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Abstract 

Individuals express themselves on social media, but 
discrepancies between online content and reality are 
concerning. Previous research has primarily focused on 
interactions within people’s social circles, highlighting 
that exposure to idealized posts can lead to negative 
effects through social comparison or positive emotions 
via emotional contagion. This study examines a less-
explored scenario: browsing posts from unknown users. 
499 participants were randomly assigned to view one of 
the simulated feed–idealized, harsh, or neutral life 
posts. The analysis revealed minimal influence from 
idealized posts, whereas harsh posts significantly 
worsened participants' mood, life satisfaction, and 
social self-evaluation. Feed variations had no effect on 
subsequent posting behavior. These findings suggest 
that in the short term, emotional contagion is more 
likely to occur over social comparison after exposure to 
life moments from people outside one's social circles. 
This study contributes to understanding the effects of 
social media feeds and provides insights for improving 
the social media environment.  

 
Keywords: social media, emotional contagion, social 
comparison, insta vs. real, life satisfaction. 

1. Introduction  

Social media has become an integral part of daily 
life, connecting vast networks of users who generate, 
share, and exchange content and social information. 
These platforms facilitate broad access to information, 
ease of communication, and freedom of expression for 
individuals (Statista Research Department, 2019). 
However, the pervasive use of social media has also 
been linked to unintended psychological effects. A 
survey by the Royal Society for Public Health (2017) 
found a strong correlation between social media use and 
increased rates of anxiety, depression, and poor sleep, 
aligning with a growing body of empirical research 

documenting these negative outcomes (e.g., Hunt et al., 
2018; Keles et al., 2019).  

Furthermore, the predominance of positive content 
on social media often triggers upward comparisons, 
leading to feelings of envy and admiration (e.g., Wu &  
Srite, 2021; Meier & Johnson, 2022). Such comparisons 
can detrimentally affect emotions and self-perception, 
further contributing to psychological distress and 
diminishing overall well-being (e.g., Dhir et al., 2018; 
Kross et al., 2021). Conversely, exposure to positive 
posts may evoke similar positive feelings, such as 
emotional uplift, in viewers because emotion can be 
transferred (Lin & Utz, 2015; Ferrara & Yang, 2015). 

The inherently subjective nature of social media 
allows users to selectively portray themselves, shaping 
both their own image and viewers’ perceptions. Given 
the growing popularity and interactive nature of these 
platforms,  it is crucial to explore how social media 
feeds influence individuals’ attitudes and behaviors. 
Modern social media has evolved beyond simple two-
way connections with real friends: platforms like 
TikTok, Little Red Book, and Instagram Explore Page 
enable users to follow content from people they do not 
personally know, with algorithmically curated content 
presented even regardless of friend circles. Previous 
research on social media feeds has primarily focused on 
users’ recollections and evaluations in the context of 
real social connections, such as with real friends or 
influencers they follow, where parasocial relationships 
can develop. However, the effects of posts shared by 
unknown users–and how these differ from those shared 
by friends–remain unclear. This study intends to 
investigate how social media feeds posted by unknown 
users, showcasing life moments, influence individuals’ 
attitudes toward life and their own posting behaviors. 
Specifically, we seek to explore whether exposure to 
various types of content–idealized, harsh, or neutral life 
posts–affects individuals’ moods, life satisfaction, 
social self-evaluation, and posting behaviors. 

The study results will enhance our understanding of 
the impact of social media feeds on users, contributing 
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to the literature on emotional contagion, social 
comparison theories, and the broader effects of social 
media. Our findings will specially reveal users’ 
perceptions and behaviors when engaging with life posts 
from unknown users, informing social media platforms 
about potential strategies to improve user experience 
and emotional well-being. By implementing better 
content recommendation and moderation mechanisms, 
these strategies can contribute to the development of a 
healthier and more supportive online environment.  

2. Background and Related Work 

2.1. Emotional Contagion 

Emotions can be shared and transferred between 
individuals both implicitly and explicitly, prompting 
people to have similar emotions to those around them. 
This phenomenon, known as emotional contagion, is 
defined as a process by which one person or group 
influences the emotions and behaviors of another 
through the conscious or unconscious induction of 
emotional states and behavioral attitudes (Schoenewolf, 
1990). Initially, emotional contagion was primarily 
observed and researched in face-to-face interactions 
(Barsade, 2002), but later research demonstrated that it 
also emerges via text-based computer-mediated 
communication (Guillory et al., 2011). 

