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Abstract

As  Business-to-Business (B2B) social media
continues to grow, understanding the impact of
storytelling on user engagement becomes increasingly
important. While prior research has explored narrative
strategies in advertising and branding, researchers
have paid scant attention to the specific influence of
stories on social media user engagement. This study
addresses  this gap by employing Narrative
Transportation Theory (NTT) and leveraging Natural
Language Processing (NLP) to analyze the intricate
textual data generated by social media platforms. The
analysis of 85,075 Facebook publications from leading
Canadian manufacturing companies, using Spearman's
rank correlation coefficient, underscores that individual
storytelling components - character, sequence of events,
and setting - along with the composite narrative
structure significantly enhance social media user
engagement. This research contributes to a deeper
understanding of storytelling dynamics in B2B social
media, emphasizing the importance of crafting
compelling stories to drive meaningful engagement in
the digital realm.

Keywords: Storytelling, B2B, Narrative transportation,
Engagement, Natural Language Processing (NLP)

1. Introduction

As social media continues to grow and become
integral to people's daily lives, serving as a vital
resource that complements in-person interactions (Kim
& Fingerman, 2022), it is crucial for B2B firms to
effectively engage with their customers online. In fact,
social media and content marketing have essentially
reshaped the nature of Business-to-Business (B2B)
communication channels (Chaudhri, 2023). As
organizations navigate the complexities of online user
engagement, the power of storytelling has emerged as a
compelling tool to foster connections and meaningful
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interactions on social media. Indeed, the majority of
people are now connected, sharing experiences and
stories that affect one another's perceptions and
purchasing decisions (Lund et al., 2018). It transports
audiences into the story through a narrative
transportation mechanism, allowing them to become
fully involved in the story and develop an emotional
connection with the characters (Green & Brock, 2000).

Narratives consist of stories featuring plots,
characters, and sequences of events or actions arranged
in chronological order (Shen et al., 2015), which have
consequences (Gilliam & Flaherty, 2015). Stories can
captivate the audience’s attention which manifest
through cognitive and emotional engagement (Kreuter
et al.,, 2007). They can trigger emotional reactions
(Green, 2006), even in B2B decision makers (Anaza et
al., 2018; Bansal & Sisodia, 2024), and these emotions
in turn can play an important role during B2B decision-
making (Bourguignon et al., 2020).

Although previous studies have investigated the
structuration of stories in a B2B context (Bonnin &
Alfonso, 2019) and explored the strategic help of brand
narrative theory in a B2B market (Nhedzi et al., 2023),
less research has studied how narrative content impacts
social media user engagement. This study addresses
prior calls for research on how B2B customers respond
to stories (Bonnin & Alfonso, 2019). Consequently, our
paper’s main research question is: What impact does
storytelling have on B2B social media user
engagement? Building upon this question, our study
aims to investigate one fundamental element of
narrative structure in the B2B context. Specifically, we
will evaluate the impact of integrating specific
storytelling components into B2B social media
publications on user engagement. To reach our
objective, Narrative Transportation Theory (NTT)
provides the theoretical justification into how
consumers engage with and start processing information
cognitively when presented with a story (Huang et al.,
2018)).
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Our study indicates that character, sequence of
events, and setting - both as individual storytelling
components and collectively as a whole - positively
influence social media user engagement.

2. Literature Review

2.1. Narrative Transportation Theory (NTT)

NTT provides a theoretical framework to
understand how storytelling influences B2B user
engagement. In a systematic literature review on
narrative transportation, Thomas and Grigsby (2024)
found that among the 14 major theories they identified,
NTT was the most frequently employed. This highlights
the prominence of NTT in research, underscoring its
widespread application in studies of narrative
engagement.

