
contexts, their potential to influence employee
behavior towards sustainability remains peripheral.
Our research addresses this gap by exploring MRs,
DPs and offers a conceptual framework that serves to
enhance the effectiveness of sustainability-focused
chatbots in corporate settings. By adopting the DSR
approach, we contribute to both sustainability and IS
research by providing prescriptive knowledge on
designing CAs that foster sustainable workplace
practices and behavior. We also have to recognize
certain limitations. On the one hand, we mainly
focused on the German market and conditions, which
restrains the generalizability of our study. On the other
hand, the number of interviews conducted in our
evaluation process was limited to six. Both factors
have to be addressed and devised in our future work.
Future research is likewise advised to build a
prototype of the CS-supporting chatbot to validate the
conceptual framework.
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