As expressing thoughts or emotions and sharing life 
moments on social media becomes more common, 
emotional contagion could emerge from user-generated 
content, potentially influencing others’ feelings and 
thoughts. Studies have highlighted this effect. For 
instance, through a 20-years longitudinal study, Fowler 
and Christakis (2008) indicated that emotions could be 
transmitted via social networks and have long-term 
effects. Kramer et al. (2014) conducted an experiment 
on Facebook, showing that exposure to emotional 
content influenced users’ posting behaviors–leading 
them to share content consistent with the emotions they 
were exposed to. They manipulated participants’ social 
media feeds from their contacts to reflect either more 
positive or negative emotions based on the valence of 
words in the posts. The results showed that people 
generated fewer positive posts when positive 
expressions were reduced (similarly for negative 
treatment), indicating that emotions expressed by others 
on Facebook could influence viewers’ emotions and 
behaviors. Further evidence of emotional contagion 
comes from Ferrara and Yang (2015). By observing 
users’ activity and the stimuli they were exposed to from 
the Twitter stream over a week, their study showed that 
exposure to more negative content led to the production 
of more negative posts, while exposure to positive posts 
resulted in sharing more positive content. Building on 

these empirical findings of emotional contagion, we 
hypothesize the following: 

Hypothesis 1A: Viewers will experience positive 
emotions when exposed to unknown users’ positive 
emotions expressed in their social media posts about 
their lives; 

Hypothesis 1B: Viewers will experience negative 
emotions when exposed to unknown users’ negative 
emotions expressed in their social media posts about 
their lives. 

2.2. Insta-Life vs Real-Life Comparison 

When the Internet was in its infancy, online 
socialization primarily occurred through text-based 
communication, allowing users to maintain anonymity. 
This anonymity fostered an online disinhibition effect, 
enabling people to explore what they perceived as their 
"real selves" and express themselves more openly (Suler, 
2004). Yet, as technology and social networking 
platforms rapidly advanced, photo sharing emerged as a 
dominant feature of social media, and the online 
environment is becoming increasingly open, facilitating 
connections with both publicly known and unknown 
people (Gündüz, 2017). In navigating this evolving 
landscape, social media users began to craft pseudo-
identities through profile pictures and statuses that often 
did not reflect their natural lives (Marwick & Ellison, 
2012). Research shows that users tend to selectively 
present the best moments of their lives or post images 
that match their ideal lifestyle, particularly on platforms 
like Instagram, where people appear to lead seemingly 
more glamorous bodies and lives (Chua & Chang, 2016; 
Dumas et al., 2017). 

Many researchers have explored the consequences 
of viewing insta-style (idealized) versus real-style 
(realistic) posts. A report by Kantar (2019) noted a 10% 
increase from 2017 to 2018 in the number of people 
attributing their negative emotions to others’ displays of 
happiness. Empirical studies further support these 
observations. Mills et al. (2018) confirmed that viewing 
retouched selfies negatively affected women’s mood 
and feelings of physical attractiveness. Fardouly and 
Rapee (2019) found that viewing made-up selfies 
directly decreased young women’s satisfaction with 
bodily appearance and heightened their motivations to 
change their looks. Likewise, Tiggemann and Zinoviev 
(2019) showed that viewing enhanced images–those 
featuring makeup and digital alterations–led to greater 
facial dissatisfaction than viewing unenhanced images. 
In another study, Tiggemann and Anderberg (2019) 
focused on “Instagram vs reality” images, using paired, 
two-side images found under the Instagram hashtags 
#instagramversusreality and #instagramversusreallife. 
They compared the effects of viewing paired, idealized, 

Page 2288



and realistic images on women's body dissatisfaction, 
and concluded that viewing paired sets or realistic 
images decreased body dissatisfaction than exposure to 
idealized images. 

The dissatisfaction observed in users' reactions can 
be explained through social comparison theory, first 
posited by Festinger (1954). According to Festinger, 
individuals seek to learn about themselves by the 
information gathered from others, inevitably engaging 
us in self-evaluation that often involves comparing 
ourselves to others perceived to be better off (upward 
comparison) or worse off (downward comparison). 
These comparisons determine one’s own social and 
personal worth, influencing emotions, behaviors, and 
overall self-esteem. This effect is amplified on social 
media, where users are constantly exposed to others’ 
curated content. Turkle (2011) noted that exposure to 
the happiness of others in online social networks can 
produce an “alone together” effect, potentially leading 
to depression. Previous literature also indicates that 
viewing idealized representations of others’ lives on 
social media often results in upward comparisons, 
where individuals compare themselves to those who 
appear better off. This can lead to feelings of jealousy, 
envy, inadequacy, and decreased self-esteem, as well as 
a greater likelihood of believing that others are having 
happier lives than oneself (Chou & Edge, 2012; 
Feinstein et al., 2013). 