Narrative transportation provides insight into how
consumers engage with and begin the cognitive
processing of information on social media platforms
when presented with a story (Huang et al., 2018). It has
been demonstrated to have a significant effect on
engagement, as it generates a deep level of involvement
by immersing the audience in the story, temporarily
disconnecting them from their reality, and
differentiating itself from other experiential responses
such as absorption, flow, and immersion, due to its
unique emphasis on empathy and mental imagery (van
Laer et al., 2014). Narrative engagement is defined as
"the experience of engaging with a narrative" (Busselle
& Bilandzic, 2009, p. 322). According to transportation
theory, individuals are absorbed into a story or
transported into a narrative, engaging their mental
capacities with the actions occurring in the narrative
(Green & Brock, 2000). When transported into a story,
a person can experience emotions and change attitudes
or beliefs (Anaza et al., 2020), which can improve
engagement. Narrative transportation is defined as "the
process of temporarily leaving one's reality behind and
emerging from the experience somehow different from
the person one was before entering the milieu of the
narrative" (Green et al., 2004, p. 315). Despite the
opportunities presented by narrative transportation, this
theory has not been applied often in B2B contexts
(Gilliam & Flaherty, 2015). Moreover, narrative
transportation occurs when consumers feel like they are
immersed in the story due to their emotional connection
with the characters and the imaginable plot (van Laer et
al., 2014).

Including NTT as a basis in our study offers
innovative ways for B2B companies to engage with
their audiences effectively. This underscores the
significance of storytelling in B2B communications.

2.2. Storytelling

To assist in interpretating narratives and
storytelling, adopting a linguistic perspective is
appropriate. Previous works often conflate the concepts
of narrative and story (van Laer et al., 2014) to the extent
that they are considered synonymous. Narratives have
been defined in various ways across marketing and
linguistics and although "it is hardly within our reach to
provide a unanimous definition of a narrative that would
suit the needs of all the disciplines" (Sibierska, 2017, p.
49), most narratologists and linguists agree that
narratives must include at least (1) one or many
characters, (2) a sequence of events, and (3) a setting.
Thus, adopting a linguistic perspective is essential for
accurately interpreting narrative and storytelling.

Storytelling, while well-studied in consumer
marketing for its positive impact on brand perception,
remains underexploited in B2B contexts, particularly in
social media, where its role in enhancing authenticity,
resource optimization, and relationship-building is
increasingly recognized. Often associated with
narrative, it has been studied in many fields, such as
management and personal selling (Boldosova, 2020). In
consumer marketing, Crespo et al. (2022) confirmed
previous studies in branding and advertising that
storytelling creates or fosters positive emotions toward
a brand. However, only a few studies have examined the
role of storytelling in B2B, and even fewer in the context
of social media content. Nhedzi et al. (2023) explored
how brand storytelling is used on Facebook by B2B
small and medium-sized enterprises (SMEs) in
Namibia. They provided insights into the authenticity of
brand storytelling and its collaborative benefits, which
help SMEs to optimize their limited resources. Previous
research demonstrates how stories and narrative
transportation in advertising influence decision makers’
attitudinal responses (Anaza et al., 2020). Another
research study emphasizes the significance of
metanarratives - sets of stories - in shaping diverse
content in a B2B context. It demonstrates how
companies employ common mythic characters and
stories, known as mythic archetypes, along with widely
recognized cultural narratives, to support and validate
new technologies (Bonnin & Alfonso, 2019). In
addition, stories can positively influence word-of-mouth
and the development of relationships (Gilliam &
Flaherty, 2015).

2.3. Social Media Engagement

In the context of the evolving digital landscape,
social media has redefined customer interactions,
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transforming consumers from passive observers to
active participants in brand-related content creation and
engagement (Dolan et al., 2019). Engagement
represents a multi-dimensional idea comprising relevant
cognitive, emotional, and behavioral dimensions
(Hollebeek et al., 2014). Through social media, users
can increase their engagement with brands by actions
such as liking or following the brand, thereby creating
an informational environment (Wang et al., 2017). As
such, studies of social media have mostly focused on
behavioral engagement and a quantitative measurement
based on the number of likes, comments and shares
(Trunfio & Rossi, 2021). User engagement on social
media is important because it has been associated with
firm performance (de Oliveira Santini et al., 2020).
Many studies have therefore inquired about which type
of content generates the most user engagement. Swani
et al. (2017) found that publications containing
corporate brand names generated more likes in a B2B
context than in B2C. The authors also suggest using a
combination of functional and emotional appeal to
generate more likes for B2B social media publications.
Longer publications written in a simple language have
been linked to higher engagement level in B2B (Deng et
al., 2021). Finally, Meire et al. (2022) found that B2B
compagnies that adapt their content to the audience on
Twitter, increase the level of engagement.