While many studies have investigated the impact of 
idealized posts on viewers’ perceptions, the majority 
were on facial and body satisfaction, with subjects being 
women, or on life comparisons within people’s real 
social circles. Few studies have explicitly measured life 
satisfaction and social comparison under comparative 
exposure to idealized versus realistic life posts among a 
general population. In addition, users frequently 
encounter and browse posts from unknown people on 
platforms like TikTok, Little Red Book, or Instagram 
Explore Page, which may also affect their perceptions 
on life and themselves. While it has been noted that 
people with more Facebook “friends” whom they do not 
personally know agreed more on that others are living 
better lives (Chou & Edge, 2012), little is known about 
the consequences of social comparisons between people 
who are not acquainted in real life. Thus, this study aims 
to extend the literature by examining whether insta-style 
or realistic life posts from unknown users affect viewers’ 
life satisfaction and self-evaluation. We hypothesize 
that: 

Hypothesis 2A: Viewing insta-style (idealized) life 
posts from unknown users will decrease viewer’s level 
of life satisfaction and self-evaluation; 

Hypothesis 2B: Viewing real-style (imperfect) life 
posts from unknown users will increase viewer’s level 
of life satisfaction and self-evaluation 

2.3. Self-Disclosure & Self-Presentation 

Self-disclosure, defined by Jourard (1971) as the 
“act of revealing personal information to others”, serves 
as a window for individuals to express their feelings, 
ideas, and opinions to others. Oftentimes, self-
disclosure reflects one’s true self, regardless of one’s 
public image (Schlosser, 2020). On the contrary, self-
presentation, as defined by Schlenker & Wowra (2003), 
is the “goal-directed activity of controlling information 
to influence the impressions formed by an audience.” 
Although these theories originated in face-to-face 
communication, the discussions have increasingly 
shifted to encompass digital media platforms, 
particularly social media (Choi & Bazarova, 2020). The 
hyper-personal model of computer-mediated 
communication posits that online contexts can often 
lead to more socially desirable interactions than face-to-
face communication, largely due to the concept of 
selective self-presentation (Walther, 2007). Walther 
argued that individuals have greater control over how 
they present themselves online as they can carefully 
curate the information they share. This selective self-
presentation enables people to highlight positive 
attributes while downplaying or omitting less favorable 
aspects, often resulting in idealized impressions that 
may not fully reflect reality.  

Online, especially on social media, traits such as 
anonymity make it easier to be open about one’s true 
self (Joinson, 2001). However, social media platforms 
tend to favor a non-anonymous style that encourages 
profile creation and selfie sharing (Boyd, 2015). This 
trend may drive users to present an idealized version of 
themselves and filter out negative aspects to maintain a 
favorable online image (Lin & Utz, 2015; Reinecke & 
Trepte, 2014). 

A significant body of research has explored the 
motivations behind self-disclosure on social media, 
particularly how users strategically manage their self-
presentation across platforms. Bazarova and Choi (2014) 
contributed to this discourse by introducing the 
functional model of self-disclosure, developed through 
analyzing students’ Facebook updates, wall posts, and 
private messages. This model holistically illustrated 
how individuals adapt their communication strategies to 
fulfill interpersonal needs while considering the unique 
characteristics of the platforms they engage with. For 
relationships between self-disclosure and psychological 
well-being, Luo and Hancock (2020) proposed a bi-
directional dynamic, suggesting that these two factors 
influence each other reciprocally. This mutual 
relationship is often intertwined with peer influences, 
especially among adolescents who use self-presentation 
to establish their own identities (Mascheroni et al., 
2015). Chua and Chang (2016) further highlighted the 
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connection between peer comparison and self-
presentation among teenage girls, showing how peers 
reinforce beauty standards. Moreover, research 
indicates that the asynchronism of social media allows 
users to curate their online image to appear more social 
and popular, and the need for popularity has been 
pointed out to be a strong predictor of SNS use (Zywica 
& Danowski, 2008; Utz et al., 2012). 

Previous studies have emphasized the impact of 
self-disclosure and self-presentation within peer groups 
and social connections on social media. Our study aims 
to expand the scope of research to the influence of 
unknown users. Specifically, we seek to investigate 
whether positive and negative social media feeds from 
unknown users elicit variations in viewers’ own self-
disclosure behavior about depicting their lives. 

Hypothesis 3A: Viewers are more likely to present 
positive moments in an environment filled with 
glamorous life posts from unknown users; 

Hypothesis 3B: Viewers are more likely to disclose 
negative moments in an environment filled with flawed 
life posts from unknown users. 

3. Methods 

3.1. Study Procedure 

The study utilized the Amazon Mechanical Turk 
(MTurk) platform. After providing informed consent, 
participants completed some general questions about 
their social media habits, such as the platforms they use 
and the time spent per day. The measurement of their 
motivations for using social media was adapted from 
Seidman’s (2013) research, focusing on belongingness 
and self-presentation. Participants were then randomly 
assigned to one of three experimental conditions (Insta, 
Neutral, Harsh), where they browsed 14 Instagram posts 
presented in a randomized order (details in 3.3). 
Afterward, participants completed a self-evaluation 
assessing their current mood, level of life satisfaction, 
and social self-perception, explicitly noting “after 
exposure to the stimuli”. They also indicated their 
willingness to post certain types of content after seeing 
the stimuli (details in 3.4). Since the posts were from 
unknown users outside participants’ real social circles, 
we asked whether participants actually thought about 
and compared their own lives while viewing the posts, 
ensuring their psychological connections to the posts as 
a basis for the evaluations they provided. Finally, 
demographic information was collected. A question was 
inserted to check attention. The protocol was approved 
by the university’s Institutional Review Board (IRB). 

3.2. Study Samples 

We initially distributed 600 online questionnaires, 
with 588 participants starting our experiment. To 
enhance the reliability of our data, we implemented a 
data pre-processing protocol that excluded responses 
that were incomplete, failed attention check, completed 
in unreasonable times, and exhibited highly repetitive 
responses across Likert scale items. After screening, 499 
valid responses remained for analysis. A power analysis 
with α = .05, power = .80 suggested that our sample size 
was sufficient to detect necessary effects in our model. 

The final study sample was distributed across the 
“Insta-life” condition (n = 165), the “Neutral-life” 
condition (n = 168), and the “Harsh-life” condition (n = 
166). Participants ranged in age from 20 to 70 (M = 
36.47, SD = 9.84), with 33.0% males and 67.0% females. 
As a prerequisite, all participants had to use at least one 
social media platform. Among our sample, Facebook 
was the most popular site (89.0%), followed by 
Instagram and Twitter (both 81.1%). For daily time 
usage on social media, 77.0% of participants reported 
spending over half an hour, with 20.7% indicating over 
two hours of daily usage. All participants reported high 
psychological connections when viewing the posts, with 
M = 5.48 (SD = 1.49) for thinking about and M = 5.37 
(SD = 1.65) for comparing their own lives to those in the 
posts (1 = no thought / no comparison, 7 = a lot of 
thoughts / a lot of comparisons). 

3.3. Study Materials 

3.3.1. Pilot Test. To select suitable social media posts 
representing different life scenarios for the main 
experiment, we initially utilized Instagram hashtags to 
identify relevant life posts from public profiles. To 
ensure diverse representation and avoid bias towards 
single themes (e.g., only about food), we sought posts 
that showcased various aspects of life across four main 
themes: lifestyles (e.g., food, pet, fitness, travel), 
relationships (e.g., kids, partners), careers (e.g., study, 
work), and activities (e.g., cooking, painting). Posts 
depicting idealized life scenarios with positive 
sentiments were sourced using hashtags such as 
#lifeisgood, #goodvibes, #happyweekend, #familytime, 
while those portraying imperfect life with negative 
sentiments were from hashtags like #hardtimes, #alone, 
#frustrated, #tired, etc. A total of 60 posts were selected, 
with 30 in each type. To verify whether people's 
perceptions of these selected posts aligned with our 
understanding, we embedded these 60 posts into a pilot 
survey and conducted a manipulation check to increase 
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internal validity. Participants were instructed to review 
the post content (e.g., caption, image, hashtags) and rate 
the valence of each post on a 5-point Likert scale (1 = 
negative, 5 = positive). The 60 posts were presented in 
a randomized order. 

The pilot sample (n = 45) was recruited through the 
Prolific platform and snowball sampling, consisting of 
40.0% males and 60.0% females. The average age of the 
sample was M = 25.00 (SD = 4.17), with the majority 
being White/Caucasian (60.0%) and Asian (17.8%). 
First, a t-test was conducted to compare the scores 
between the two types of posts. The results revealed a 
significant difference between the positive set (M = 4.23, 
SD = 0.22) and the negative set (M = 2.30, SD = 0.49), 
p < 0.001. To further ensure the posts could be perceived 
as intended, we used the quartiles as threshold to 
eliminate those with poor scores. Consequently, seven 
positive posts with scores in the lowest quartile (< 4.22) 
and eight negative posts with scores in the highest 
quartile (> 2.59) were excluded as they were closer to 
neutral and thus less representative. 
3.3.2. Stimulus Establishment. Given that the verified 
posts from the pilot study (23 positive, 22 negative) 
covered various aspects of life, different content 
proportions could cause confounding effects. For 
example, the positive set might be dominated by fitness 
while the negative set may contain more work-related 
posts. To address this, we intentionally sought pairs of 
positive and negative posts on the same theme within 
the verified sets to balance the content proportion. We 
also prioritized pairs with similar scene settings or 
components to minimize potential confounders. As a 
result, 14 paired posts were selected as the final material 
(see examples in Figure 1). 