Thus, “effective social media content should appeal
across the spectrum of stakeholders, including
employees, customers, suppliers, and others”
(Cartwright et al., 2021, p. 43). If it is to be effective,
social media content should be wvaluable, useful,
relevant, compelling, and timely, appealing broadly to
the targeted stakeholders (Chen et al., 2020; Holliman
& Rowley, 2014). Storytelling makes it possible for
audiences to recall and process information more
effectively (Ramm et al., 2021) and has been found to
generate consumer engagement (Dessart & Pitardi,
2019).

3. Research Model and Hypotheses

Narratives consist of key elements such as
characters, setting, goal, problem, plot or action,
resolution, and themes (Duke et al., 2011). In marketing,
scholars consider plot, characters, climax, and outcome
as essential elements of storytelling (van Laer et al.,
2014). On the other hand, narrative transportation
elements include identifiable characters, which refer to
the personas that the story receiver identifies with,
verisimilitude, which refers to the believability of the
story, and the imaginable plot, which refers to the
temporal sequence of events (time and date) happening
in the story (Ringler et al., 2023; van Laer et al., 2014).

Ringler et al. (2023) defined identifiable characters
in the context of product demonstrations as the
storyteller (the frontline employee performing the
demonstration), the featured product (acting as the main
character), and additional supporting products. Based on
this definition, since the current study explores the role
of characters in B2B social media narrative contents, we
interpret identifiable characters as named entities,
including both human personas and inanimate objects
such as products. Characters play a crucial role in
narrative comprehension, as research indicates that
audiences monitor and switch focus between multiple
characters' goals and motivations (Lin et al., 2019). In
addition, it can impact engagement by facilitating
narrative transportation, a state in which story receivers
empathize with characters and activate their
imagination, leading to a sense of detachment from
reality (Green & Brock, 2002; Slater & Rouner, 2002;
van Laer et al., 2014). Therefore, we propose the
following hypothesis:

Hi: The presence of a character in a B2B social
media publication increases user engagement.

According to van Laer et al. (2014), a story
typically unfolds through a temporal sequence of events
that transition from an initial state to an outcome, guided
by the plot which dictates the chronological flow and
thematic framing of these events (Bennett & Royle,
2004). Thus, we propose the following hypothesis:

Haz: The presence of a sequence of events in a B2B
social media publication increases user engagement.

Moreover, a story's setting is essential for providing
context, and a story's location. In particular, it plays an
important role in forming and structuring the narrative
and framing other story elements (Houghton, 2023) as
posited in the following hypothesis:

Hs: The presence of a setting in a B2B social media
publication increases user engagement.

Our study aims to provide comprehensive
knowledge of how individual story elements such as
characters, sequence of events, and setting contribute
distinctly to user engagement levels in the B2B social
media context. Additionally, we investigate the
combined effect of these elements within the story. We
therefore propose that:

Ha: The presence of a story in a B2B social media
publication increases user engagement.

Building upon the theoretical background and prior

research findings explained above, our research model
is presented in Figure 1.

Page 2587



Story H4

Character T H1 -

v

Sequence of | " User

events [ He on Social Media

A

| 4
b

Setting !

Figure 1. Research Model

4. Methodology

We evaluated our hypotheses by using Natural
Language Processing (NLP). Social media generate a
very large quantity of written text that can present
challenges to analyze. Contrary to structured data,
which often presents itself in numerical forms with
unique meanings, unstructured data like text can present
multiple facets, such as the length of words, their
rational or emotional messages, or the targeted audience
(Balducci & Marinova, 2018).

4.1 Natural Language Processing

"Natural Language Processing (NLP) is the
umbrella term that describes an Artificial Intelligence
(AI) system's ability to understand and identify the
meaning of human language" (Paschen et al., 2019, p.
1415). Many marketing studies utilize unstructured data
to predict or classify, which can be -effectively
accomplished using NLP models (Shankar & Parsana,
2022). NLP encompasses broad activities such as
understanding language syntax; understanding language
semantics, which involves assigning meaning to
characters, words, or sentences through methods such as
named entity recognition; and applied language
communication, which refers to tasks like automated
summarization of texts, speech recognition, and
dialogue creation (Shankar & Parsana, 2022).

Named Entity Recognition (NER) is a technique
used in NLP to identify significant terms such as
location, individual names, or dates in a given text
(Konkol et al., 2015). Today, most academic research
on named entity recognition in business data analysis
includes core subjects like brand name, series name,
type name, and product name (Round & Roper, 2015).

4.2. Data

This study used 85,075 Facebook publications from
439 Canadian companies listed in the international
directory of manufacturing companies on the Dun &
Bradstreet website (Table 1).

Table 1. Descriptive statistics of the data

Publication date range 2008/09 - 2023/12
Total publications analyzed 85,075
Total number of words 4,285,227
Average words/publication 50.36
Average length/word 5.28
Average character/publication 318.63

We applied data cleansing to the dataset by
removing unwanted tokens, including URLs, hashtags,
emojis, and email addresses, because they created noise
that our machine learning approach could not interpret,
thereby biasing the results. In fact, cleaning the data
ensured that the performance metrics reflected the
model's ability to generalize well. We also removed all
texts written in languages other than English and used
only the publications that contained more than three
words to ensure that the publications were not too short
and contained sufficient content for analysis.

4.3. Dependent Variables (DVs): Engagement

To calculate a success score for each publication in
terms of user engagement, we summed the reactions
(likes, comments, and shares) to the publication,
obtaining a score s; (Equation 1) per publication p;.

s; = likes; + comments; + shares; (1)

Next, we normalized all the scores from the
company publications by the maximum score, obtaining
a list of continuous scores in the range [0,1]. Such
scaling is particularly useful when different data
features have different units and scales, as it brings them
to a common scale without distorting differences in the
ranges of values. The statistics of the reactions and
success scores are shown in Tables 2 and 3.

Table 2. Average publication reactions

Average likes 30.85
Average comments 4.59
Average shares 4.54

From the statistics provided in Table 3, it can be
inferred that there were outliers in the data. The
presence of outliers in the final analysis was to preserve
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the significant values they carried. In fact, we aimed to
identify the factors that contributed to the success of
these outliers. However, the results were similar
regardless of the presence of outliers.

Table 3. The publications’ scores

Min 0
Max 77,258
Average 39.99
Standard Deviation 390.51

4.4. Machine Learning

Since this study is the first to use a large amount of
data to evaluate the effect of specific named entities (as
the elements of the story) on user engagement, the
literature did not contain any annotated data that we
could use in our study. We therefore needed to collect
and annotate the data ourselves, which was impossible
to achieve without using automatic approaches. Thus,
we followed an approach based on machine learning,
one of the most state-of-the-art methods for data
classification and analysis, which had been successfully
used before to predict if B2B companies' Facebook
publications would receive high engagement (Saravani
et al., 2024). In more detail, we used the spaCy library
in Python in this research to automatically detect the
named entities in the Facebook publications, which
were considered elements of the story.