Subsequently, three sets of Instagram feeds were 
constructed from this material to serve as stimuli for the 
between-subject experiment: 1) “Insta-life”–all 14 
positive posts, aimed at creating a glamorous social 
circle with all the good things happening around such as 
posts on healthy diets, lovely kids, or achievements; 2) 
“Harsh-life”–all 14 negative posts, portraying 
downsides of others such as messy homes, failures, and 
frustrations; 3) “Neutral-life”–a random selection of 
seven out of the 14 paired posts (seven positive, seven 
negative), representing a balance of positive and 
negative life moments that more resembles daily 
experiences. We obscured the actual profile photo, 
profile name, location, number of likes, and comments 
with color blocks to exclude these factors as 
confounders (see Figure 1). Moreover, as Instagram’s 
browsing pattern involves scrolling down, we imitated a 
vertical post layout for this study. The 14 posts in each 
set under all three conditions were randomly ordered 
and presented to the participants. 

Figure 1. Example of paired posts in Activities: 
Cooking - positive (left), negative (right). 

3.4. Measurement 

Participants’ moods were assessed using a 5-point 
Likert scale (1 = extremely unhappy, 5 = extremely 
happy). Level of life satisfaction (LS) was measured 
using the Satisfaction With Life Scale (Diener et al., 
1985) on a 7-point Likert scale, examples include ‘‘In 
most ways, my life is close to my ideal” and ‘‘The 
conditions of my life are excellent”. Participants’ social 
self-perception (SSP) was evaluated using Allan and 
Gilbert's (1995) Social Comparison Scale consisting of 
11 bipolar constructs on a 10-point scale, sample ratings 
range from “Incompetent” to “More competent” or from 
“Undesirable” to “More desirable”. 

Measuring posting choice was inspired by Kramer 
et al. (2014) that researched how feeds affect viewers’ 
posting behavior. To better align with our focus on daily 
life and our stimuli structure, we simplified the 
measurement to selections of pre-set posting options 
rather than analyzing the percentage of targeted words 
in freely posted content. Participants were presented 
with eight pre-set posting choices in random order and 
asked to rate their willingness to subsequently post each 
after viewing the stimuli on a 5-point Likert scale. These 
options contained the same four themes as the stimuli, 
with one positive and one negative choice per theme. 
Sample statements include “Something that you tried 
and finished successfully in daily life which made you 
happy and proud” as “Activities - positive” and 
“Tiredness or annoyance from your study/work” as 
“Career - negative”. For the analysis, we separately 
summed the willingness scores for sharing the four 
positive posting choices (PPC) and the four negative 
posting choices (NPC). 
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3.5. Data Analysis 

Our statistical analyses were conducted using R 
software and followed a multi-step approach to assess 
the impact of the experimental stimuli. We began by 
gaining an overview of the data (mean and SD) across 
conditions for each measurement. Next, we performed a 
Multivariate Analysis of Covariance (MANCOVA) to 
examine the effect of the stimuli (i.e., positive, neutral, 
negative sets) on the measurements. Since previous 
studies have shown that daily time spent on social media 
and motivations for using it can affect individuals’ 
feelings and behaviors on social media (e.g., Kross et al., 
2013; Bareket-Bojmel et al., 2016), we included these 
two factors, along with demographics, as control 
variables in our MANCOVA analysis to account for 
potential confounding effects and provide detailed 
contextual conditions. 

The results revealed significant differences across 
experimental conditions for several measurements. To 
further explore specific differences between groups, we 
conducted post-hoc analyses using the `emmeans` 
package in R. This approach provided estimated 
marginal means and pairwise comparisons, offering 
clear insights into condition differences and aiding in 
the interpretation of the results. 

4. Results 

Table 1 displays the MANCOVA results, detailing 
the effects of both the measurements and the control 
variables. The results indicated significant differences 
across experimental conditions for participants’ mood 
(F = 8.16, p < 0.001), level of life satisfaction (F = 4.43, 
p = 0.012), level of social self-perception (F = 6.76, p = 
0.001), and tendency to post negative content (F = 3.21, 
p = 0.041). Table 2 illustrates the results of the post-hoc 
comparisons following the significant differences 
observed in the MANCOVA test. 

From the mood scores in Table 2, we see that the 
“Insta-life” condition did not significantly differ from 
the “Neutral-life” condition (p = 0.761). However, 
participants’ moods were significantly worse in the 
“Harsh-life” condition (p = 0.004), and even more so 
when compared to the “Insta-life” condition (p = 0.001). 
This variance suggests that being immersed in positive 
life posts did not affect people’s moods much, whereas 
browsing negative life posts significantly worsened 
their moods. 

Regarding life satisfaction, the “Insta-life” feeds 
did not significantly affect participants’ life satisfaction 
compared to the “Neutral-life” condition (p = 0.996) 
(see Table 2). Yet, participants in the “Harsh-life” 
condition reported significantly lower levels of life 
satisfaction compared to both the “Neutral-life” 

condition (p = 0.032) and the “Insta-life” condition (p = 
0.036). Since participants reported frequent reflection 
and comparison of their own lives when viewing posts, 
this discrepancy suggests that exposure to negative life 
posts from others significantly reduced participants’ 
own life satisfaction. 

The social self-perception data in the Insta, Neutral, 
and Harsh groups decreased sequentially (see Table 2), 
but the difference between the Insta and Neutral groups 
failed to reach significance (p = 0.569). In contrast, 
significant differences were found between the Neutral 
and Harsh groups (p = 0.032) and the Insta and Harsh 
groups (p = 0.005). This dissimilarity indicates that 
positive life posts exert little influence on viewers' 
perceptions of their social rank, while negative life posts 
from others decrease viewers' level of self-evaluation in 
social environments. 

 
Table 1. MANCOVA Results (F-value) for Main 

Measurements and Control Variables. 
 Mood LS SSP PPC NPC 
Condit 
-ion 

8.16*** 4.43* 6.76** 0.84 3.21* 

Age 0.55 3.15 0.29 1.30 23.93*** 

Gender 5.92* 0.57 0.32 8.69** 0.61 

Edu 6.12*** 20.37*** 20.55*** 13.55*** 27.45*** 
DTU 3.18 2.78 2.38 22.74*** 0.30 

Motiv 1 81.05*** 154.49*** 306.32*** 371.07*** 309.50*** 
Motiv 2 54.57*** 36.73*** 63.91*** 24.24*** 190.04*** 
Note. LS = Life Satisfaction; SSP = Social Self-Perception; 
PPC = Positive Posting Choices; NPC = Negative Posting 
Choices. DTU = Daily Time Usage on Social Media; Motive 
1 = Belongingness; Motive 2 = Self-presentation. *p < .05, **p 
< .01, ***p < .001. 
 

Table 2. Post-hoc Results for Measurements. 
 Mood LS SSP PPC NPC 
Adjusted Mean      
    Insta 4.31 27.0 83.9 15.7 13.9 

    Neutral 4.25 27.0 82.4 15.7 13.7 

    Harsh 3.92 25.3 77.7 15.5 13.2 
Mean Difference      

    Insta vs. Neutral 0.06 0.04 1.43 0.02 0.16 
    Neutral vs. Harsh 0.34** 1.73* 4.75* 0.19 0.50 

    Insta vs. Harsh 0.39** 1.78* 6.18** 0.22 0.66 

Note. *p < .05, **p < .01, ***p < .001. 
 
In terms of posting choices, Table 2 shows that 

although the willingness to share positive or negative 
posts varies among the three groups, none of these 
differences were significant. For sharing positive posts, 
the p-values for Insta~Neutral, Neutral~Harsh, and 
Insta~Harsh were 0.994, 0.819, and 0.793, respectively. 
The willingness to share negative posts also did not 
show significant patterns: Insta~Neutral (p = 0.839), 
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Neutral~Harsh (p = 0.374), and Insta~Harsh (p = 0.210). 
These results suggest that different types of life feeds 
from other unknown users did not significantly affect 
viewers’ subsequent posting choices. 

It is worth noting that the MANCOVA analysis 
informed a significant difference among conditions for 
posting negative content. However, post hoc results did 
not reveal significant differences between condition 
pairs (p > 0.05). This discrepancy may be due to the 
adjustments for multiple comparisons in the post hoc 
tests and the relatively small effect sizes observed in the 
pairwise comparisons. 

We also considered all participants together and 
conducted a t-test on their overall likelihood of posting 
positive and negative content, regardless of the stimuli 
set they viewed. The result revealed a significant 
difference, with participants more inclined to share 
positive posts (M = 15.35, SD = 3.69) than negative ones 
(M = 13.61, SD = 4.45) (p < 0.001). 

5. Discussions 

5.1. Findings and Theoretical Implications 

This research investigated how social media posts 
from unknown users affect viewers' mood, life 
satisfaction, self-evaluation, and subsequent posting 
propensity. We constructed three conditions of social 
media life feeds using publicly sourced posts depicting 
various aspects of life: an “Insta-life” condition with 
entirely positive sentiments and life posts, a “Harsh-
life” condition with all flawed life posts and negative 
sentiments, and a “Neutral-life” condition with mixed 
life scenarios and sentiments. A major finding was that 
exposure to the “Harsh-life” set significantly lowered 
participants’ mood compared to the “Insta-life” and 
“Neutral-life” conditions. While “Insta-life” posts did 
not notably improve mood, contrary to Hypothesis 1A, 
the negative effect of the “Harsh-life” posts supported 
Hypothesis 1B, aligning with the concept of emotional 
contagion and showing the emotion transmission in 
social networks (Schoenewolf, 1990; Fowler & 
Christakis, 2008). Contrasting with studies stating that 
negative emotions could stem from seeing others’ 
happiness or idealized selfies through social comparison 
(Kantar, 2019; Fardouly & Rapee, 2019), our results 
indicated a different dynamic: emotional contagion 
outweighed social comparison when viewing negative 
life posts from unknown users because participants 
reported negative feelings after seeing others’ negative 
posts rather than feeling better off. Emotional contagion 
implies that individuals are more likely to absorb and 
reflect the mood of the content they view, with negative 
emotions exerting a greater impact on viewers’ moods 
and overall psychological state (Ferrara & Yang, 2015). 