4.5. Independent Variables (IV): named
entities

After evaluating several NLP libraries such as
NLTK and spaCy for language data preparation and
NER, we decided to proceed with spaCy. This decision
was based on the availability of all necessary named
entity labels within this library, whereas the other tools
required programming custom filters. Therefore, spaCy
proved to be a more reliable, efficient, and easily
reproducible tool. Using this Python library, we
detected the eight named entities that contribute to
storytelling style in the publications and constructed
four formative constructs: SEQUENCE (sequence of
events), CHARACTER, SETTING, and the higher-
level construct of STORY that encompasses the three
first constructs. Additionally, we decided to assign an
equal weight to each of these constructs due to the lack
of guidelines in the academic literature on prioritizing
each category. Equations 2 to 5 display the formulas
used to build the named entity constructs:

[SEQUENCE = TIME v DATE v EVENT ©)]

[CHARACTER = PERSON v PRODUCT @)

[SETTING = LOCATION v GPE v FACILITY v ORGANIZATION _ (4)]

STORY = (TIME v DATE v EVENT) )
\

(PERSON v PRODUCT)

\
(LOCATION v GPE v FACILITY v ORGANIZATION)

To operationalize the constructs, we treated them as
ordinal discrete variables by counting the frequency of
each label present in the publications. However, for
STORY, we operationalized it by only considering the
existence or non-existence of at least one of the named
entities in each of the three constructs, thereby assigning
a value 1 to 3 to it. STORY could not take the value of
0 as that would imply that there is no independent
variable to include in the data subset. For example, if the
frequencies were SEQUENCE/ DATE=2,
SEQUENCE/ TIME=1, CHARACTER/ PERSON=1,
CHARACTER/PRODUCT=1, and SETTING/ GPE=1,
we would assign the following values to the constructs:

SEQUENCE =3, CHARACTER =2,
SETTING =1, STORY = 3.

4.6. Evaluation of spaCy

A linguistics Ph.D. student manually coded 370
publications to evaluate spaCy's performance at
programmatically identifying a sample of four named
entity  test  variables.  Subsequently, spaCy
independently labeled the same sample, and its F1-score
was calculated using the linguist’s labels as the golden
truth and spaCy’s classifications as predictions. In
machine learning, the term "Golden Truth" (also known
as "Ground Truth") describes the most accurate,
reliable, and valid data available that serves as a
benchmark for comparing and validating a machine
learning algorithm's output. While we could have used
Holsti’s intercoder reliability to evaluate the data, we
selected the Fl-score for evaluation because this
measure is more commonly used in machine learning,
whereas inter-rater reliability is typically employed
when two humans code data. Fl-score is a trade-off
between precision and recall, which measure the
model’s accuracy in making positive predictions and its
ability to identify all actual positives, respectively.
SpaCy achieved an overall Fl-score of 80.7% in
detecting named entities in the data, indicating good
performance given the challenging nature of Facebook
publications for NER tools and based on our experience
in this study. Table 4 indicates the specific F1- scores
for each of the four named entity test variables.
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Table 4. spaCy’s F1-score in NER

Named Entity | DATE TIME | SETTING | PERSON
True Positive 274 17 467 131
False Positive 52 3 274 142
False Negative 44 5 146 29
F1-score 86.50% | 98.10% | 65.70% | 72.70%
5. Results

In total, our analysis of 85,075 Facebook
publications by large Canadian manufacturing
companies indicated the role of specific named entities
in user engagement and provided several insights into
the impact of storytelling on B2B social media user
engagement. We used spaCy to perform NER and
Python to calculate user engagement metrics (likes,
comments, and shares) to measure the success of
publications. Then we categorized named entities into
SEQUENCE, CHARACTER, SETTING, and STORY.

Figure 2 shows the scatter and fitted line of the data
in the higher-level construct STORY, representing the
effect of story on user engagement.

@ Data Points
61 — Fitted Line

T T T T T
0.0 0.2 0.4 0.6 0.8 1.0
Engagement

Figure 2. The positive correlation between story
and user engagement

By analyzing the form of the distribution of the
data, we observed that it does not follow a Gaussian
Distribution (Skewness: 1.414767, Kurtosis:
1.408630). Therefore, we obtained the Spearman
Rank Correlation Coefficient from the SciPy library in
Python and used it to measure the strength and
direction of the relationship between the named
entities and the success score, as Spearman’s rho is
suitable for ordinal data that do not follow a Gaussian
distribution.