Since the congruent effects in both positive and negative 
emotional contagion were not met, we speculate that this 
may be attributed to the weak emotional bonds with 
unknown users. In the light of Fan et al., (2018), 
negative emotions such as anger are more easily 
transferred between weaker ties on social media than 
positive emotions like joy. Our research supported this 
finding: while the Insta set failed to enhance mood, the 
negative emotions expressed in the Harsh set directly 
and powerfully lowered participants’ moods. In further 
studies, it would be worthwhile to compare the effects 
of emotional contagion and social comparison between 
close ties and weaker ties on social media to better 
understand how relational closeness influences the 
transmission of emotions online. We also infer that the 
social media environment’s predisposition towards 
positive emotional expressions likely diminishes the 
observable impact of positive content, thereby limiting 
the confirmation of significant effects in this context. 
Goldenberg and Gross (2020) noted people’s tendency 
to express positive emotions more than negative ones on 
social media, and positive words were more frequently 
detected (46.8%) in the analyzed posts than negative 
words (22.4%) on Facebook (Kramer et al., 2014). The 
design of social media platforms also contributes to this 
expression of positivity–such as the common existence 
of “like” buttons without corresponding “dislike” 
buttons. Due to this inherent positive bias, the effects of 
positive emotional contagion may be less salient or 
more challenging to detect, as the baseline mood on 
social media is already skewed towards positivity. 

The study also investigated the influence of 
different types of social media life feeds on life 
satisfaction and social self-evaluation. Prior research 
suggested that viewing idealized selfies can decrease 
satisfaction with one’s appearance (Fardouly & Rapee, 
2019; Tiggemann & Zinoviev, 2019), and exposure to 
others’ happy lives can lead to negative comparisons 
(Chou & Edge, 2012; Feinstein et al., 2013). However, 
our findings diverged from these conclusions, rejecting 
Hypotheses 2A and 2B. In contrast to our expectations, 
participants who viewed idealized life posts did not 
report significantly different levels of life satisfaction 
from those in the neutral condition, instead, life 
satisfaction was notably lower among those who viewed 
negative posts. A similar trend emerged in social self-
evaluation, where only negative life posts from others 
resulted in decreased self-evaluation and lower 
perceptions of social rank. Since participants actively 
recalled and compared their own lives while browsing 
the posts, we speculate that this phenomenon may be 
linked to reminders of their personal life experiences. 
Emotional contagion suggests that the negative content 
can evoke empathy that may prompt participants to 
recall similar personal experiences while browsing 
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others’ life scenes and emotions. That is to say, exposure 
more to negative posts may remind them more of their 
negative life experiences, affecting how they evaluate 
their own lives and perceive their social standing. 
According to the negativity bias (Baumeister et al., 
2001), negative information tends to have a stronger 
impact, making it more memorable and easier to recall. 
This bias may help explain why negative posts had more 
pronounced effects in our experiments while positive 
posts did not elicit the same effect. 

Another aspect of our research explored the impact 
of feeds from unknown users on people’s subsequent 
posting behaviors. Previous studies primarily focused 
on peer influence in social circles with acquaintances, 
suggesting that peer comparison can increase self-
presentation on social media (i.e. post positive aspects 
of oneself) (e.g., Mascheroni et al., 2015; Chua & 
Chang, 2016). As current social media platforms 
increasingly feature posts from unknown users (e.g., 
TikTok, Little Red Book, Instagram Explore Page), we 
specifically probed how these environments influence 
people’s posting behavior. Building on prior literature, 
we hypothesized that idealized life posts from unknown 
users would trigger social comparison, encouraging 
people to post more ideal life moments (i.e., more self-
presentation), while those being exposed to harsh life 
posts would be more likely to share their imperfect or 
frustrating life moments (i.e., more self-disclosure). 
However, our results displayed no significant difference 
in subsequent posting behavior after viewing either the 
“Insta-life” set or the “Harsh-life” set from unknown 
users, which did not support Hypotheses 3A and 3B. We 
surmise this inconsistency may be due to the source of 
the posts. Prior research on the behavioral consequences 
of emotional contagion and the self-presentation on 
social media has largely involved individual’s real 
interactions or memories with their social connections, 
our results suggest that these phenomena may be less 
likely to occur in environments devoid of real 
acquaintances. This could be because the need to curate 
self-images or integrate into group’s emotions is less 
pressing when interacting with strangers. Despite 
finding no significant differences in sharing likelihood 
across the groups, we still found that people were 
generally more inclined to post positive posts on social 
media. This aligns with research indicating that people 
prefer to present their positive sides (e.g., Lin & Utz, 
2015) and this tendency persists when facing strangers. 