Table 5 shows the detailed results of the Spearman
correlation, indicating the presence of a clear statistical
significance (based on the very low p-value) between
the DVs and IVs even though, the significance is weak
based on the p (7ho).

Table 5. Impact of the ordinal named entity values
on success score

p (rho) p-value

STORY 0.149 0.000 ([
CHARACTER 0.112 0.000 |~
Person 0.118 0.000 |~
Product 0.013 0.000 |[*
SETTING 0.135 0.000 |*
Facilities 0.046 0.000 |[*
Geopolitical entities 0.108 0.000 |[*
Location 0.034 0.000 |*
Organizations 0.101 0.000 |[*
SEQUENCE 0.096 0.000 |[*
Date 0.096 0.000 |
Event 0.014 0.000 |[*

Time 0.014 0.000 |

* p-value < 0.05 (statistically significant)

The study's findings show statistically significant
relationships between the presence of named entities
and the success score; however, the strength of these
relationships is weak. As indicated in Table 5, there is a
positive correlation between CHARACTER (p =0.112,
p < 0.000) and user engagement, particularly between
the PERSON (p = 0.118, p < 0.000) entities and user
engagement thus supporting H;.

A positive correlation between SEQUENCE and
user engagement (p = 0.096, p < 0.000) was also found
to be significant, indicating that publications
mentioning time, date, or events are slightly associated
with increased user engagement and thereby supporting
H,. Specifically, date entities had the highest correlation
(p=10.096, p <0.000) suggesting that including dates in
publications can help engage customers.

Findings indicated a positive, albeit weak impact in
the SETTING category (p=0.135, p <0.000), with GPE
(p = 0.108, p < 0.000) and ORGANIZATIONS (p =
0.101, p < 0.000) as the most influential items. Hj is
confirmed.

There was also a significant relationship between
the STORY (p = 0.149, p < 0.000) and engagement
thereby providing sufficient evidence to support Ha.
Since this combined correlation value for all three
constructs is superior to any individual correlation, it
supports the argument that the combination of narrative
elements creates a synergy, making the whole
(SEQUENCE, CHARACTER, and SETTING together)
more impactful than its individual parts.

6. Conclusion

6.1. Discussion

While enhancing user engagement is a desirable
goal in B2B marketing, current research primarily
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focuses on user engagement within B2C settings. When
researchers address the B2B context, they often focus on
the perspective of the story provider, rather than the
user. The growing appeal of social media in the B2B
context presents scholars with emerging opportunities
and challenges to fully utilize the potential of
storytelling. For example, Bonnin and Alfonso (2019)
explore the overall framework of B2B brand strategies
based on narratives, and Nhedzi et al. (2023) show how
SME:s can gain a competitive advantage over audiences
on Facebook by using the power of brand storytelling.
However, previous studies have not examined users'
responses to story strategies. This research significantly
adds to the body of knowledge on B2B storytelling and
engagement. It offers insights to B2B firms on how to
increase user engagement through storytelling in social
media communication.

The study finds that most elements of storytelling,
particularly the story itself, affect user engagement,
although the effect is generally weak. This might be due
to various moderators that can influence the
transportation process, such as whether the publication
was commercial or non-commercial (van Laer et al.,
2019). For example, in the non-commercial domain,
personal mentions can increase customer connection
and enhance engagement. Based on the work of van
Laer et al. (2019) which presents digital storytelling as
3-stage process, the decisions marketers must make at
each stage are complex and varied, and these decisions
significantly influence the effectiveness of their
storytelling efforts. When marketers develop a story,
they need to carefully balance all the elements of the
narrative to ensure its effectiveness.

During storytelling, users’ perception of
manipulative intent in a story can negatively affects the
story’s persuasiveness. For example, a product can play
a dual role in content. As a character, it can contribute
to the believability of the story and increase narrative
transportation; however, it can also introduce a
commercial intent that can lead to skepticism. When
considering the story receiving stage, the characteristics
of the user, such as their attention, education level,
familiarity with the content, and their ability to immerse
in a story, also affect the effectiveness of storytelling.

To this end, although earlier studies have mostly
focused on B2C settings or the storyteller’s side in B2B
contexts, our findings highlight the effects of
storytelling on user engagement in a B2B context.

6.2. Implications

Our research critically contributes to the industrial
marketing literature by presenting empirical evidence
on the role of storytelling in enhancing customer social
media user engagement in a B2B context.

First, although the literature is growing, scholars
have not yet focused on how narrative content affects
B2B social media user engagement or how customers
react to narratives in this setting. Our research addresses
this gap by using advanced NLP tools to analyze a large
quantity of unstructured data. This method offers a new
way to assess the effectiveness of B2B social media
content.

Second, our study underscores the importance of
specific storytelling elements such as character,
sequence of events, and setting in successful social
media narratives. It contributes to a more
comprehensive theoretical understanding of how
narrative structure influences user engagement.
Furthermore, the study identifies specific linguistic
patterns associated with higher user engagement in B2B
social media narrative content. Therefore, our research
provides a theoretical foundation for future research to
explore the nuanced relationship between language use
and engagement in narrative business communication.

Thirdly, findings from this study can help enhance
B2B marketing strategies, specifically in creating
effective narrative content for social media user
engagement. Companies employing narrative strategies
supported by empirical evidence are likely to achieve a
competitive edge in the B2B social media landscape.
Businesses can produce more compelling and engaging
content as the B2B landscape evolves, particularly in a
context increasingly dominated by Al-generated content
where the quality of the prompts determines the quality
of the narrative text produced. Moreover, our study
suggests that companies should shift from traditional
product-based content to a customer-based approach by
crafting stories that cater to their customers' needs. On
the other hand, there is a need for companies to adopt
the mindset of publishers to better understand their
customers and develop engaging and appealing stories.

Our research can guide managers in using these
criteria to evaluate and enhance their existing content
strategies and to tailor their narrative content to better
align with the preferences and interests of their target
customers.

6.3. Limitations and Future research

Our study provides significant evidence about how
narratives impact user engagement on B2B social
media, but further research is needed in this area. We
relied only on SpaCy for named entity recognition.
Although SpaCy is well-suited for high-accuracy tasks
and performance in NER tasks, Python libraries are
usually designed for standard texts. Therefore, for
named entity recognition on data like Facebook
publications, a future opportunity would be to train a
model specifically with Facebook publications.
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We recognize that natural engagement metrics can
be skewed by Facebook's algorithm, promoted
publications (a form of paid advertisement) (Influencer
Marketing Hub, n.d.), automated bots, and paid likes.
However, we considered their effects diluted due to our
use of a very large range of publications. This introduces
a new approach to evaluate the effectiveness of B2B
social media content.

Our model covered only English texts because we
used an NER designed specifically for this language.
Future studies could explore other libraries or
combinations of tools to adapt to other languages and
provide additional insights. Future research could
conduct comparative analyses with alternative libraries
such as NLTK, Stanford NER, or AllenNLP, revealing
differences in entity recognition capabilities and
improving the results. Moreover, qualitative research,
such as in-depth interviews with users, can support
findings and gain a deeper understanding of users'
emotions, identification, and reflections regarding the
stories.

Exploring the role of social media storytelling in
cognitive and emotional engagement would be an
interesting opportunity for future research. Our study
emphasizes that employing content containing
references to some story elements is a practical strategy
to craft B2B social media behavioral engagement.
However, it was limited to certain word categories and
excluded images. Introducing our next research topics,
we will employ Al to evaluate storytelling, and to
develop a deeper understanding of its impact and
effectiveness.

Further research is needed to explore the
effectiveness of visual elements in user engagement to
determine the best practices for integrating multimodal
content in B2B social media strategies. Additionally,
using machine learning to perform marketing research
is rich with opportunity. Future studies can employ
Multimodal Named Entity Recognition (MNER) to
identify entities and classify them with the help of an
associated image.
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