5.2. Practical Implications 

While previous studies have depicted the negative 
impacts of "Insta-life" style posts and the need to 
enhance self-awareness and mitigate social comparison, 
they have primarily concentrated on content from 

acquaintances. Yet, in today's social media landscape, 
the content people encounter is highly likely generated 
by individuals outside their immediate social circles. 
Our study approached this gap by examining feeds from 
unknown users, offering nuanced perspective on the 
effects of posts. In contrast with earlier concerns and 
suggestions on "Insta-life" style posts, we discovered 
that the impact of idealized posts is moderated if from 
unknown users. Specifically, "Insta-life" posts with 
positive sentiments from strangers had little impact on 
participants under a short-term effect, but “Harsh-life” 
posts with negative sentiments markedly worsened 
mood, life satisfaction, and self-evaluated social rank. 
Still, although exposure to different types of social 
media content can influence individuals’ internal states, 
it may not necessarily translate into changes in their 
outward behavior on social media. Taken together, our 
findings suggest that when people view life posts from 
users outside their social circle, the observed short-term 
phenomenon is more akin to emotional contagion 
(seeing others in sad lives makes viewers feel sad) and 
a reminder of similar personal experiences, rather than 
social comparison (seeing others in happy lives makes 
viewers feel sad). Hence, the public or platforms should 
not solely focus on "Insta-life" posts but also on 
negative content. Platforms should prioritize their 
attention to the recommendation and screening 
mechanisms for negative content, as these could be the 
root cause of potential problems such as detrimental 
effects on users' emotions and self-evaluations. 

Our study contributes to the experimental literature 
on the effects of social media feeds, particularly 
regarding the “Insta-life” style images, on people’s 
evaluations of their lives and themselves. The findings 
provide insights into the evolving dynamics of social 
media, where connections extend beyond real friends to 
include unacquainted users. This carries important 
implications for stimulating discussions about the social 
media environment. The implications could be used to 
prompt guidelines for recommendation mechanisms and 
content sharing, aiding social media platforms in 
developing related strategies that promote healthier 
online interactions and user well-being. Further research 
is recommended to explore this topic deeper and 
validate our conclusions, which would help ensure a 
comprehensive understanding of the long-term impacts 
of social media feeds shared by individuals with varying 
social relationships to the viewers (e.g., friends vs. 
unknown users). 

5.3. Limitations and Future Directions 

Our study has several limitations that open avenues 
for future research. One limitation is the artificial 
presentation of stimuli rather than within a real social 
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media environment. Although we used real images from 
public Instagram accounts to ensure ecological validity, 
the vertical stitching of posts to simulate browsing 
patterns may remind them of being in an experiment and 
affect their perceptions. Additionally, the life elements 
chosen for the stimuli– lifestyles, relationships, careers, 
activities–might not fully capture the complexity of life 
experiences. We also removed identifiable information 
from the stimuli to mitigate bias from factors like the 
number of likes or profile pictures, which may have 
compromised authenticity. Future studies could employ 
a more realistic social media simulator to create an 
immersive browsing experience and incorporate a 
broader range of life themes to enhance the credibility 
of results. 

Another limitation is the reliance on participants’ 
choice data to analyze subsequent posting behavior, 
which may have been influenced by guided thinking and 
subjective factors and may not be fully consistent with 
their actual behavior. A content analysis of participants' 
freely posted content could provide more unbiased 
insight. We also only measured short-term reactions 
after a single and brief exposure to the feeds. Future 
studies could explore the effect of prolonged or 
cumulative exposure to better understand how these 
influences manifest over time. In addition, our Neutral 
condition created by randomly selecting seven out of the 
14 paired posts to balance the content valence, did not 
show significant differences compared to the Insta 
condition. This suggests a need for closer examinations 
of how to construct a “Neutral-life” that accurately 
captures the nuanced “realness” in social media. 

Moreover, while we sampled general adults, other 
age groups (e.g., adolescents, older adults) should also 
be considered to understand how different age groups 
respond to the experimental conditions. Lastly, our 
study primarily used a quantitative approach. Future 
investigators could complement these findings with 
qualitative methods to uncover the underlying reasons 
for the observed effects. 
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